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1 | INTRODUCTION

After decades of disinvestment and population decline, several areas of northern Sweden are now attracting large-
scale industrial investments, such as wind farms, battery factories, and underground mines. The Norrbotten and
Vasterbotten Chambers of Commerce have estimated that the area will receive close to SEK 1000 billion in new
investments over the next two decades. If realized, the region will need an estimated 100,000 additional inhabitants
in the next ten years to meet the anticipated increased demand for labor, a population growth of about 20%
(Larsson, 2022). A large share of these jobs will be created in the manufacturing industry. Such large investment rela-
tive to the regional economy is expected to have a long-term positive effect on regional employment, but large
investment could also crowd out incumbent activities. Depending on the existing industrial structure, the path-
dependent character of investments may hinder rather than facilitate regional development. However, there is scant
knowledge of the effects of a relatively large industrial investment on employment, especially in sparsely populated
areas, perhaps because such investments are extremely rare and therefore not easily analyzed using standard econo-
metric techniques that require several treated regions.

Although industrial investments of the magnitude described above do not occur very often, it is possible to learn
from the effects of previous—though in absolute terms smaller—industrial investments in small and remote labor
markets. This article analyzes the effects of a relatively large industrial expansion in the manufacturing industry on
employment. This expansion took place in a remote and sparsely populated area of Sweden in 2004 and created
approximately 300 new jobs (accounting for roughly 4.9% of regional employment that year). Typically, the regional
effects of a labor-demand shock are analyzed using the multipliers an investment may bring to the region in relation
to growth and/or decline in other activities (Moretti, 2011). It is fairly well established that the skill content of new
jobs typically produces greater regional multipliers (Moretti & Thulin, 2013). However, the literature seldom con-
siders the role of broader regional endowments. In one of the few exceptions, Giroud et al. (2021) showed that large
and densely populated regions are more likely to benefit from large investments than are smaller regions due to the
diversity of actors and the presence of multilocational firms. Similarly, Greenstone et al. (2010) found that the arrival
of a 'million-dollar plant' in large agglomerations increases the total factor productivity of incumbent plants that share
workers and use similar technologies. This raises the question of whether small and peripheral regions benefit from
large establishments and if they should even compete for large industrial investments.

The article estimates whether and to what extent this investment affected employment in the region. Because
an expansion in one part of the local economy could spread unevenly, total employment is classified into same and
related industries, building on the premise that local sourcing of skills is dependent on the embeddedness of the
entry into skill-related activities (Neffke & Henning, 2013). This also allows us to scrutinize whether or not a large
industrial investment can spark a new development path by allowing the region to branch into related activities
(cf. Neffke et al., 2018). The focus on investment in the manufacturing industry is motivated by the fact that local
policymakers, especially in declining and sparsely populated areas, often aim for these types of investments to
increase employment and secure a local tax base. Furthermore, planned investments in the north of Sweden are
mainly in the manufacturing industry and, in many cases, target the same type of labor.

To address this, the synthetic control method (SCM), first introduced by Abadie and Gardeazabal (2003) and
later elaborated upon by Abadie et al. (2010, 2015), is used to estimate causal place-specific effects. SCM also allows
a discussion of both short- and long-term effects, which are relevant when analyzing the regional effects of this type
of investment. The analysis is based on aggregated microdata covering Swedish functional labor markets from 1995
to 2019 provided by Statistics Sweden (SCB). The remoteness of the treated area makes it well suited to this type of

analysis as potential influences from other regions are unlikely.
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The findings suggest that the investment actually had a dampening effect on total regional employment com-
pared to the synthetic control group. This panned out differently in different segments, however, as employment in
the same and related activities initially declined and then grew over time. The latter mainly concerns activities related
to the focal industry that presumably share similar competencies. This signals the difficulties of managing a large
demand shock in economic peripheries due to local poaching but also that there is a potential for (related) diversifica-
tion in the longer run.

This article contributes not only to the existing literature on the regional effects of industrial investment but also
to the policy discussion regarding the effects of large industrial investment on employment. We complement previ-
ous studies on multipliers (e.g., Moretti, 2011) by applying SCM to estimate place-specific, rather than average,
casual effects, something that has not—to our knowledge—been done within this body of literature before. More-
over, the regional effects of a labor demand shock in small and remote areas are neglected in research but highly rel-
evant from a policy perspective since ways of stimulating growth in peripheral and often 'left behind places' are high
on the policy agenda (OECD, 2018; Pike et al., 2023). This is especially the case in the Swedish context, where local
governments in the north compete for green industry investments, while the returns on public investment in infra-
structure depend on the total and delineated employment effects.

The rest of this article is organized as follows: a brief background and literature review are provided in Section 2,
followed by a presentation of the econometric approach in Section 3. The dataset is described in Section 4, followed

by the results and concluding remarks in Sections 5 and 6, respectively.

2 | BACKGROUND AND LITERATURE REVIEW

The general long-run equilibrium models developed by Rosen (1979) and Roback (1982), later summarized and elabo-
rated by Moretti (2011), are frequently used as a point of departure when analyzing endogenous adjustments of fac-
tor prices and quantities resulting from a labor demand shock. These models rest on the assumptions that (1) each
location can be characterized as a competitive economy that produces a single traded good using labor, land, and
local amenities with a constant return-to-scale technology; (2) the indirect utility of workers depends on nominal
wages, the cost of housing, and local amenities; (3) each worker provides one unit of labor, and labor is homogenous
in skills and taste; (4) labor is perfectly mobile, and the labor supply is very elastic; and (5) land is an immobile factor
with a fixed supply (see Glaeser, 2008; Glaeser & Gottlieb, 2008). However, the general applicability of these models
on specific local labor markets is limited. For instance, small and peripheral regions tend to be characterized as
monopsonies (one or a few very large, dominating employers). In the short run, with limited in-migration and low
unemployment, greater demand for labor may lead to the poaching of existing labor and higher wages that, in turn,
may crowd out existing firms.

More detailed insights into the local effects of large investments can be given following the Canadian regional
science tradition, particularly regarding the staple thesis. Innis (1933, 1956), for example, claimed that a staple
resource-based development implies an economic injection into the periphery and a possibility to utilize, in that case,
a natural resource as a nucleus for the further development of civic society and the diversification of the labor mar-
ket. However, critics later highlighted that such export-led regional development seldom occurred (Gunton, 2003)
and that local control of production remained low (Hayter, 2003), hence, locking in peripheral single-industry towns
in a development path that is highly vulnerable to structural change. Similar processes have been identified by (for
example) Green et al. (2021), who found that firms in a manufacturing-oriented region, like Birmingham, are confined
in a low-wage trap, as their position in the global value chain provides limited scope for upgrading. This, in turn,
implies that the path-dependent character of investments may hinder rather than facilitate regional development.

Consequently, it is no surprise that previous empirical studies have shown mixed results regarding the local
effects of large investments. Giroud et al. (2021) demonstrated that the opening of a new 'million-dollar plant' raised
the productivity of incumbent plants by about 4%, but the benefits were unevenly distributed, with highly populated
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areas benefitting the most (see also Greenstone et al., 2010). Focusing on Walmart, Neumark et al. (2008) found that
an entry resulted in a 2.5% decrease in county-level retail employment and a 1.5% reduction in retail earnings, while
Basker (2005) showed that an entry increases employment in the year of entry, but half of these employment gains
disappear over the next five years as other retail establishments contract (see also Basker, 2007; Hicks, 2007, 2008;
Jia, 2008 for Walmart's additional entry effects). In a Swedish context, Daunfeldt et al. (2017) found that IKEA's
entry into some municipalities increased employment by about 17%, while Rudholm et al. (2022) showed mixed
regional effects, in which smaller regions generally benefitted more from an IKEA establishment than larger regions
(see also Hakansson et al., 2019).

Thus, these accounts all point to the fact that the real effects of investments cannot be assessed through
average multipliers as is often assumed in the literature. Instead, the specific geography and region-specific
endowments influence the impact of large investments. For example, when a new firm enters a new market, it
affects the local market's structure and primarily local firms operating in the same and related industries (Gourio
et al., 2016), especially if the entrant is large and part of a conglomerate (and thus relatively resourceful) (Neffke
et al., 2018). On the surface, we may assume that new large firms significantly increase employment and wages
as well as the sharing of knowledge and skilled labor. This line of thought can be traced to the agglomeration liter-
ature and the externalities of sharing, matching, and learning (see Duranton & Puga, 2004). However, new large
firms can also introduce challenges, such as increased competition for labor, increased pressure on wages and
rent, and endangering a competitive economic landscape. Although a large firm entering a region may initially
poach from other local firms, it is expected to increase the supply of labor in the long run, which can negatively
affect wages and inversely affect rent.

For successful development, the degree to which workers in existing (or declining) activities can partake in
new and developing activities is of central importance (Andersson et al., 2020). This is because structural change
in the economy is closely linked to the redistribution of jobs between occupations, industries, and regions, and the
ability to attract and retain workers and jobs (Eriksson et al., 2016; Martynovich & Lundquist, 2016). However, as
noted at the beginning of this section, the standard models often assume that labor is perfectly mobile and that
the supply of labor is very elastic. This is seldom the case in the real economy; both are influenced by both the
location (or distance to workers) and the type of firm. The literature discussing the regional impact of different
types of entrants provides some insights into the potential labor market channels at play by describing two main
types of entrants: firms that locate where industry is relatively underdeveloped or even absent (pioneer firms), and
firms that locate where the specific industry is well-represented (cluster firms). Using these typologies, Hausmann
and Neffke (2019) showed that, in Germany, pioneers are more likely to hire experienced workers from outside
the region and were confined to sourcing local workers without previous industry experience. Pioneer firms are
also more likely to hire a greater share of previously unemployed workers. This is an indication of the difficulty
associated with hiring more experienced workers in pioneer regions due to the relative shortage of suitable skills
but also that the demand shock requires recruitment in new domains among more peripheral labor market seg-
ments (see Coad et al., 2014 for similar findings on demand shocks in relation to high-impact firms). On the other
hand, the literature on industrial clusters clearly shows that competition for market shares and labor is high in
localized clusters (Delgado et al., 2010; Eriksson et al., 2008), implying that there is a risk of skills-poaching in the
case of a cluster entry if the new firm can offer higher wages than the existing local firms (Combes &
Duranton, 2006). In cases when the entry is more embedded in the region, local firms in similar and related indus-
tries employing workers with overlapping skills could be adversely affected by a new entry, especially if they
already have problems sourcing skilled labor. In essence, this could hamper a region's long-term development and
resilience when the necessary related diversity disappears (Eriksson & Hane-Weijman, 2017). Conversely, the
entry could also trigger a related diversification by reinforcing the cohesiveness of the regional capability base
(Neffke et al., 2018). Thus, the outstanding question, which the subsequent sections address, is whether a large
entry influences employment creation in other local firms or whether it leads to crowding-out effects, and which

segments of the regional economies are affected.
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3 | ECONOMETRIC APPROACH

The synthetic control method (SCM) has recently grown in popularity. The method was first developed by Abadie and
Gardeazabal (2003) and then elaborated upon by Abadie et al. (2010, 2015). SCM has been used for comparative studies
in different disciplines, for example, management (Birdsall, 2015), tourism (Belleville & Jolley, 2022), and economic his-
tory and economic development (Cavallo et al, 2013; Gilchrist et al., 2022; Hall et al, 2020; Mughan &
Propheter, 2017). Like the widely used difference-in-difference (DiD) technique, the basic idea behind SCM is to esti-
mate the treatment effect as the difference in the outcome variable of interest between the treated unit (region) and a
counterfactual untreated region. The counterfactual region is created by weighing potential control regions, that is,
untreated regions, such that the outcome of the control region and relevant covariates before the treatment have trajec-
tories similar to those of the treated region. The weighted averages of the untreated regions are then used to construct
a synthetic counterfactual for the post-treatment period. The observed post-treatment outcome for the treated region
is then compared to its synthetic counterfactual. Statistical inference and the robustness of the treatment effect are
often based on the placebo testing suggested by Abadie et al. (2010, 2015) and Gilchrist et al. (2022), respectively.

To fix ideas, let yﬁ“ be the outcome of interest that would be observed for region i=1,..,N at time t=1,...,T in
the absence of treatment. Region 1 is the only treated region. Let To be the number of pre-treatment periods with
1<To<T and let y’1t be the observed outcome for region i=1 in periods To+1 to T after being exposed to some
treatment in period To. Assume the treatment has no effect on y before the treatment such that y{f’:y!t for
te{1,.To} and ie{1,..,N}. It is further assumed that the outcome of the non-treated regions (or donors),
i€{2,...,N}, is unaffected by the outcome of the treated region. Denote by d;; an indicator of treatment where d;i =
1 fori=1andt> Ty, the observed outcome for region i at time t is

yie = YN+ (Vi — v ) die =y + aedli (1)

The aim is to estimate the treatment effect, @1, for t > To. From Equation (1), for dit =1, a1t =Yy}, — v}/, and
Vit :Y'n- As y’“ is observed, the challenge is to estimate the unknown y'fr’, the untreated outcome for region 1 for
t > To. In principle, the pre-treatment period is used as a training period to assess the predicted power on y’{’r’ of some
covariates using the pre-treatment period as a training period.

If yM! is given by the factor model
y{f’ =0t + 0z + Api +eir; 1 € {2,..,N} @)

where §; is a common factor, z; contains observed covariates not affected by the treatment, u; is a vector of
unobserved common factors, ¢;; is an error term with the usual properties, 6;, and A; contains unknown parameters

and factor loadings. Then, the challenge is to find weights w such that:

N N N N
DW= Oy Wizt Wil Y Wik (3)
Suppose we find w} such that Efizw,*y,»t =y Vte{l,..To} and Zfizwfz,- =2y, then
_ N,
A=y — Y. WV (4)

is a potential estimator of the treatment effect fort € {To+1,...,T}.
For estimation, denote by x; a vector of k pre-treatment characteristics of the treated region, and by X a matrix
of the same characteristics for the non-treated regions where x; and X may include pre-treatment values of y.! To

Note that X and X; may include fixed effects, which allow for unobserved time-invariant heteroscedasticity. The factor model employed by SCM
generalizes this to allow for the existence of nonparallel trends between the treated and untreated regions after controlling for observables.
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construct the synthetic control region, choose a vector w* = (w;,...,w,*\,)', Zgwf =1; w 20 to minimize the distance
X1 — Xw, which can be done using constrained quadratic optimization. Following Abadie and Gardeazabal (2003) and
Abadie et al. (2010), let xpn1 and Xpy2,....Xmn be the value of the m-th variable for the treated (region 1) and non-
treated regions (regions 2 to N) respectively, w* is chosen to minimize

k
[Ix1 — Xw|| = \/Z1V’”(X’"1 — WXm2=...-WNXm) (3)

where v, reflects the relative importance assigned to the m-th variable in this minimization. Typically, v is selected
to weight covariables in accordance with to their predictive power on the outcome. Given (w;,...,wf\,), the treatment
effect is estimated in accordance with Equation (4).

To evaluate the post-treatment relative to the pre-treatment fit, the root mean squared prediction error
(RMSPE) developed by Abadie et al. (2010) is used. For O<t; <t, <T and i€ {1,...,N}, let

_ 1 t; SN2
Rity,t2) = \/ (m Zq (yit —VYit ) (6)
where V,Q” is the predicted outcome on period t produced by the synthetic control. Then,

Ri(To+1,T)

TR To) )
measures the quality of the fit of a synthetic control for region i in the post-treatment period relative to the quality
of the fit in the pre-treatment period. For inference, the permutation distribution of r; is used.

Some of the assumptions underlying the validity of SCM in providing a plausible causal inference and interpreta-
tion of the impacts of the treatment merit special attention. First, as pointed out by Xu (2017), the treatment at the
time of its implementation must be independent of the outcome of interest in the pre-treatment period. In other
words, the treatment should have no prior impact on the outcome of interest because if it does, it is unlikely to pro-
duce a plausible representation of the impact of the treatment. Second, the donor pool of regions must not be
exposed to the same treatment as the treated region, at least during the same study period. As recommended by
Cao and Dowd (2019), regions in the donor pool exposed to the same or similar treatment are excluded to isolate
the impact of the treatment on the treated region. Third, the spatial correlation between the treated region and the
regions within the donor pool should be zero. This holds for both the outcome variable and the covariates.

When these assumptions are satisfied, SCM offers several advantages. First, SCM does not rely on the parallel
trend assumption necessary for DiD estimation, an assumption not easily verified. Second, SCM requires only one
treated unit, making it possible to estimate region-specific causal effects in contrast to average effects. Third, as
pointed out by Birdsall (2015), SCM offers an intuitive and transparent way to construct the counterfactual outcome
and, based on this, to estimate the treatment effect. Fourth, SCM enables a discussion of both short- and long-term
effects. Finally, one important key advantage of SCM is in dealing with the problem of endogeneity from omitted
variable bias due to the presence of unobserved time-invariant and time-varying factors that may affect the outcome
variable (Abadie et al., 2010, 2015). According to Abadie et al. (2015), unlike fixed effects and DiD, SCM helps con-
trol for both observed and unobserved time-varying and time-invariant factors affecting the outcome variable by
matching pre-treatment outcomes.

Unlike most regression methods, the traditional inferential techniques for assessing statistical significance are
not possible in SCM. Furthermore, because the inference in SCM is based on a single treated region and in the
absence of randomization (or because the treatment in question is not randomly assigned per se), statistical inference
becomes a challenge. To test the statistical significance of the outcome gap, Abadie et al. (2010, 2015) suggest a
series of 'in-space placebo tests'. The tests iteratively reassign the treatment to different regions in the donor pool to

create a distribution of placebo effects to determine whether the effect of the treatment is specific to the treated
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region or likely observable in the control sample. The placebo tests are significant if the results produce smaller gaps
in the non-treated regions than the effects observed in the treated region. In effect, if the placebo tests produce
gaps similar to that of the treated region, then there is no significant evidence of a causal treatment effect.

For SCM, the robustness or strength of the post-treatment gap of the treated region is obviously dependent on
the composition of the donor pool. As argued by Gilchrist et al. (2022), the composition of the donor pool, by default,
is an implication for statistical significance. To check the robustness of the results, Abadie et al. (2015) suggest con-
ducting 'leave-one-out' (LOO) analysis. LOO is where the baseline model is iteratively re-estimated to construct a
synthetic region by omitting from each iteration one of the regions with non-zero weights defining the synthetic
region for the treated region. While this approach sacrifices some goodness of fit, the sensitivity check allows an
evaluation of the extent to which the results are driven by any specific control region. Following Gilchrist et al.
(2022), the LOO estimation is extended by excluding the entire synthetic control group from the donor pool to check

whether the size and significance of the effect are stable.

4 | DATA

The empirical analysis is based on matched employer-employee data on all firms and workers in Sweden between
1995 and 2019 obtained from Statistics Sweden (SCB). Based on these data, we can make spatial aggregates and
also break down employment into different segments. The main spatial unit of analysis is functional labor markets as
classified by SCB, based on the degree of urbanization and inter-municipal commuting patterns. The treated region
in focus here has two functionally integrated municipalities and is a relatively isolated regional labor market, with a
population density of approximately nine inhabitants per square kilometer during the period for which we have data.
Over this period, the population decreased from almost 17,000 in 1995 to roughly 14,000 in 2019, a decline of
about 15%. For the same period, employment declined by roughly 22%. The region is characterized by labor exper-
tise in forestry, wood, paper and pulp, and the construction industries, with a growing tourism industry. About 5% of
the workforce have three or more years of university education.?

The donor pool consists of 28 other local labor markets defined as small and remote regions, with similar
development and urbanization trajectories to the treated region, to improve the estimation of the counterfactual.
Over the period of analysis, the donor pool population declined by approximately 19% and employment declined
by about 8%.

In 2004, a manufacturer of household and sanitary goods started operating in the treated region. During the first
year, 308 workers were employed by this manufacturer.® Of these workers, 46% were males, about 5% had post-
secondary education of three to five years, and about 88% had compulsory and secondary school education. About
72% of those employed had been previously engaged in work related to construction, manufacturing, machine oper-
ating, and transport. The majority (94%) of workers were recruited from the region, with 64% receiving a higher
annual wage than from their previous work.

As 2004 is the year of treatment our dataset span nine years of pre-treatment and 15 years of post-
treatment. The main outcome variable, y,-TtE, is defined as total regional employment based on the registered number
of employees at each workplace in November of each year. This variable is relevant not only because it gives the
overall development of the region but also because there are regions where unemployment coexists with labor
shortages. For this reason, it is important to assess how a treated region generally responds to the entry of a large
firm. Apart from the main variable of employment, we also make use of the detailed NACE sector codes to classify
employment. Based on the three-digit level, we define employment in the same three-digit sector as the entry,

employment in skill-related sectors, and finally, in all unrelated sectors. When defining skill-related sectors, we resort

2We cannot reveal details about the region nor the entry described for confidentiality reasons related to data-access.
3For comparison, the European Commission defines a large firm as any organization with more than 249 employees and/or a turnover of more than
50 million euros.
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to the definition offered by Neffke et al. (2017), who define related sectors as those industries with more than
expected labor flows at the national level (relative risk). Because our data contain all workers and their respective
work industries for each year, a national flow matrix can be computed for each year of the data. While this measure-
ment on revealed relatedness is a good proxy for shared capabilities (industries with more than expected labor flows
share similar human capital resources), it may also be related to the outcome variable in relation to a demand shock.
To mitigate that the entry (treatment) influences the definition of relatedness, we define relatedness over a five-year
period prior to the entry (1998 to 2003) and then, based on this definition, select the 25% most skill-related sectors
to the focal industry, and follow how employment develops in both the treated region and in the control regions.*
All remaining industries are defined as unrelated. Given the few observations, we could not fit a model on same-
industry employment change and therefore merged the same and related industries into one category. As seen in
Table 3, including same-industry employment among the related industries (Column 3) produces a worse fit com-
pared to only the related industries (Column 2). In essence, this would not change the potential mechanisms at play,
as we expect that sourcing experienced personnel into a new industry would predominantly originate from the same
and related activities due to the interindustry matching that skill-relatedness implies (cf. Boschma et al., 2014).

To construct the counterfactual, the predictors are divided into three categories that are likely to affect employ-
ment. The first category is internal firm factors, which are included to reflect the demand for labor. For many firms,
hiring personnel or creating jobs depends on the firm's financial position and productivity (Papanikos, 2004). Here,
average firm profitability and productivity, respectively, in the region are used as indicators for the local demand for
labor, together with income levels. These indicators were retrieved from our database. Productivity is defined as the
value added per employee, while profitability is defined as the final results after costs are deducted. Income is based
on the average income from work for all those employed in the region. The second category is local socioeconomic
and demographic factors because recruitment and localization strategies are influenced by local demographic factors
in many ways (e.g., Smith et al., 2001; Urwin & Di Pietro, 2005). Hence, this category of covariates reflects the labor
supply but may also affect firms' decisions to expand and/or invest in a region. For this reason, we controlled for
total population, population density, the share of the population aged between 20 and 64 years (working age), the
proportion of men, average age, and the share of people with three or more years of university education. The third
category is related to competition and matching in the labor market (e.g., Dauth, 2013; Duranton, 2013; Duranton &
Puga, 2004). Here, the share of manufacturing, the share of knowledge-intensive business services (KIBS), the share
of other services, the share of public sector firms, and the degree of specialization and diversity are used to reflect
both the degree of competition within the labor market and matching. To measure regional specialization and diver-
sity, the location quotient and the entropy measure, respectively, are used.”

Table 1 presents the descriptive statistics of the treated region and the donor pool.

5 | RESULTS

Table 2 shows the estimated weights, w;, assigned to each region in the donor pool based on SCM. The low
RMSPE for all models except the one including same-industry employment should be noted (between 2.6% and
6.4%, while Model 2 has 18.1%), as it indicates a good fit for the pre-treatment period. Note also that only five
regions from the donor pool on total employment contribute to the counterfactual treated region and that

> iowi=1, which prevents extrapolation. In subsequent models, the number of regions included in the

“The final relatedness variable ranges along a continuum from O to 1 for all industries with observed labor flows, and there is no predefined threshold. As a
robustness check we have used different thresholds including more sectors with similar, although slightly more moderate, effects.

5LQis a relative measure of the regional share of workers relative to the national share of workers in a specific industry (Feldman & Audretsch, 1999).

LQ > 1 shows that the region is more specialized on average in that industry. The entropy measure captures diversity through the large size of employment
base in all other industries (Wixe, 2015). The entropy measure ranges from zero (no diversity) to In(n) (maximum diversity) where n is the maximum
number of employed in an industry.
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TABLE 2 Composition of the synthetic group.

Region
Arjeplog
Arvidsjaur
Dorotea
Eda
Fagersta
Filipstad
Gallivare
Hagfors
Haparanda
Hallefors
Harjedale
Jokkmokk
Kramfors
Ljusdal
Lycksele
Malung
Pajala
Sollefted
Sorsele
Storuman
Torsby
Vansbro
Vilhelmina
Vimmerby
Arjang
Asele
Overkalix
Overtorned

RMSPE

(2)

Total regional
employment
Weight

N
N
~N

o
=
w
Ne)

0.260

0.129

0.195
0
0
0
0
0.026

(2)

Same and top 25% related
industry employment
Weight

0

0.003

0.081

0.019
0.121
0.402

0.181

(3)

Unrelated regional
employment
Weight

O O O O o o

0.038
0.010

0.177

0.113

0.086
0.008

0.123

0.442
0
0
0
0.002
0.042

Note: An RMSPE below 0.05 relates to the conventional 95% level of significance.

(4)

Top 25% related industry
employment

Weight

0
0
0
0.217

w
~N
(8]

=
o
B

o
o
~N

O O O O O OO OO O O 0O © © 0O 0o O o O o o
o
w
N

0.203
0.064

counterfactual range from six to nine. All regions from the donor pool with w; >0 are located far from the treated

region, making correlation between those regions and the treated region unlikely. Due to the relatively poorer pre-

treatment fit for same (three-digit) industry employment, we decided to also include related employment separately

in the analysis (Column 4).

Table 3 compares the pre-entry characteristics of the predictors for the outcome variables for the treated and

the synthetic regions. The predictive balance for the treated region is shown in Column 1, while Columns 2 to 5 show

the synthetic regions for each of the outcome variables. In most cases, the synthetic controls provide good proxies
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TABLE 3 Predictor balance.

(2) Total (3) Same and top (4) Unrelated total (5) Top 25%
regional 25% related regional related
(1) employment employment employment employment
Real region  Synthetic Synthetic Synthetic Synthetic

Profitability (100s) 372 309 300 324 303

Productivity 477 484 476 477 489
(100s)

Average wages 1330 1354 1355 1366 1338
(100s)

Proportion male 0.71 0.71 0.71 0.70 0.71

Average age 43 43 43 43 43

Share of highly 0.03 0.03 0.03 0.02 0.02
educated

Total population 16,078 20,030 16,042 20,772 15,177

Population 8.48 7.62 4.98 8.32 8.31
density

Share of potential 0.54 0.53 0.54 0.54 0.53
labor

Share of 0.18 0.17 0.15 0.18 0.15
manufacturing

Share of KIBS 0.03 0.03 0.03 0.03 0.03

Share of other 0.43 0.44 0.46 0.42 0.46
services

Share of public 0.04 0.02 0.02 0.03 0.03

Degree of 0.34 0.32 0.46 0.33 0.23
specialization

Degree of 41 207 58 208 247

urbanization

for the treated region. For instance, for the local socioeconomic and demographic factors, the synthetic regions have
similar population densities and share of potential labor force as the treated region. For the internal firm factors, the
proportion of men, average wages, and age are well matched with the synthetic regions. Again, for both the
industry-specific and agglomeration-related attributes, the treated region and the synthetic control groups are syn-
thetically well matched for shares of manufacturing, KIBS, services, public sectors, and the degree of specialization
with an overall low RMSPE. This indicates a low risk of pre-existing trends obscuring an employment gap associated
with the entry of a large new manufacturing plant (e.g., Abadie et al., 2010, 2015). Notwithstanding these clear simi-
larities, there are a few notable discrepancies, such as profitability and the degree of urbanization, that are evident in
all the SCM analyses.

Figure 1 shows the entry's impact on total employment by comparing the counterfactual impact of the entry
(treatment). Apart from creating the counterfactuals with similar employment trends in the pre-tretmant periods,
Figure 1 shows the employment trajectories for the treated and synthetic regions in the post-treatment periods. In
general, for total regional employment, the results indicate that after 2004 the employment trajectories in the
treated region and the synthetic ones diverge considerably. This is particularly true during the first five years after
entry, only to slowly converge again. This implies that the entry negatively affects total regional employment. Suffice
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FIGURE 1 Comparative analysis of the impact of a large new manufacturing plant on total regional employment.

it to say that though there is a general decreasing trend in employment in the treated region (as in the synthetic
regions), the entry itself did not spark a new employment trajectory, which in turn points towards a demand shock
that did not automatically trigger employment-inducing externalities.

As indicated above, presumably the entry could affect various parts of the economy differently. One reason for
entry can be traced to agglomeration externalities that facilitate sharing, matching, and learning. Hence, investments
are likely to be made where similar and related activities already exist, which in turn facilitates hiring skilled person-
nel. We could therefore expect that in small and peripheral regions with limited in-migration, poaching employees
from incumbent firms with similar skills may explain this overall negative effect. Figure 2, therefore, distinguishes
between the same and related, unrelated, and related employment.

According to Figure 2, the overall worse employment in the treated region compared to the synthetic regions
originates from a short-term decline in same-industry employment in particular but also in related employment. Thus,
some initial poaching is evident in the sense that incumbent firms employing similar and related skills are subject to
employment losses connected to a large demand shock. While the pre-treatment fit of the same industries is poor,
we do not discuss this further and instead focus on related and unrelated employment. In the former, we can
observe that, after an initial decline (presumably caused by poaching), related employment in the treated region is
higher than in the synthetic regions. Hence, the entry may induce externalities that benefit related activities and
thereby also trigger (related) diversification long term. Unrelated activities are less affected but do perform slightly
worse in the treated region than in the synthetic regions.

The evidence thus far indicates that the entry of a large manufacturing plant in a small, relatively peripheral
region negatively impacts total employment, though employment in related industries seems to benefit in the longer
run. The question here is how can we evaluate the statistical significance of this effect over time. We follow Abadie
et al.'s (2010) inferential technique to evaluate whether our results occurred purely by chance. We do so by relying
on the in-space placebo analyses by performing a series of placebo simulations in which the synthetic control estima-
tor is iteratively applied to all the regions in the donor pool that did not experience entry of a large new manufactur-
ing plant during the studied period. The placebo tests are statistically significant if the results produce gaps that are
smaller in the non-treated units than the effects observed in the treated unit. In effect, if the placebo tests produce
gaps similar to those of the treated unit, then there is no significant difference in the graphs produced above.
Figure 3 shows the results from the placebo analyses. The light grey solid lines show the gaps observed for the con-
trol regions that were not treated and the black solid lines show the gaps observed for the treated region. To prevent

any artificially created gaps in the post-entry periods, we omitted control regions with an RMSPE two times more
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than the treated region from the placebo analyses. Consequently, three regions were omitted from the analysis for
total employment, one for same and related industries, five for unrelated industries, and 11 for related industries
only. Comparatively, the gaps for the treated region are very low, with few regions outperforming the treated one in
the post-entry period. The probability of estimating a gap of the magnitude found for the treated region under a ran-
dom permutation is 1 in 25 (0.04) for total regional employment, 1 in 27 (0.04) for same and related industries, 1 in
23 (0.04) for unrelated, and 1 in 17 (0.05) for related industries, signaling that these findings are statistically

significant.

5.1 | Robustness checks

Several robustness checks were conducted. First, to determine that the entry's impacts were not influenced by
some control regions, LOO analysis was performed as recommended by Abadie et al. (2015), where we itera-
tively re-estimated the synthetic regions by omitting from each iteration one of the regions with non-zero
weights defining the synthetic regions for the treated region. The intuition is that the result is robust when the
post-intervention employment gap between the treated region and synthetic regions remains in each of the
LOO estimates. If any of the LOO synthetic regions passed the treatment region, then it would be enough to
argue that good performance in one or two of the control regions is responsible for the divergent outcome but
not necessarily the entry of the large new manufacturing firm. Figure 4 shows the LOO analyses for the treated
region. The black solid lines show the trajectory of the treated region's outcome, the black dashed lines show
the trajectory of the original synthetic control region's outcome, and the light grey solid lines show the trajecto-
ries of the synthetic LOO estimates. The results are robust even when any of the original control regions in the
synthetic counterpart are excluded, as the gap between the treated and synthetic regions remains in each of the
LOO estimates.

Second, to further test the results' robustness, a more rigorous LOO analysis was performed, where all the con-
trol regions that defined the synthetic region (13 in total) were excluded from the donor pool. The results in Figure 5
are comparable with those in Figures 1 and 2, showing that there is a general negative employment trajectory in the
treated region resulting from the entry.

Third, while breaking down the effect for different parts of the regional economy, additional heterogeneity
may explain the results. For example, a small incumbent firm may face greater difficulties retaining skilled workers
than a larger employer. In this sense, the local ecosystem of small and medium-sized firms (SMEs) may be affected
differently than larger incumbents. Figure 6, therefore, depicts the employment trajectories in SMEs only (defined
as enterprises with fewer than 250 employees). These types of firms play a crucial role in Sweden's economic
landscape, accounting for 99% of firms and employing more than 65% of the Swedish workforce (SCB, 2021). As
for total employment, the pre-treatment fit in all these models is generally low (albeit slightly higher than total
employment), except for same and related industries, for which the RMSPE is 21.5%. Here, we also find that
employment in smaller firms on average in the treated region was worse than in the synthetic regions. This is,
however, primarily driven by unrelated employment, as both same and related and related activities approxi-
mately follow the synthetic regions' trends after the treatment. The latter, however, should be interpreted with
some caution due to the poorer pre-treatment fit. While this pattern in turn could be driven by compositional
changes (smaller firms grow over time and are therefore no longer defined as SMEs), the number of SMEs pre-
and post-entry was examined. These analyses (which are not reported but can be retrieved upon request, see
Figure A1) revealed that the number of SMEs increased in the treated region compared with the synthetic ones.
This is particularly driven by a continuous increase in SMEs in related industries, again indicating the potential for
related diversification.
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6 | CONCLUDING REMARKS

This article analyzes the effect of a relatively large industrial expansion in the manufacturing industry on regional
employment. This expansion took place in a remote and sparsely populated area of Sweden in 2004 and initially
accounted for approximately 300 new jobs. Our focus on investment in the manufacturing industry in a peripheral
region is motivated by the fact that local policymakers, especially in declining and sparsely populated areas, often
aim for this type of investment in an effort to increase employment and secure a local tax base. However, standard
econometric tools are usually confined to average effects associated with the problems of few treated cases and
poorly matched regions. To address this, the current study applied the synthetic control method (SCM) to estimate
causal place-specific effects. The analysis is based on aggregated microdata covering Swedish functional labor mar-
kets from 1995 to 2019 provided by Statistics Sweden (SCB).

The empirical findings suggest that a relatively large investment in a small and peripheral region may actually
dampen regional employment. Due to the relative remoteness of the region and its low rates of in-migration and/or
commuting, we might expect this to be driven by poaching from incumbent employers. In other words, a large
demand shock could, in a case of inelastic supply, impede rather than stimulate employment. This general negative
effect, however, panned out differently in different segments of the regional economy. Our findings suggest that
same and related industries, presumably employing workers with skills similar to the entry activity, initially performed
worse in the treated region than in the synthetic regions, hence supporting the poaching argument. However, in the
longer term, this part of the economy grew. Unrelated activities, however, never recovered from the initial negative
effect. When assessing the development of employment among smaller firms, this conclusion is supported, as the
population of firms in related activities increased despite the fact that employment in SMEs is relatively stable.
Hence, initial SMEs in related activities grew (to not be defined as SMEs) at the same time as the ecosystem of
related firms also grew. Overall, the findings signal the difficulties of managing a large demand shock in economic
peripheries due to local poaching but also that there is potential for (related) diversification in the longer run.

Typically, the regional effects of a shock in the demand for labor are analyzed through the multipliers an invest-
ment may bring to the region in relation to the growth and/or decline of other activities (Moretti, 2011). It is fairly
well established that the skill content of new jobs typically produces greater regional multipliers (Moretti &
Thulin, 2013). These canonical insights, however, mainly build on national averages based on global analyses, thereby
finding that the general regional welfare effects are greater in larger regions (e.g., Giroud et al., 2021). Combined with
the assumption that labor is perfectly mobile (which tends to make more sense in large urban regions than in periph-
eral and declining regions), previous accounts may mainly reflect the different growth trajectories of large regions
compared to small and remote regions, rather than the entry effect per se. The present article contributes to this
body of literature by applying SCM to estimate place-specific, rather than average, casual effects, thereby comparing
one case with a synthetic version of similar but arguably unaffected regions. In so doing, we first reveal the predomi-
nantly local sourcing of labor and thereafter tease out both total effects and more delineated effects in different
parts of the regional economy. This allows us to extend our analysis of regional effects beyond more structural
regional endowments to find a local effect, concluding that an investment does not necessarily contribute to employ-
ment growth, even when compared with similar regions.

Moreover, the local effects of investments are highly relevant from a policy perspective, not least given the chal-
lenges of stimulating development in all regions and not just the economic cores (e.g., Martin, 2021; OECD, 2018).
The findings presented here, in combination with the limited previous literature using similar methods, indeed reveal
the need to consider the specific regional context (e.g., peripherality and labor supply) and the short- and longer-term
effects. With increasing awareness that not only core regions have been privileged over the last decades of policy
(e.g., Rodriguez-Pose, 2018) but also that the remaining 'left behind places' consist of a plethora of regions with dif-
ferent endowments (Pike et al., 2023), this calls for a much more place-sensitive assessment of how to stimulate
more inclusive regional development. This is relevant in the Swedish context, where local governments (especially in

remote and sparsely populated areas with decreasing local tax bases and declining populations) currently compete
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for private investments and new establishments associated with green investments. Based on the present empirical
case, it is difficult to provide any general suggestions regarding such a reindustrialization policy. This is because while
the overall negative employment trajectory does not change, there still seems to be potential for related diversifica-
tion as well as growth in the number of (related) SMEs. Both aspects are crucial to sustaining a resilient regional eco-
system and are in line with the European Union's current smart specialization agenda. Nevertheless, based on our
findings, it is important to stress the temporal horizon of these effects, because the short-term effects are negative
while diversification necessarily is a long-term process. Thus, policies need to extend beyond the typical mandate of
local governments (four years in Sweden's case).

Finally, this study is not without its limitations that warrant further analysis. SCM offers one plausible solution
for assessing treatment effects and also creates scope for more case-sensitive analyses compared to, for example,
traditional DiD approaches. While we mainly focused on employment effects, there are of course other treatments
than an entry that could be assessed as well as other outcomes. As important as employment is in income develop-
ment, diversity of employees in terms of sex or foreign background, for example, could also be explored, depending
on the specific local policy aim. We also use a relatively broad definition of SMEs (companies with fewer than
250 employees); hence, further studies could examine ownership (private versus public, domestic versus interna-
tional), look in more detail into the effects on micro-enterprises and small firms, and take a population-based
approach to assessing human capital formation. For instance, Andersson et al.'s findings (2022) suggest that human
capital from a large multinational circulates in the regional economy via labor flows, thereby increasing the potential
for knowledge diffusion. Together with the well-established notion that experienced compared to inexperienced
startups are more competitive (Klepper, 2011), this could explain the long-term growth of related activities identified
in the current study. Moreover, other types of regions could be assessed to further address whether large labor mar-
kets do indeed benefit more from large investments, as highlighted by Giroud et al. (2021). If this is the case, then
policy tools other than attracting investment are needed for 'left behind places'. We believe, however, that the
growth of related industries identified here shows some potential for diversification that, in turn, could generate
important development that enhances spillovers in the longer run. Further analyses are required to assess whether
such diversification can actually take place, which direction the diversification takes, and also to what extent it could
lead to more sustainable and inclusive regional development.

ACKNOWLEDGMENT
We would like to thank the guest editors, especially Neil Reid, and the two anonymous referees for their comments
and suggestions. We would also like to thank participants at the 62nd WRSA annual meeting in Hawaii, for com-

ments on a previous version of this paper.

ORCID

Evans Korang Adjei " https://orcid.org/0000-0002-7179-347X
Rikard Eriksson "2 https://orcid.org/0000-0003-3570-7690
Johan Lundberg = https://orcid.org/0000-0002-7905-1825

REFERENCES

Abadie, A., Diamond, A., & Hainmueller, J. (2010). Synthetic control methods for comparative case studies: Estimating the
effect of California's tobacco control program. Journal of the American Statistical Association, 105(490), 493-505.
https://doi.org/10.1198/jasa.2009.ap08746

Abadie, A., Diamond, A., & Hainmueller, J. (2015). Comparative politics and the synthetic control method. American Journal
of Political Science, 59(2), 495-510. https://doi.org/10.1111/ajps.12116

Abadie, A., & Gardeazabal, J. (2003). The economic costs of conflict: A case study of the Basque Country. The American Eco-
nomic Review, 93(1), 113-132. https://doi.org/10.1257/000282803321455188

Andersson, L. F., Danley, T., Eriksson, R., & Henning, M. (2020). Workers' participation in regional economic change follow-
ing establishment closure. Small Business Economics, 54(2), 589-604. https://doi.org/10.1007/s11187-018-0036-2

5UBD17 SUOWILIOD aAIRID 3|edl|dde ayy Ag pausench aie saiire YO ‘8sn Jo sani 1o} Akeld1auljuQ A3]IAA UO (SUONIPUOD-pUR-SWLIB)IOY" B 1M ATeiq el uo//Sdny) SUONIPUOD pue SWB | aU} 88S " [7202Z/T0/80] Uo AReiqiauluo A|ia ‘AiseAun eawn Aq 692T €4SI/TTTT OT/I0p/Wod A3 1M Alelq 1pU1UO"108ULOI IeS//:SANY Wol) pepeojumod ‘. ‘€202 ‘208L.S.T


https://orcid.org/0000-0002-7179-347X
https://orcid.org/0000-0002-7179-347X
https://orcid.org/0000-0003-3570-7690
https://orcid.org/0000-0003-3570-7690
https://orcid.org/0000-0002-7905-1825
https://orcid.org/0000-0002-7905-1825
https://doi.org/10.1198/jasa.2009.ap08746
https://doi.org/10.1111/ajps.12116
https://doi.org/10.1257/000282803321455188
https://doi.org/10.1007/s11187-018-0036-2

ADJEI eT AL 1573

Andersson, M., Castellani, D., Fassio, C., & Jienwatcharamongkhol, V. (2022). Leaving the multinational: The likelihood and
nature of employee mobility from MNEs. Journal of International Business Studies, 53(5), 936-949. https://doi.org/10.
1057/541267-021-00490-7

Basker, E. (2005). Job creation or destruction? Labor market effects of Wal-Mart expansion. Review of Economics & Statistics,
87(1), 174-183. https://doi.org/10.1162/0034653053327568

Basker, E. (2007). The causes and consequences of Walmart growth. Journal of Economic Perspective, 21(3), 177-198.
https://doi.org/10.1257/jep.21.3.177

Belleville, D. E. Jr., & Jolley, G. J. (2022). Estimating cultural heritage sites effect on food and accommodations with synthetic
controls. Annals of Tourism Research Empirical Insights, 3(1), 100045. https://doi.org/10.1016/j.annale.2022.100045

Birdsall, C. (2015). The synthetic control method for comparative case studies: An application estimating the effect of mana-
gerial discretion under performance management. International Public Management Journal, 20(1), 49-77. https://doi.
org/10.1080/10967494.2015.1121178

Boschma, R., Eriksson, R. H., & Lindgren, U. (2014). Labour market externalities and regional growth in Sweden. The impor-
tance of labour mobility between skill-related industries. Regional Studies, 48(10), 1669-1690.

Cao, J. & Dowd, C. (2019). Estimation and inference for synthetic control methods with spillover effects. https://arxiv.org/
abs/1902.07343v2

Cavallo, E., Galiani, S., Noy, I., & Pantano, J. (2013). Catastrophic natural disasters and economic growth. The Review of Eco-
nomic and Statistics, 95(5), 1549-1561. https://doi.org/10.1162/REST_a_00413

Coad, A., Daunfeldt, S. O., Johansson, D., & Wennberg, K. (2014). Whom do high-growth firms hire? Industrial and Corporate
Change, 23(1), 293-327. https://doi.org/10.1093/icc/dtt051

Combes, P. P., & Duranton, G. (2006). Labour pooling, labour poaching, and spatial clustering. Regional Science and Urban
Economics, 36(1), 1-28. https://doi.org/10.1016/j.regsciurbeco.2005.06.003

Daunfeldt, S. O., Mihaescu, O., Nilsson, H., & Rudholm, N. (2017). What happens when IKEA comes to town? Regional Stud-
ies, 51(2), 313-323. https://doi.org/10.1080/00343404.2015.1100287

Dauth, W. (2013). Agglomeration and regional employment dynamics. Papers in Regional Science, 92(2), 419-435. https://
doi.org/10.1111/j.1435-5957.2012.00447 .x

Delgado, M., Porter, M. E., & Stern, S. (2010). Clusters and entrepreneurship. Journal of Economic Geography, 10(4), 495-
518. https://doi.org/10.1093/jeg/Ibq010

Duranton, G. (2013). Agglomeration and jobs. In M. Fischer & P. Nijkamp (Eds.), Handbook of regional science (pp. 631-648).
Springer.

Duranton, G., & Puga, D. (2004). Micro-foundations of urban agglomeration economies. In J. V. Henderson & J. F. Thisse
(Eds.), Handbook of regional and urban economics (pp. 2063-2117). Elsevier BV.

Eriksson, R., Henning, M., & Otto, A. (2016). Industrial and geographical mobility of workers during industry decline: The
Swedish and German shipbuilding industries 1970-2000. Geoforum, 75, 87-98. https://doi.org/10.1016/j.geoforum.
2016.06.020

Eriksson, R., Lindgren, U., & Malmberg, G. (2008). Agglomeration mobility: Effects of localisation, urbanisation, and scale on
job changes. Environment and Planning a, 40(10), 2419-2434. https://doi.org/10.1068/a39312

Eriksson, R., & Hane-Weijman, E. (2017). How do regional economies respond to crisis? The geography of job creation and
destruction in Sweden (1990-2010). European Urban and Regional Studies, 24(1), 87-103. https://doi.org/10.1177/
0969776415604016

Feldman, M. P., & Audretsch, D. B. (1999). Innovation in cities: Science-based diversity, specialization and localized competi-
tion. European Economic Review, 43(2), 409-429. https://doi.org/10.1016/50014-2921(98)00047-6

Gilchrist, D., Emery, T., Garoupa, N., & Spruk, R. (2022). Synthetic control method: A tool for comparative case studies in
economic history. Journal of Economic Surveys, 37(2), 409-445. https://doi.org/10.1111/joes.12493

Giroud, X., Lenzu, S., Maingi, Q., & Mueller, H. (2021). Propagation and amplification of local productivity spillovers. CEPR
discussion paper DP16388. https://www.nber.org/papers/w29084

Glaeser, E. (2008). The economic approach to cities. Harvard Institute of Economic Research Discussion Paper 2149.
Harvard University. https://www.nber.org/papers/w13696, https://doi.org/10.2139/ssrn.1080294

Glaeser, E., Gottlieb, J. (2008). The economics of place-making policies. Brookings Papers on Economic Activity. 155-239.
https://www.brookings.edu/wp-content/uploads/2008/03/2008a_bpea_glaeser.pdf,  https://doi.org/10.1353/eca.0.
0005

Gourio, F., Messer, T., & Siemer, M. (2016). Firm entry and macroeconomic dynamics: A state level analysis. American Eco-
nomic Review: Papers and Proceedings, 106(5), 214-218. https://doi.org/10.1257/aer.p20161052

Green, A. E., Sissons, P., Broughton, K., & Qamar, A. (2021). Public policy for addressing the low-skills low-wage trap:
Insights from business case studies in the Birmingham city-region, UK. Regional Studies, 55(2), 333-344. https://doi.org/
10.1080/00343404.2020.1802005

5UBD17 SUOWILIOD aAIRID 3|edl|dde ayy Ag pausench aie saiire YO ‘8sn Jo sani 1o} Akeld1auljuQ A3]IAA UO (SUONIPUOD-pUR-SWLIB)IOY" B 1M ATeiq el uo//Sdny) SUONIPUOD pue SWB | aU} 88S " [7202Z/T0/80] Uo AReiqiauluo A|ia ‘AiseAun eawn Aq 692T €4SI/TTTT OT/I0p/Wod A3 1M Alelq 1pU1UO"108ULOI IeS//:SANY Wol) pepeojumod ‘. ‘€202 ‘208L.S.T


https://doi.org/10.1057/s41267-021-00490-7
https://doi.org/10.1057/s41267-021-00490-7
https://doi.org/10.1162/0034653053327568
https://doi.org/10.1257/jep.21.3.177
https://doi.org/10.1016/j.annale.2022.100045
https://doi.org/10.1080/10967494.2015.1121178
https://doi.org/10.1080/10967494.2015.1121178
https://arxiv.org/abs/1902.07343v2
https://arxiv.org/abs/1902.07343v2
https://doi.org/10.1162/REST_a_00413
https://doi.org/10.1093/icc/dtt051
https://doi.org/10.1016/j.regsciurbeco.2005.06.003
https://doi.org/10.1080/00343404.2015.1100287
https://doi.org/10.1111/j.1435-5957.2012.00447.x
https://doi.org/10.1111/j.1435-5957.2012.00447.x
https://doi.org/10.1093/jeg/lbq010
https://doi.org/10.1016/j.geoforum.2016.06.020
https://doi.org/10.1016/j.geoforum.2016.06.020
https://doi.org/10.1068/a39312
https://doi.org/10.1177/0969776415604016
https://doi.org/10.1177/0969776415604016
https://doi.org/10.1016/S0014-2921(98)00047-6
https://doi.org/10.1111/joes.12493
https://www.nber.org/papers/w29084
https://www.nber.org/papers/w13696
https://doi.org/10.2139/ssrn.1080294
https://www.brookings.edu/wp-content/uploads/2008/03/2008a_bpea_glaeser.pdf
https://doi.org/10.1353/eca.0.0005
https://doi.org/10.1353/eca.0.0005
https://doi.org/10.1257/aer.p20161052
https://doi.org/10.1080/00343404.2020.1802005
https://doi.org/10.1080/00343404.2020.1802005

1574 ADJEI ET AL.

Greenstone, M., Hornbeck, R., & Moretti, E. (2010). Identifying agglomeration spillovers: Evidence from winners and losers
of large plant openings. Journal of Political Economy, 118(3), 536-598. https://doi.org/10.1086/653714

Gunton, T. (2003). Natural resources and regional development: An assessment of dependency and comparative advantage
paradigms. Economic Geography, 79(1), 67-94. https://doi.org/10.1111/j.1944-8287.2003.tb00202.x

Hakansson, J., Li, Y., Mihaescu, O., & Rudholm, N. (2019). Big-box retail entry in urban and rural areas: Are there productivity
spillovers to incumbent retailers? The International Review of Retail, Distribution and Consumer Research, 29(1), 23-45.
https://doi.org/10.1080/09593969.2018.1562956

Hall, J. C., Matti, J., & Zhou, Y. (2020). The economic impact of city-county consolidations: A synthetic control approach.
Public Choice, 184, 43-77. https://doi.org/10.1007/s11127-019-00699-z

Hausmann, R., & Neffke, F. (2019). The workforce of pioneer plants. The role of worker mobility in the diffusion of indus-
tries. Research Policy, 48(3), 628-648. https://doi.org/10.1016/j.respol.2018.10.017

Hayter, R. (2003). "The war in the woods": Post-Fordist restructuring, globalization, and the contested remapping of British
Columbia's forest economy. Annals of the American Association of Geographers, 93(3), 706-729. https://doi.org/10.
1111/1467-8306.9303010

Hicks, M. J. (2007). Job turnover and wages in the retail sector: The influence of Wal-Mart. Journal of Private Enterprise, 22,
137-160.

Hicks, M. J. (2008). Estimating Wal-Mart's impact in Maryland: A test of identification strategies and endogeneity tests.
Estern Economic Journal, 34, 56-73.

Innis, H. A. (1933). Problems of staple production in Canada. Ryerson Press.

Innis, H. A. (1956). The fur trade in Canada: An introduction to Canadian economic history (Rev. ed.). University of Toronto
Press.

Jia, P. (2008). What happens when Walmart comes to town. An empirical analysis of the discount retailing industry. Eco-
nometrica, 76(6), 1263-1316.

Klepper, S. (2011). Nano-economics, spinoffs, and the wealth of regions. Small Business Economics, 37(2), 141-154. https://
doi.org/10.1007/s11187-011-9352-5

Larsson, P. (2022). Rapport fran samordnaren foér samhillsomstilining vid storre foretagsetableringar och fére-
tagsexpansioner i Norrbotten och Vasterbotten. Retrieved August 4, 2022, from https://www.regeringen.se/
contentassets/8e9b848837ae4cecab7e6a380a9a0b51/rapport-fran-samordnaren-for-samhallsomstallning-vid-storre-
foretagsetableringar-och-foretagsexpansioner-i-norrbotten-och-vasterbotten.pdf

Martin, R. (2021). Rebuilding the economy from the Covid crisis: Time to rethink regional studies? Regional Studies, Regional
Science, 8(1), 143-161. https://doi.org/10.1080/21681376.2021.1919191

Martynovich, M., & Lundquist, K. J. (2016). Technological change and geographical reallocation of labour: On the role of
leading industries. Regional Studies, 50(10), 1633-1647. https://doi.org/10.1080/00343404.2015.1052062

Moretti, E. (2011). Local labour markets. In D. Card & O. Ashenfelter (Eds.), Handbook of labour economics (pp. 1237-1313).
Elsevier.

Moretti, E., & Thulin, P. (2013). Local multipliers and human capital in the United States and Sweden. Industrial and Corporate
Change, 22(1), 339-362. https://doi.org/10.1093/icc/dts051

Mughan, S., & Propheter, G. (2017). Estimating the manufacturing employment impact of eliminating the tangible personal
property tax: Evidence from Ohio. Economic Development Quarterly, 31(4), 299-311. https://doi.org/10.1177/
0891242417732123

Neffke, F., Hartog, M., Boschma, R., & Henning, M. (2018). Agents of structural change: The role of firms and entrepreneurs
in regional diversification. Economic Geography, 94(1), 23-48. https://doi.org/10.1080/00130095.2017.1391691

Neffke, F., Otto, A., & Weyh, A. (2017). Inter-industry labor flows. Journal of Economic Behavior and Organization, 142, 275-
292. https://doi.org/10.1016/j.jebo.2017.07.003

Neffke, F., & Henning, M. (2013). Skill relatedness and firm diversification. Strategic Management Journal, 34(3), 297-316.
https://doi.org/10.1002/sm;j.2014

Neumark, D., Zhang, J., & Ciccarella, S. (2008). The effects of Walmart on local labour markets. Journal of Urban Economics,
63(2), 405-430. https://doi.org/10.1016/j.jue.2007.07.004

OECD. (2018). Productivity and jobs in a globalised world: (how) can all regions benefit? OECD Publishing. https://doi.org/10.
1787/9789264293137-en

Papanikos, G. T. (2004). The determinants of employment creation in small regional firms. International Regional Science
Review, 27(2), 187-204. https://doi.org/10.1177/0160017603262404

Pike, A., Béal, V., Cauchi-Duval, N., Franklin, R., Kinossian, N., Lang, T., Leibert, T., MacKinnon, D., Rousseau, M., Royer, J.,
Servillo, L., Tomaney, J., & Velthuis, S. (2023). 'Left behind places': A geographical etymology. Regional Studies, 1-13.
https://doi.org/10.1080/00343404.2023.2167972

Roback, J. (1982). Wages, rents and the quality of life. Journal of Political Economy, 90(6), 1257-1278. https://doi.org/10.
1086/261120

5UBD17 SUOWILIOD aAIRID 3|edl|dde ayy Ag pausench aie saiire YO ‘8sn Jo sani 1o} Akeld1auljuQ A3]IAA UO (SUONIPUOD-pUR-SWLIB)IOY" B 1M ATeiq el uo//Sdny) SUONIPUOD pue SWB | aU} 88S " [7202Z/T0/80] Uo AReiqiauluo A|ia ‘AiseAun eawn Aq 692T €4SI/TTTT OT/I0p/Wod A3 1M Alelq 1pU1UO"108ULOI IeS//:SANY Wol) pepeojumod ‘. ‘€202 ‘208L.S.T


https://doi.org/10.1086/653714
https://doi.org/10.1111/j.1944-8287.2003.tb00202.x
https://doi.org/10.1080/09593969.2018.1562956
https://doi.org/10.1007/s11127-019-00699-z
https://doi.org/10.1016/j.respol.2018.10.017
https://doi.org/10.1111/1467-8306.9303010
https://doi.org/10.1111/1467-8306.9303010
https://doi.org/10.1007/s11187-011-9352-5
https://doi.org/10.1007/s11187-011-9352-5
https://www.regeringen.se/contentassets/8e9b848837ae4cecab7e6a380a9a0b51/rapport-fran-samordnaren-for-samhallsomstallning-vid-storre-foretagsetableringar-och-foretagsexpansioner-i-norrbotten-och-vasterbotten.pdf
https://www.regeringen.se/contentassets/8e9b848837ae4cecab7e6a380a9a0b51/rapport-fran-samordnaren-for-samhallsomstallning-vid-storre-foretagsetableringar-och-foretagsexpansioner-i-norrbotten-och-vasterbotten.pdf
https://www.regeringen.se/contentassets/8e9b848837ae4cecab7e6a380a9a0b51/rapport-fran-samordnaren-for-samhallsomstallning-vid-storre-foretagsetableringar-och-foretagsexpansioner-i-norrbotten-och-vasterbotten.pdf
https://doi.org/10.1080/21681376.2021.1919191
https://doi.org/10.1080/00343404.2015.1052062
https://doi.org/10.1093/icc/dts051
https://doi.org/10.1177/0891242417732123
https://doi.org/10.1177/0891242417732123
https://doi.org/10.1080/00130095.2017.1391691
https://doi.org/10.1016/j.jebo.2017.07.003
https://doi.org/10.1002/smj.2014
https://doi.org/10.1016/j.jue.2007.07.004
https://doi.org/10.1787/9789264293137-en
https://doi.org/10.1787/9789264293137-en
https://doi.org/10.1177/0160017603262404
https://doi.org/10.1080/00343404.2023.2167972
https://doi.org/10.1086/261120
https://doi.org/10.1086/261120

ADJEI eT AL 1575

Rodriguez-Pose, A. (2018). The revenge of the places that don't matter (and what to do about it). Cambridge Journal of
Regions, Economy and Society, 11(1), 189-209. https://doi.org/10.1093/cjres/rsx024

Rosen, S. (1979). Wage based indexes of urban quality of life. In P. Miezkowski & M. Straszheim (Eds.), Current issues in
urban economics (pp. 74-104). Johns Hopkins University Press.

Rudholm, N,, Li, Y., & Carling, K. (2022). How does big-box retail entry affect labour productivity in durable goods retailing?
A synthetic control approach. The Annals of Regional Science, 69(1), 89-117. https://doi.org/10.1007/s00168-022-
01110-4

Smith, J., McKnight, A., & Naylor, R. (2001). Graduate employability: Policy and performance in higher education in the UK.
The Economic Journal, 110(1), F382-F411. https://doi.org/10.1111/1468-0297.00546

Statistic Sweden, SCB. (2021). Share of enterprises, employment, turnover and value added in the total non-financial busi-
ness economy, by size-class (based on employment) 2020. (Last update 4/5/2022). Retrieved August 15, 2022, from
https://www.scb.se/en/finding-statistics/statistics-by-subject-area/business-activities/structure-of-the-business-sect
or/structural-business-statistics/pong/tables-and-graphs/size-class-based-on-employment/share-of-enterprises-employ
ment-turnover-and-value-added-in-the-total-non-financial-business-economy-by-size-class-based-on-employment/

Urwin, P., & Di Pietro, G. (2005). The impact of research and teaching quality inputs on the employment outcomes of post-
graduates. Higher Education Quarterly, 59(4), 275-295. https://doi.org/10.1111/j.1468-2273.2005.00298.x

Wixe, S. (2015). The impact of spatial externalities: Skills, education and plant productivity. Regional Studies, 49(12), 2053-
2069. https://doi.org/10.1080/00343404.2014.891729

Xu, Y. (2017). Generalised synthetic control method: Causal inference with interactive fixed effects models. Political Analysis,
25(1), 57-76. https://doi.org/10.1017/pan.2016.2

How to cite this article: Adjei, E. K., Eriksson, R., & Lundberg, J. (2023). The effects of a large industrial
investment on employment in a remote and sparsely populated area using a synthetic control approach.
Regional Science Policy & Practice, 15(7), 1553-1576. https://doi.org/10.1111/rsp3.12694

5UBD17 SUOWILIOD aAIRID 3|edl|dde ayy Ag pausench aie saiire YO ‘8sn Jo sani 1o} Akeld1auljuQ A3]IAA UO (SUONIPUOD-pUR-SWLIB)IOY" B 1M ATeiq el uo//Sdny) SUONIPUOD pue SWB | aU} 88S " [7202Z/T0/80] Uo AReiqiauluo A|ia ‘AiseAun eawn Aq 692T €4SI/TTTT OT/I0p/Wod A3 1M Alelq 1pU1UO"108ULOI IeS//:SANY Wol) pepeojumod ‘. ‘€202 ‘208L.S.T


https://doi.org/10.1093/cjres/rsx024
https://doi.org/10.1007/s00168-022-01110-4
https://doi.org/10.1007/s00168-022-01110-4
https://doi.org/10.1111/1468-0297.00546
https://www.scb.se/en/finding-statistics/statistics-by-subject-area/business-activities/structure-of-the-business-sector/structural-business-statistics/pong/tables-and-graphs/size-class-based-on-employment/share-of-enterprises-employment-turnover-and-value-added-in-the-total-non-financial-business-economy-by-size-class-based-on-employment/
https://www.scb.se/en/finding-statistics/statistics-by-subject-area/business-activities/structure-of-the-business-sector/structural-business-statistics/pong/tables-and-graphs/size-class-based-on-employment/share-of-enterprises-employment-turnover-and-value-added-in-the-total-non-financial-business-economy-by-size-class-based-on-employment/
https://www.scb.se/en/finding-statistics/statistics-by-subject-area/business-activities/structure-of-the-business-sector/structural-business-statistics/pong/tables-and-graphs/size-class-based-on-employment/share-of-enterprises-employment-turnover-and-value-added-in-the-total-non-financial-business-economy-by-size-class-based-on-employment/
https://doi.org/10.1111/j.1468-2273.2005.00298.x
https://doi.org/10.1080/00343404.2014.891729
https://doi.org/10.1017/pan.2016.2
https://doi.org/10.1111/rsp3.12694

17577802, 2023, 7, Downloaded from https:/rsaiconnect.onlinelibrary.wiley.com/doi/10.1111/rsp3.12694 by Umea University, Wiley Online Library on [08/01/2024]. See the Terms and Conditions (https://onlinelibrary.wiley.com/terms-and-conditions) on Wiley Online Library for rules of use; OA articles are governed by the applicable Creative Commons License

g
<
~
w
o
=
a
<
o
c
]
a
o0
2 8 o 8 £
© ro FS fu
S « g Y .w
o 1 o e
! 1 O
w 1 i =
o \ o =]
%] H & ] c
z ! s = s I
! 2 |3 @ e |5 €
I ro @ S o o
! N k) N © fan
I ko ® L
| £=} £ .
I W. m. o]
I @ 3 >
\ -+
\ L 2 m e m c
& |1 S | b5
| | m
G | | &1 =}
O ]
> > 5
c c o
o) o 0 S =]
Lo o o [+ s
Q 2 < 2 it}
................................................ o EEEEEEEEEEEEEE hel
2 4 o >
© T )
< o gl
= = Q
=
|- m m d
o o —_
N N c
=]
— L gl
c
T
! ®
v v
=
| L % % =
T T T T T T T T T -~ T ~ e
~N 1 © 1B L WV ¥ W ™ ~ o
© w < ™ Lﬁlu
(u) SIS palejal Jo JaquinN SJINS pajejaiun Jo JaquinN o
o
Qo
€
S
4
<
-
x <
a 8]
Z o
o >
0 o IT)
) o et
— < o



DOI: 10.1111/rsp3.12694

Resumen. Este articulo examina el impacto del establecimiento de una gran entidad industrial manufacturera en el
empleo y el mercado laboral de una zona remota y escasamente poblada de Suecia, para lo cudl se centra en como
afecta al empleo regional total, ya que las politicas industriales destinadas a atraer inversiones y reactivar el empleo
en regiones estancadas han sido una herramienta politica esencial. El andlisis empirico se basa en el método de con-
trol sintético, que permite estimar los efectos causales especificos de cada lugar. Se utilizaron microdatos agregados
de 1995 a 2019, y los resultados indican que el empleo en la regién de estudio, en comparacién con las regiones sin-
téticas, se ha visto afectado negativamente por la entidad manufacturera. Sin embargo, los efectos a corto y largo
plazo difieren entre los distintos segmentos del mercado laboral (mismo sector, sectores relacionados y no
relacionados) y segtn el tamafo de la empresa. En general, los resultados sugieren que las grandes inversiones
manufactureras no tienen necesariamente un impacto positivo o instantdneo en el empleo regional total. Sin
embargo, ofrece cierto potencial para la diversificaciéon a largo plazo porque el empleo en actividades relacionadas
crece a la larga.
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