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ABSTRACT 

 

This piece of research uses three waves 2007 – 2010 of the UK Citizenship Survey and finds that 

clear wage differentials exist between natives and immigrants in England and Wales. This 

finding is in line with the previous literature. What is new to this research is that wage 

differentials also exist within immigrants. There is a clear heterogeneity in immigrants. Former 

immigrants earn more and closer to natives, whereas later immigrants earn less. This thesis tries 

to find about the possibility of ethnic discrimination. Although, ethnicity variable adds no 

explanatory power to the models but ethnicity dummies are highly significant with large 

magnitudes. There is no variation in the R
2
 by inclusion or exclusion of the ethnicity variable in 

the models but F test shows that ethnicity dummies are jointly significant. However, when 

ethnicity dummies are introduced, regression coefficients of later and former immigrants drop 

but they remain big with high level of statistical significance. Eventually, this thesis investigates 

the wage determinants for natives, former and later immigrants. Results show that language 

proficiency, education and age are the most important wage determinants. These are equally 

important for the natives, former immigrants and later immigrants in determining their wages. 

This thesis also calculates the decomposition of wage differentials between natives, former and 

later immigrants using Oaxaca and Blinder decomposition technique. 
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I. Introduction 

 

Wage differential is defined as “the difference in wages between workers with different skills in 

the same industry or between those with comparable skills in different industries or localities” or 

simply “the difference in the wage rates between two types of workers” (Collins English 

Dictionary, 2003). It is an interesting phenomenon that has always been one of the major areas of 

interest of the economists. Wage differentials exist in different forms, for example between male 

and females, between public sector and private sector, inter industry wage differentials, intra 

industry wage differentials, between immigrants and natives. The objectives of this thesis are to 

find out the wage differentials within immigrants,  to find out the difference between native and 

immigrant wages, to decompose these wage differentials into explained and unexplained parts, to 

find the ethnicity effect in wage differentials, and to find out the wage determinants for natives 

and immigrants.  

Jobs are different and workers are different as well. Jobs are different in their nature and workers 

are different in their skills and how they maximize their utility. Smith (1776) in “Wealth of 

Nation” presented the idea of compensating wage differentials. Compensating wage differentials 

exist to compensate workers for negative characteristics of job e.g. working in bad conditions, 

working late night, working in risky jobs. Theory of compensating wage differentials explains 

that workers and firm interact in the labour market and find a match for each other. If same wage 

rate is offered to the workers at two firms one with bad environment and the other with good 

environment. Most of the workers will go to the firm offering conducive environment for work. 

For the firm with bad environment they need to offer extra wage to attract workers and this will 
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be compensating wage for compensating the bad environment. Workers try to maximize their 

utility and firms try to maximize their profits. Workers derive their utility from the wage paid 

and the nonwage characteristics of job like, location, environment, job timings etc. The theory of 

compensating wage differentials explains the reason of wage differentials.  Hicks (1932) 

proposed the theory of wages that explains immigration as a response to the wage differentials. 

The departure point for most of the migration studies is Hicks theory of wages.  In 1932 Hicks in 

his “The Theory of Wages” said that “differences in net economic advantages, chiefly 

differences in the wages, are the main causes of migration” (Hicks, 1932). Migrants measure the 

cost and benefit of migration before migrating and then decide in economic self-interest. 

Ravenstein’s (1885) research about migration tells us that one of the main reasons of migration is 

economic motive.  

The research question of this thesis is that; are there any wage differentials between natives, 

former immigrants and later immigrants? After investigating the wage differentials between 

three respondent groups, Oaxaca and Blinder decomposition technique is used to break down 

wage differentials of compared groups into explained and unexplained parts. This thesis also 

highlights the wage determinants for natives and two groups of immigrants. It is also checked 

that whether ethnicity plays role (ethnic discrimination) in wage differentials and in determining 

the wages or not.  

Rest of the thesis is organized as follows. Literature review is explained in Section II. Data 

description is given in Section III. Outcome variable, key variables, controls and methodology 

are explained in Section IV. Results and tables of coefficients are given in Section V.  Section VI 

contains conclusions and discussions about thesis. References are given in section VII and 

appendix in Section VIII. 
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II. Literature Review 

Research has been done in host countries to investigate the impact of immigration on the 

economy.  For thorough review of literature on economic impact of immigration see (Borjas, 

1994; Friedberg and Hunt, 1995; Borjas, 1999). Generally findings of all researchers are similar 

that immigration does not have any significant negative effect on the local labour markets. All of 

these studies find that immigration does not have any detrimental effect on the wages, 

employability or displacement of natives in local labour markets and if there is any effect, it is 

very small. Contrary to this, Borjas (2003) found that immigration in U.S. reduces average native 

wage by 3% and 9% for those having minimum education. 

Looking at the previous studies on wage differentials it is found that there is a diversified opinion 

about it. Review of literature shows that there are various dimensions of looking at this 

phenomenon. Borjas (1992) found that skill differences exist in natives and immigrants. These 

skill differentials between immigrants and natives diminish with the passage of time and 

immigrant wages rise eventually to the level of natives. (Chiswick, 1978; Carliner, 1980) for US, 

(Bloom and Gunderson, 1991; Baker and Benjamin, 1994) for Canada, (Beggs and Chapman, 

1991) for Australia, (Dustmann, 1993) for Germany but this positive correlation between the 

earnings and years of stay in host country is not found in case of Sweden (Hammarstedt, 2003).  

For the time spent in the host country Chiswick (1978) found for U.S that as the time spent in the 

emigrant country increases wage of immigrants increases gradually with time and after 10 – 15 

years, wages of immigrants become equal and then exceed from the native population. Whereas, 

Hammarstedt (2003) found that even after 15 years most immigrants do not experience the same 

wage in Sweden. He also found significant differences between wages of immigrants and native 
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Swedes even when the observable characteristics like education, gender, experience were 

controlled for. He found that there were wage differences between workers from different 

regions. Wage for immigrants from Nordic countries were higher than the wage for immigrants 

from Non-Nordic countries. He attributed this wage differential to numerous factors such as; 

number of working hours, immigrants working in low wage industries and time spent in Sweden.  

Dustmann et al. (2010) analyzed immigrants and natives in UK and Germany and found that 

immigrant unemployment is more responsive towards economic shocks as compared to natives 

in the same skill group. They gave three explanations for this; 1) immigrants become more 

unemployed in economic downturns because they already experience more firing, in other 

words, job retention rate of immigrants is low. 2) Due to higher firing rate of immigrants this 

could possibly be that immigrants are overrepresented in the low-skill sector. 3) Assuming 

immigrants are less complementary towards capital intensive or technological industries, this 

was demonstrated by the fact that in Germany immigrants tend to do routine works that don’t 

require any technical or analytical skills. 

Antón et al. (2010) investigated the wage differentials between immigrants and natives using the 

labour force survey in Spain which was a former emigrant country and recently became a host 

country. They found that a glass ceiling exist for immigrants from developing countries in the 

Spanish labour market. Albrecht et al. in (2003) using Machado and Mata decomposition 

technique based on quantile regression found glass ceiling between male (immigrants and non-

immigrants) and female (immigrants and non-immigrants) wages in Sweden. Hipólito  (2010) 

examined wage differentials in nine European countries. He conducted this research because 

wage differential varies between European countries and the purpose of this study was to 

investigate the reason behind this international wage differential. He found that work place plays 
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a vital role in creating wage inequality. Work place and job attributes are the core factors that are 

working behind wage differential in each country. Job and work place attributes are more 

important than individual characteristics in forming different wage differentials across Europe. 

Arai and Thoursie (2009) explored the discrimination aspect of wage differentials for Sweden by 

studying the name change from foreign sounding to Swedish sounding or neutral names and 

found that name changers experienced 26 % higher wage on average as compared to foreign 

sounding name keepers. In case of U.S, Bertrand and Mullainathan in (2004) did a field 

experiment for U.S labour market to study discriminatory behaviour by sending fabricated 

resumes and recorded that white names received 50 % more call backs then African American 

names. These findings imply the same idea as pointed out by Becker in his theory of 

discrimination that a taste in favour of names will incur a cost on name keepers in terms of lower 

wages as compared to name changers (Becker, 1971). Charles and Guryan (2008) empirically 

tested the Becker’s employer discrimination model about prejudice and racial wage difference 

and found that racial prejudice exists for blacks and accounts for one-fourth of the wage 

differential between blacks and whites and three-fourth of the wage difference can be the result 

of statistical discrimination or human capital difference. 

Manacorda et al. (2012) estimated the elasticity of substitution between immigrants and natives 

for Britain and found that wage differentials exist between them due to the fact that they are 

imperfect substitutes of each other. Immigrants reduce the wages of immigrants because they are 

competitors, they don’t have any strong effect on the wages of natives. Likewise, Ottaviano and 

Peri (2012) found out the imperfect substitutability of immigrants and natives to be the cause of 

wage differentials in U.S. They found that increase in immigration considerably decreases the 

wages of immigrants by 6.7% but on the other hand it increases the native’s average wage by 
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0.6%.  Dustmann and Preston (2011) point out a limitation in the methodology of research 

papers of Manacorda et al. (2012) and Ottaviano and Peri (2012) that pre-assignment of 

immigrants to some skill group can cause the bias towards imperfect substitutability.  

Looking at the host countries’ labour market through immigrants’ angle, it is seen that 

immigrants experience wage differentials and face high rates of unemployment. Arai and 

Thoursie (2009) for Sweden and Bertrand and Mullainathan (2004) for U.S. associate this 

differentiated experience of immigrants with taste discrimination in the labour market.
1
 While 

Åslund and Rooth (2005) for Sweden and Braakmann (2009) for German labour market and 

Braakmann (2010) for Europe and England found no link between public attitudes and its labour 

market effects after 9/11 incident. Although there was an increase in negative attitudes towards 

Arab men and Muslim minorities but it had no impact on labour market outcomes. They found 

no evidence of increase in labour market discrimination. Alternatively Rabby and Rodgers III 

(2010) for U.K. found 9 – 11% relative reduced employability of Arab men and Muslims after 

9/11 and 10% decline after London bombings.  Whereas Kaushal et al. (2007) for U.S. found 9 – 

11% of relative decreased weekly earnings for Arab men and Muslims after 9/11 but found no 

impact on employment. On the other hand some researchers attribute this difference between 

natives and immigrants to their substitutability. 

Economic theory suggests that the impact of immigration depends upon how immigration affects 

the skill composition of native labour and how economy respond to that skill change. Immigrants 

and natives are imperfect substitutes because they have different skills. Findings of Borjas (1992) 

suggest that immigrants and natives differ in the skills they offer to the labour market. Recent 

                                                 
1
 For detailed theory on discrimination read the seminal work of Becker, G.S. (1971) The economics of 

discrimination. 
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research of Ottaviano and Peri (2012) for U.S. and Manacorda et al. (2012) for U.K. advocate 

that immigrants and natives have different set of skills that’s why they are imperfect substitutes 

of each other. Immigrants and natives remain imperfect substitutes of each other even when their 

age and education is same. As a matter of fact immigrants do not affect natives. They found that 

immigrants have a very little impact on the wages of natives but they have a sizeable negative 

impact on the earnings of previous immigrants. New immigrants are closer substitutes of 

previous immigrants, so they compete in the same labour market resulting in the reduction of 

wages of previous immigrants.  

III. Data 

I use data from the UK Citizenship Survey
2
 for this thesis. First survey was conducted in 2001 

and then it was conducted on a biennial basis. Second survey was conducted in 2003, third in 

2005 then in 2007 – 08, 2008 – 09 and 2009 – 10. The survey became continuous in 2007 and 

data was available on quarterly basis. After collection of data for the four quarters, a combined 

dataset was generated for use. For the initial three waves, Home Office was responsible to 

conduct the Citizenship Survey and was known as “Home Office Citizenship Survey” (HOCS) at 

that time and later in May 2006 responsibility was moved to the Communities and Local 

Government department (CLG) now known as the Department for Communities and Local 

Government (DCLG). This survey is conducted in England and Wales. Each survey is comprised 

of respondents aged 16 and above with a core sample and a minority ethnic boost. “The minority 

ethnic boost is generated by combination of focussed enumeration and over sampling in high 

                                                 
2
 The Department for Communities and Local Government, Ipsos MORI, TNS-BMRBor, HMSO and the UK Data archive bear 

no responsibility for any interpretations or findings of this thesis. Any interpretation, errors or omissions are sole responsibility of 

the author. 
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minority ethnic density areas” (Home Office. Communities Group and BMRB. Social Research, 

2001).  

Surveys conducted in between 2007 – 2010 are used in this thesis because previous waves do not 

have the outcome variable used in this piece of research. Respondents are categorized into 

immigrants and natives on the basis of their own country of birth and country of birth of their 

mother and father. If a person is born in UK and his mother and father both are born in UK as 

well then he is considered as a native and referred as a native from now onwards. On the other 

hand, if the respondent is born abroad and his mother and father are born outside UK then the 

respondents is considered as an immigrant and referred as an immigrant from now onwards. To 

comply with the above stated definition of immigrants and natives, all of the respondents with 

unknown country of birth or unknown country of birth of either of their parents or respondents 

having different country of birth than their parents are dropped from the analysis. This helped me 

to clearly distinguish between immigrants
3
 and natives

4
. Immigrants are further subdivided into 

former immigrants and later immigrants. Former immigrants are all those immigrants who came 

to UK five or more than five years ago and later immigrants are all those immigrants who came 

to UK within last five years. Respondents of age 65 or over are also dropped from the analysis 

because they are out of labour force so apparently they don’t play any role in wage 

determination. Descriptive statistics are given in Table 4 in appendix. 

The dependent variable for this thesis is “wage of the respondent”. Wage is measured by asking 

the respondents to select a wage range from the given annual wage ranges on the questionnaire
5
. 

                                                 
3
 All respondents who are born abroad and whose both parents are born abroad as well. 

4
 All respondents who are born in UK and whose both parents are born in UK as well. 

5
 For reading how each question is asked and what is the exact wording of every question relevant to dependent or 

each independent variable, full questionnaire is available at www.ukdataservice.ac.uk 
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For using wage as a dependent variable, log wage is calculated after finding the mean of the 

wage intervals. Key variables for this thesis are, “immigrant status”, “language proficiency”, 

“education” and “ethnicity”. Estimates are also controlled for “employment status”, “age”, 

“age
2
”, “wave year”, “religion”, “practising religion or not” and “geographical region”. 

Three dummy variables are generated for the immigrant status variable, namely natives, former 

immigrants and later immigrants. Natives are considered as the reference category. For language 

proficiency variable, three dummies are generated, namely native English, speaking good and 

speaking poor. Language proficiency is self assessed. Respondents select the level of their 

language proficiency from the questionnaire on a level ranging from very good to very poor. For 

using this question as an independent variable, very poor and poor are collapsed to make one 

dummy named speaking poor and good and very good are collapsed to make the dummy named 

speaking good. Natives are not asked this question so the native respondents automatically fall in 

the dummy named native English. Native English is the omitted category for this variable. Seven 

dummies are generated for education variable. Education dummies are as follows: Higher 

degree, first degree, diploma in higher education, trade apprenticeship, O-level, other 

qualification, no qualification. First degree is the reference category for education variable. 

Seven dummies are generated for ethnicity variable and are named as white, subcontinent
6
 

(asian), other asian, black, mixed race and Chinese. Four dummy variables are generated for 

employment status variable, named as employed, out of labour force, self employed and 

unemployed. Employed dummy is treated as the reference category. Age is used as a continuous 

variable. Wave year has three dummies and year 2007 – 2008 is considered as the reference year 

for the wave year variable. There are eight dummies for religion variable namely Christians, 

                                                 
6
 Subcontinent contains the Indian, Pakistani, Bangladeshi and Sri Lankan ethnicities 
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Buddhists, Hindus, Jews, Muslims, Sikhs, other religions, and no religion. Christians is the 

reference category for the religion variable. Two dummies are created for practising religion or 

not. Geographical region has ten dummies named London, North East, North West, York and 

Humber, East Midland, West Midland, East England, South East, South West and Wales. 

London is considered as the reference category. 

IV. Methodology 

For estimation, I initially divide the data into males and females due to existence of male and 

female wage differentials found by a vast literature, for instance Kiker (1978) and Kunze (2005). 

It is highly unlikely that males and females experience same wage levels. These two categories 

are further subdivided into natives, former immigrants and later immigrants.  

In the UK Citizenship Survey dataset, respondents’ wage is given in classes. I take the midpoint 

of the classes and then take log of the wage to use it as my outcome variable. OLS is used for 

running the regressions. All the regression models are handled through Stata 11.2. Before 

running the regressions I checked for the correlation between immigrants and their 

characteristics through VIF (Variance Inflation Factor), and found no signs of high 

multicollinearity. VIF values for most of the variables are around 1 to 2 and the tolerance 

(1/VIF) value is higher than 0.17 for all the independent variables. As a rule of thumb if VIF 

value is greater than 10 (some researchers suggest 5) or tolerance value is lower than 0.1, then 

multicollinearity is a problem. Initially I run following models. 

Model 1. log(WagesMalei) = α +                    +                  +    

 

Model 2. log(WagesFemalei) = α +                    +                  +    
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Model 3. log(WagesMalei) = α +                    +                   +   
    +    

 

Model 4. log(WagesFemalei) = α +                    +                   +   
        

 

 

 

Model 5. log(WagesMalei) = α +                    +                   +   
    +    

 

Model 6. log(WagesFemalei) = α +                    +                   +   
        

 

In each model “d” represents the regression coefficient of the respective dummy variable. E is a 

vector containing a constant and all the independent variables
7
 except ethnicity,   contains the 

slope parameters and the intercept, and   is the error term. X is another vector containing a 

constant and all the independent variables including ethnicity. Model 1 is used to find the 

unadjusted wage differences between the native male wages and former and later immigrant 

male wages. Model 2 is used to find the unadjusted wage differences between native female 

wages and former and later immigrant female wages.  Model 3 is used to find out the differences 

in wages between native males and former and later immigrant males after controlling for the 

independent variables other than ethnicity. Model 4 is used to find the wage differences between 

native females and former and later female immigrants’ wages after controlling for the 

independent variables other than ethnicity. Ethnicity is included in model 5 and model 6 for 

checking whether there is an ethnic discrimination in wage determination or not? This 

methodology has been previously used by Mayda (2006) for analyzing the importance of 

economic and noneconomic determinants towards immigration. She included economic 

determinants in one model and economic and non-economic determinants in another model and 

                                                 
7
 Age, Age

2
, Employment Status dummies, Language Proficiency dummies, Wave Year dummies, Religion 

dummies, Practising Religion dummy, Education dummies, Region dummies and Ethnicity dummies. 
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then subtracted the R
2 

to find out the variation due to economic and noneconomic determinants. 

F test is also used to check whether the ethnicity dummies are jointly significant for the models 

or not.  

This thesis uses the Oaxaca-Blinder decomposition technique for calculating the wage 

differentials between different respondent groups. This decomposition technique was first used 

by Oaxaca (1973) and Blinder (1973). It is used for decomposing the mean differences in 

outcome variables of two groups based on their regression models, which is then decomposed 

into two parts, explained and unexplained. Explained part shows the difference that is due to the 

difference in the productivity factors (independent variables) and the unexplained part of the 

difference is usually attributed to discrimination. The respondent groups are as follows: “male 

natives (MN)”, “male former immigrants (MFM)”, “male later immigrants (MLM)”, “female 

natives (FN)”, “female former immigrants (FFM)”, and “female later immigrants (FLM)”.  

 

For calculating the decomposition of wage differentials between different respondent categories, 

Oaxaca (1973) and Blinder (1973) decomposition technique is used that is briefly explained 

below. Models
8
 for each respondent category are run using the Equation 1 given below. 

Equation 1 

log(      ) =   
    +    , E(   =0, j ∈ { MN, MFM, MLM, FN, FFM, FLM } 

 

                                                 
8
 Model 7: Male Natives (MN) 

Model 8: Male Former Immigrants (MFM) 

Model 9: Male Later Immigrants (MLM) 

Model 10: Female Natives (FN) 

Model 11: Female Former Immigrants (FFM) 

Model 12: Female Later Immigrants (FLM) 
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Where X is a vector containing all the independent variables
9
 and a constant,   contains the slope 

parameters and the intercept, and   is the error term. Wage differentials between “male natives” 

(MN) and “male former immigrants” (MFM) are decomposed using the equations given below. 

Wage differentials between MN & MLM, MFM & MLM, FN & FFM, FN & FLM, and FFM & 

FLM are decomposed similarly. Their equations are given in the appendix.   

 

Difference = E(   )        E(    )      
 

 

By rearranging and solving the above equation we get 

 

Equation 2 

 Difference =                                     
         

 +                                                                         
           

 

Here    is the unknown non-discriminatory coefficients vector. There are different ways to 

compute this non-discriminatory coefficient vector. For example, Reimers (1983) suggests to use 

the average coefficients of compared groups (MN & MFM). To keep it simple, this thesis 

assumes that when natives are compared, negative discrimination is directed towards former and 

later immigrants whereas, natives face no discrimination. In this case,    would be equal 

to   
 or in other words “male natives” coefficients are used as the reference coefficients. 

Whereas, when former and later immigrants are compared, negative discrimination is only 

experienced by later immigrants and there is no discrimination towards former immigrants so    

would have the value of     
 . Similarly, when FN & FFM and FN & FLM, are compared the 

unknown non-discriminatory coefficients vector    is assumed to be equal to    
  and when FFM 

& FLM are compared    is assumed to be equal to     
 .  

                                                 
9
 Age, Age

2
, Employment Status dummies, Language Proficiency dummies, Wave Year dummies, Religion 

dummies, Practising Religion dummy, Education dummies, Region dummies and Ethnicity dummies 
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The “explained” part of the Equation 2 represents the wage differential due to differences in the 

productivity factors (independent variables) of “male natives” and “male former immigrants”. 

Whereas, part of the equation referred as “unexplained”, is usually attributed to discrimination. 

Important point to remember here is that, this “unexplained” part also captures the possible 

effects of differences in unobserved variables. 

To test whether the important parameters in different samples (MN & MLM, MFM & MLM, FN 

& FFM, FN & FLM, and FFM & FLM) are equal or not “seemingly unrelated estimation” 

command in Stata is used. Results are explained in greater detail in Section V. 

V. Results 

Model 1 for males and model 2 for females estimate the unadjusted difference between native 

males and former and later male immigrants. The models show that there is a significant amount 

of difference in wages of native males, former and later immigrant males; same is true for 

females as well. Three respondent groups (natives, former immigrants and later immigrants) in 

male and female category are significantly different from each other. The unadjusted coefficients 

for immigrant status dummies show that former male immigrants earn 25.7% and later male 

immigrants earn 51.7% less wages as compared to the native males. Similarly, the unadjusted 

coefficients for female immigrant status dummies show that former female immigrants earn 

18.5% and later female immigrants earn 40.2% less than the native females. 

In models 3 and 4, I introduce the independent variables other than ethnicity and still found the 

wage differences with high level of significance. Model 3 shows that after controlling for the 

observables other than ethnicity, former male immigrants earn 19.2% and later male immigrants 

earn 32% less wages as compared to native males. Likewise in model 4 former female 
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immigrants earn 5.2% and later female immigrants earn 16.5% less wages than the native 

females. 

In model 5 and model 6, I introduce the ethnicity dummies along with all other control variables. 

After controlling for ethnicity, model 5 shows that former male immigrants earn 13.3% and later 

male immigrants earn 26.7% less wages as compared to native males. Similarly, model 6 shows 

that after controlling for ethnicity former female immigrants earn 4% and later female 

immigrants earn 14.9% less wages as compared to native females. Males from Subcontinent earn 

9.3%, black males earn 12.8% and males with mixed ethnicity earn 17.6% less wages than white 

males with high level of statistical significance. Rest of the ethnicity dummies are insignificant. 

In model 6, females from Subcontinent earn 11.4% and females having other Asian ethnicity 

earn 13.4% less wages as compared to the white females. Ethnicity coefficients for females range 

from 0.3% – 13.4%. 

F test shows that ethnicity dummies are jointly significant for the models. For finding the 

variation due to ethnic discrimination, I subtract the R
2
 of model 3 from model 5 for males, and 

R
2 

of model 4 from model 6 for females. Apparently, ethnicity is adding nothing to the models 

but it is decreasing the coefficients of migrant status dummies. It means that ethnicity effect is 

already picked up by the migrant status dummies in model 3 and model 4. Although, R
2 

is not a 

very reliable measure for justifying the validity or correctness of the model because R
2 

is upward 

biased on inclusion of additional independent variables. But here R
2 

is not upward biased 

because R
2 

and adjusted R
2 

remains the same. Coefficients for the main variables are given in 

Table 1.  
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Table 1: Models 

Earnings Males Females 

M 1 M 3 M 5 M 2 M 4 M 6 

Later 

Immigrants 

-0.517*** 

(0.028) 

-0.320*** 

(0.028) 

-0.267*** 

(0.033) 

-0.402*** 

(0.028) 

-0.165*** 

(0.028) 

-0.149*** 

(0.033) 

Former 

Immigrants 

-0.257*** 

(0.019) 

-0.192*** 

(0.022) 

-0.133*** 

(0.029) 

-0.185*** 

(0.017) 

-0.052** 

(0.021) 

-0.040 

(0.028) 

Sub Continent   -0.093** 

(0.040) 

  -0.114*** 

(0.038) 

Other Asian   -0.077 

(0.051) 

  -0.134*** 

(0.051) 

Black   -0.128*** 

(0.035) 

  0.028 

(0.031) 

Mixed Race   -0.176*** 

(0.055) 

  0.003 

(0.043) 

Chinese   0.095 

(0.078) 

  -0.070 

(0.066) 

Other 

Ethnicities 

  -0.030 

(0.044) 

  -0.095** 

(0.042) 

Constant 9.810*** 

(0.011) 

8.328*** 

(0.076) 

8.360*** 

(0.076) 

9.268*** 

(0.010) 

8.902*** 

(0.072) 

8.890*** 

(0.073) 

Sample Size 12101 12075 12072 14223 14196 14193 

R
2 0.037 0.460 0.461 0.020 0.353 0.355 

 

Level of Significance: *10%, **5%, ***1% 

Parenthesised numbers are robust standard errors. 

Models 3 – 6 are also controlled for employment status, language proficiency, survey year, 

age, age
2
, religion, practising religion or not, education and region. Model 3 and Model 4 are 

not controlled for ethnicity. 
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For calculating the determinants of each respondent category
10

 Equation 1 is used. Table 2 

shows the wage determinants for each respondent category. After that, Equation 2 is used to 

calculate the decomposition of the wage differentials between the compared
11

 groups. 

Language proficiency dummies show that the male natives having good spoken English earns 

1.2% less and those having poor spoken English earn 39.2% less wages as compared to the 

male natives whose main language is English. Former male immigrants with good spoken 

English earn 12.9% less and former male immigrants with poor spoken English earn 26.7% 

less wages as compared to the former male immigrants with English as their main language. 

Later male immigrants with good spoken English earn 5.4% less and those of having poor 

spoken English earn 25.7% less wages as compared to the later male immigrants with English 

as their main language. Similarly the models for natives, former and earlier immigrant 

categories in females show that females with good spoken English earn 0% – 4.4% less 

wages as compared to respective omitted category and females with poor spoken English in 

my three respondent groups earn 5.4% – 14.5% less wages than the relevant reference 

dummy. This shows that language proficiency is a very important wage determinant. This 

finding is in line with the previous literature for instance Evelina (1988) found the similar 

results about language proficiency for foreign born men. 

Another important wage determinant is age. Age has a positive relationship with wages for 

each respondent category of natives, former immigrants and later immigrants in male and 

female broad groups. This positive relationship of age exists because age captures the work 

experience that leads towards the higher earnings. Ethnicity dummies show that in male 

                                                 
10

 Model 7: Male Natives (MN) 

Model 8: Male Former Immigrants (MFM) 

Model 9: Male Later Immigrants (MLM) 

Model 10: Female Natives (FN) 

Model 11: Female Former Immigrants (FFM) 

Model 12: Female Later Immigrants (FLM) 

 
11

 MN & MFM, MN & MLM, MFM & MLM, FN & FFM, FN & FLM, and FFM & FLM 
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native category, all the ethnicities earn 4.2% – 21.3% less than the white native males. Model 

8 shows that former male immigrants with ethnicity of Subcontinent earn 11.8% and Chinese 

earn 23.1% more as compared to the white former male immigrants. Model 9 shows that 

male later immigrants with ethnicity other than white earn 11.7% – 31.4% less wages as 

compared to white male later immigrants. Likewise model 10, 11 and 12 for native, former 

and later immigrant females show that most of the ethnicities earn less as compared to the 

white ethnicity of relevant respondent category. Ethnicity dummies are not showing any 

consistent patter that’s why we cannot say with surety that ethnic discrimination is going on 

or not. Religion dummies for all the models from 7 – 12 does not show a constant pattern. 

In all the models there is a mix of positive and negative impact of religion on wages earned, 

more information is needed to investigate this religion effect. The most important wage 

determinant is education. Model 7 shows that male natives having higher degree earn 14.5% 

more wages as compared to the male natives with first degree. Apart from higher degree 

dummy, male natives having any education earn 27.3% – 65.9% less wages as compared to 

the male natives with first degree as their qualification. Similarly in model 8, male former 

immigrants with higher degree earn 24.1% more and male former immigrants with other 

education categories earn 21.4% – 50.6% less wages as compared to former male immigrants 

with first degree. Later male immigrants with higher degree earn 26.7% more and rest of the 

later male immigrants with any education category earn 11.8% – 23.5% less wages as 

compared to the later male immigrants with first degree. Likewise models 10, 11 and 12 for 

female natives, former female immigrants and later female immigrants show that respondents 

of each category with higher degree earn 18.6%, 16.6% and 15.2% more wages respectively 

as compared to the females having first degree of their relevant omitted category. Whereas 

native females with other than higher degree earn 37.8% – 70.2% less, former female 

immigrants with other than higher degree earn 21.4% – 40.5% less and later female 
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immigrants with other than higher degree qualification earn 10.4% – 43.3% less wages as 

compared to the first degree holder of the respective respondent category. This shows that 

education has similar effect on natives, former immigrants and later immigrants for both male 

and female groups. Language proficiency, age and education are very important wage 

determinants. Further information is required for in depth investigation of ethnicity effect and 

religion effect.  

Table 3 shows the decomposition of wage differentials between the compared groups. Results 

show that there is a difference of 25.5% between male natives and male former immigrants, 

out of which 9.3% is due to the difference between their productivity factors and 16.3% is 

attributed to discrimination or unobserved factors. Similarly, the log wage difference between 

male natives and male later immigrants is 51.8%, out of which 25% is attributed to the 

observables and 26.7% is attributed to the unobserved factors. The log wage difference 

between male former immigrants and male later immigrants is 26.2% out of which 9.7% is 

the explained difference due to the difference in productivity factors and 16.5% is the 

difference due to the unobserved factors. Results show that the difference between male 

natives and male former immigrants is smaller than the difference between male natives and 

male later immigrants. 

In the female category, the log wage difference between female natives and female former 

immigrants is 18.5%, which is divided into 13.1% for the observable characteristics and 5.4% 

for the unobserved factors. The log wage difference between female natives and female later 

immigrants is 40% out of which 24% is attributed to explained difference and 16% is the 

unexplained difference. When female former immigrants and female later immigrants are 

compared their log wage difference is 21.5% out of which 9.9% accounts for the explained 

difference and 11.6% is the unexplained difference. In female category the difference 
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between natives and former immigrants is smaller than the difference between natives and 

later immigrants. 

Regression results show that language proficiency, age and education are very important 

wage determinants. As the final step, this thesis tests that whether the parameters for the 

important wage determinants (language proficiency, age and education) in different samples 

(MN & MLM, MFM & MLM, FN & FFM, FN & FLM, and FFM & FLM) are equal or not. 

The results of “seemingly unrelated estimation” show that the parameters of almost all of the 

important wage determinants are equal for all the compared samples except for two education 

dummies i.e. “other qualification” and “no qualification”. Parameters for these two education 

dummies are different for all the compared samples. This finding makes sense as these two 

dummies include all those respondents who do not fit in the well defined education dummies. 

All the findings are discussed in greater detail in Section VI. 
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Table 2: Models for finding wage determinants for each respondent category 

Earnings Males Females 

Natives Former 

Immigrants 

Later 

Immigrants 

Natives Former 

Immigrants 

Later 

Immigrants 

Out of 

Labour Force 

-0.972*** 

(0.032) 

-0.810*** 

(0.046) 

-0.888*** 

(0.069) 

-0.719*** 

(0.025) 

-0.858*** 

(0.033) 

-0.915*** 

(0.060) 

Self 

Employed 

-0.016 

(0.026) 

-0.102*** 

(0.037) 

-0.078 

(0.105) 

-0.212*** 

(0.042) 

-0.054 

(0.074) 

-0.172 

(0.160) 

Un Employed -0.853*** 

(0.030) 

-0.868*** 

(0.040) 

-0.884*** 

(0.063) 

-0.691*** 

(0.024) 

-0.857*** 

(0.036) 

-1.084*** 

(0.055) 

Speak Good -0.012 

(0.087) 

-0.129*** 

(0.027) 

-0.054 

(0.044) 

-0.035 

(0.074) 

-0.044 

(0.027) 

0.000 

(0.049) 

Speak Poor -0.392** 

(0.153) 

-0.267*** 

(0.051) 

-0.257*** 

(0.075) 

-0.054 

(0.159) 

-0.106** 

(0.044) 

-0.145** 

(0.068) 

Age 0.104*** 

(0.004) 

0.063*** 

(0.008) 

0.087*** 

(0.015) 

0.049*** 

(0.004) 

0.034*** 

(0.007) 

0.052*** 

(0.014) 

Age
2 -0.001*** 

(0.000) 

-0.001*** 

(0.000) 

-0.001*** 

(0.000) 

-0.000*** 

(0.000) 

-0.000*** 

(0.000) 

-0.001*** 

(0.000) 

Sub 

Continent 

-0.240** 

(0.118) 

0.118* 

(0.064) 

-0.314*** 

(0.084) 

-0.095 

(0.130) 

-0.095 

(0.060) 

-0.124 

(0.086) 

Other Asian 0.103 

(0.176) 

0.080 

(0.074) 

-0.246** 

(0.105) 

0.107 

(0.324) 

-0.166** 

(0.073) 

-0.043 

(0.098) 

Black -0.172** 

(0.079) 

0.007 

(0.060) 

-0.188** 

(0.077) 

-0.021 

(0.062) 

0.052 

(0.054) 

-0.010 

(0.076) 

Mixed Race -0.179** 

(0.073) 

-0.096 

(0.094) 

-0.119 

(0.160) 

-0.002 

(0.061) 

-0.016 

(0.075) 

0.085 

(0.132) 

Chinese -0.042 

(0.127) 

0.231** 

(0.106) 

-0.177 

(0.153) 

0.000 

(.) 

-0.056 

(0.091) 

0.169 

(0.127) 

Other 

Ethnicities 

-0.213* 

(0.120) 

0.102 

(0.070) 

-0.117 

(0.083) 

-0.219** 

(0.103) 

-0.059 

(0.064) 

-0.068 

(0.089) 

Buddhists -0.352** -0.032 -0.244* -0.106 -0.022 -0.247** 
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(0.170) (0.103) (0.135) (0.190) (0.101) (0.101) 

Hindus -0.026 

(0.182) 

0.018 

(0.050) 

0.247*** 

(0.080) 

-0.037 

(0.185) 

-0.004 

(0.050) 

0.080 

(0.084) 

Jews 0.425*** 

(0.154) 

-0.129 

(0.426) 

0.889*** 

(0.195) 

0.063 

(0.158) 

-0.032 

(0.178) 

0.054 

(0.428) 

Muslims 0.036 

(0.117) 

-0.127*** 

(0.042) 

-0.012 

(0.059) 

0.015 

(0.118) 

-0.015 

(0.037) 

0.041 

(0.069) 

Sikhs 0.204 

(0.171) 

0.017 

(0.062) 

0.132 

(0.148) 

-0.092 

(0.246) 

0.035 

(0.064) 

-0.054 

(0.154) 

Other 

Religions 

-0.182*** 

(0.064) 

-0.021 

(0.080) 

0.216 

(0.169) 

-0.030 

(0.052) 

0.075 

(0.068) 

-0.290** 

(0.133) 

No Religion -0.049** 

(0.020) 

-0.023 

(0.066) 

0.061 

(0.124) 

0.062*** 

(0.021) 

-0.055 

(0.076) 

-0.128 

(0.109) 

Practice 

Religion 

-0.024 

(0.025) 

-0.076*** 

(0.028) 

-0.167*** 

(0.048) 

-0.028 

(0.020) 

-0.028 

(0.032) 

-0.071 

(0.059) 

Higher 

Degree 

0.145*** 

(0.034) 

0.241*** 

(0.047) 

0.267*** 

(0.065) 

0.186*** 

(0.037) 

0.166*** 

(0.054) 

0.152* 

(0.084) 

Diploma in 

HE 

-0.273*** 

(0.026) 

-0.243*** 

(0.043) 

-0.118* 

(0.069) 

-0.378*** 

(0.026) 

-0.214*** 

(0.041) 

-0.104 

(0.073) 

Trade 

Apprentice 

-0.378*** 

(0.038) 

-0.214** 

(0.098) 

-0.186 

(0.241) 

-0.624*** 

(0.127) 

-0.311 

(0.229) 

-0.433 

(0.394) 

O Level -0.447*** 

(0.027) 

-0.344*** 

(0.045) 

-0.266*** 

(0.080) 

-0.534*** 

(0.026) 

-0.405*** 

(0.043) 

-0.282*** 

(0.089) 

Other 

Qualification 

-0.565*** 

(0.041) 

-0.419*** 

(0.049) 

-0.173*** 

(0.063) 

-0.631*** 

(0.039) 

-0.391*** 

(0.048) 

-0.183** 

(0.074) 

No 

Qualification 

-0.659*** 

(0.031) 

-0.506*** 

(0.043) 

-0.235*** 

(0.069) 

-0.702*** 

(0.031) 

-0.302*** 

(0.046) 

-0.234*** 

(0.076) 

Constant 8.223*** 

(0.094) 

8.640*** 

(0.170) 

8.279*** 

(0.269) 

8.891*** 

(0.093) 

9.042*** 

(0.161) 

8.668*** 

(0.250) 

Sample Size 6915 3650 1507 8589 4257 1347 

R
2 0.496 0.393 0.401 0.342 0.362 0.379 

Level of Significance: *10%, **5%, ***1%. Parenthesised numbers are robust standard errors. All the models are controlled for wave year and region as well. 
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Table 3: Decomposition of wage differentials 

Oaxaca and Blinder Decomposition 

Males Mean of 

Log wages 

Difference Explained Unexplained 

Natives 9.810 0.255*** 
(.019) 

0.093*** 
(.040) 

0.163*** 
(.040) Former Immigrants 9.555 

     

Natives 9.810 0.518*** 
(.028) 

0.250*** 
(.049) 

0.267*** 

(.050) Later Immigrants 9.293 

     

Former Immigrants 9.555 0.262*** 
(.030) 

0.097*** 
(.025) 

0.165*** 
(.029) Later Immigrants 9.293 

     

Females 

Natives 9.268 0.185*** 
(.017) 

0.131*** 
(.042) 

0.054 
(.043) Former Immigrants 9.084 

     

Natives 9.27 0.40*** 
(.03) 

0.24*** 
(.05) 

0.16*** 
(.06) Later Immigrants 8.87 

     

Former Immigrants 9.084 0.215*** 
(.030) 

0.099*** 
(.024) 

0.116*** 
(.029) Later Immigrants 8.869 

 

Level of Significance: *10%, **5%, ***1%.  

Parenthesised numbers are robust standard errors.  
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VI. Discussion and Conclusions 

Results show that clear wage differentials exist between immigrants and natives, and within 

immigrants as well. There could be couple of explanations for the existence of this wage 

differential within immigrants. One simple explanation could be that as the time passes, 

immigrants make better social networks which can help them in getting a better paid job. The 

second explanation could be that as the time passes; immigrants learn new skills which 

eventually help them in getting better paid jobs. Similar to my second explanation is also given 

by many researchers who investigated the wage differentials between natives and immigrants. 

For instance Chiswick (1978) and Carliner (1980) for US, Bloom and Gunderson (1991) and 

Baker and Benjamin (1994) for Canada, Beggs and Chapman (1991) for Australia, and 

Dustmann (1993) for Germany that there is a positive relationship between earnings and years of 

stay in the host country. They all argue that as the years of stay increase immigrants learn new 

skills which bring them closer to the natives that in turn result in getting better wages and after 

10 – 15 years wage differentials between immigrants and natives disappear. However, this 

positive relationship is not found in the case of Sweden (Hammarstedt, 2003). My findings are in 

line with the previous literature and I find that this positive relationship between years of stay 

and earnings is also true for explaining the wage differentials existing within the immigrants.  

The decomposition of wage differentials show that there is higher explained wage difference 

between natives and later immigrants as compared to the difference between natives and former 

immigrants. This is true for both male and female categories. This finding strengthens my two 

explanations regarding the existence of wage differentials discussed in previous paragraph. 

Results show that former and later immigrants are significantly different from each other and 
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former immigrants are closer to natives and are far away from later immigrants. This holds true 

for both male and female categories. 

From the results it is not clear that whether there is evidence of ethnic discrimination or not. 

There is no variation in the R
2 

by inclusion or exclusion of the ethnicity variable in the models. 

Although, ethnicity variable adds no explanatory power to the models but ethnicity dummies are 

highly significant with large magnitudes. F test also shows that ethnicity dummies are jointly 

significant for the models. When ethnicity dummies are introduced, regression coefficients of 

migrant status dummies for later and former immigrants drop but they still remain big with high 

level of statistical significance. It means that ethnicity is playing a role in wage differentials, this 

finding is in line with the finding of Hammarstedt (2003) for Sweden that wage differences exist 

for workers from different regions. No matter ethnicity is controlled or not former immigrants 

always earn nearer to natives and later immigrants earn far away from natives.  

Models for analyzing the wage determinants of natives, former immigrants and later immigrants 

show that language proficiency, education and age are the most important wage determinants. 

These are equally important for natives, former immigrants and later immigrants in determining 

their wages. Seemingly unrelated estimation also confirms that parameters for language 

proficiency, education and age are equal for the compared samples. Whereas, further research is 

needed to investigate the religion effect as religion does not show a consistent pattern. 
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VIII. Appendix 

Male Natives (MN) & Male Later Immigrants (MLM) 

Difference =                                     
         

 +                                                                         
           

 

 

Male Former Immigrants (MFM) & Male Later Immigrants (MLM) 

 Difference =                                      
         

 +                                                                           
           

 

 

Female Natives (FN) & Female Former Immigrants (FFM) 

Difference =                                   
         

 +                                                                       
           

 

 

 Female Natives (FN) & Female Later Immigrants (FLM) 

Difference =                                   
         

 +                                                                       
           

 

 

Female Former Immigrants (FFM) & Female Later Immigrants (FLM) 

Difference =                                      
         

 +                                                                           
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Table 4: Descriptive Statistics 2007 – 2010  

 Males Females 

 Natives Former Immigrants Later Immigrants Natives Former Immigrants Later Immigrants 

Variables Mean Std. Dev. Mean Std. Dev. Mean Std. Dev. Mean Std. Dev. Mean Std. Dev. Mean Std. Dev. 

Out of Labour Force 0.105 0.306 0.115 0.319 0.144 0.351 0.172 0.377 0.345 0.475 0.317 0.465 

Employed 0.621 0.485 0.567 0.496 0.659 0.474 0.597 0.491 0.439 0.496 0.436 0.496 

Self Employed 0.125 0.331 0.158 0.364 0.051 0.220 0.056 0.231 0.039 0.193 0.021 0.143 

Unemployed 0.149 0.357 0.160 0.367 0.147 0.354 0.175 0.380 0.178 0.382 0.226 0.418 

Main Language 0.980 0.141 0.539 0.499 0.408 0.492 0.983 0.128 0.550 0.498 0.374 0.484 

Speak Good 0.018 0.134 0.390 0.488 0.504 0.500 0.014 0.116 0.338 0.473 0.478 0.500 

Speak Poor 0.002 0.046 0.071 0.256 0.088 0.283 0.003 0.054 0.113 0.316 0.148 0.355 

2007 – 2008 0.313 0.464 0.281 0.449 0.293 0.455 0.327 0.469 0.295 0.456 0.325 0.469 

2008 – 2009 0.324 0.468 0.322 0.467 0.340 0.474 0.325 0.469 0.332 0.471 0.356 0.479 

2009 – 2010 0.363 0.481 0.397 0.489 0.367 0.482 0.348 0.476 0.373 0.484 0.319 0.466 

Age 42.414 13.598 42.128 11.227 31.272 8.807 41.694 13.222 41.544 11.299 31.046 8.810 

White 0.939 0.239 0.063 0.243 0.095 0.294 0.945 0.228 0.071 0.257 0.129 0.335 

Sub Continent 0.027 0.161 0.498 0.500 0.439 0.496 0.018 0.132 0.402 0.490 0.303 0.460 

Other Asians 0.001 0.038 0.075 0.264 0.075 0.263 0.001 0.029 0.052 0.223 0.086 0.280 

Blacks 0.014 0.116 0.221 0.415 0.186 0.389 0.015 0.123 0.313 0.464 0.247 0.432 

Mixed Race 0.013 0.113 0.031 0.173 0.034 0.181 0.015 0.121 0.040 0.197 0.041 0.198 

Chinese 0.000 0.012 0.022 0.148 0.032 0.177 0.000 0.000 0.034 0.181 0.061 0.240 

Other Ethnic 0.006 0.078 0.089 0.285 0.139 0.346 0.006 0.078 0.087 0.282 0.133 0.339 

Christians 0.700 0.458 0.259 0.438 0.322 0.467 0.751 0.432 0.374 0.484 0.429 0.495 

Buddhists  0.003 0.055 0.018 0.132 0.028 0.166 0.002 0.043 0.018 0.134 0.046 0.209 

Hindus 0.002 0.048 0.143 0.350 0.152 0.359 0.002 0.042 0.116 0.320 0.138 0.345 
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Jews  0.002 0.042 0.001 0.033 0.002 0.045 0.004 0.064 0.002 0.048 0.001 0.038 

Muslims  0.027 0.163 0.460 0.498 0.397 0.489 0.021 0.142 0.379 0.485 0.266 0.442 

Sikhs  0.002 0.049 0.049 0.216 0.025 0.157 0.001 0.030 0.043 0.204 0.026 0.159 

Other Religion 0.018 0.132 0.021 0.142 0.020 0.140 0.022 0.145 0.027 0.163 0.024 0.154 

No Religion 0.245 0.430 0.049 0.216 0.054 0.225 0.198 0.398 0.040 0.197 0.070 0.255 

Practising Religion 0.174 0.379 0.693 0.461 0.704 0.457 0.271 0.445 0.772 0.420 0.731 0.443 

Not Practising 0.826 0.379 0.307 0.461 0.296 0.457 0.729 0.445 0.228 0.420 0.269 0.443 

First Degree 0.153 0.360 0.152 0.359 0.225 0.418 0.150 0.357 0.136 0.343 0.167 0.373 

Higher Degree 0.081 0.273 0.134 0.340 0.243 0.429 0.070 0.255 0.098 0.298 0.156 0.363 

Diploma in Higher 
Education 

0.264 0.441 0.170 0.376 0.143 0.350 0.256 0.436 0.203 0.402 0.187 0.390 

Trade Apprentice 0.056 0.230 0.017 0.129 0.009 0.096 0.006 0.078 0.002 0.046 0.003 0.054 

O level 0.220 0.414 0.131 0.338 0.076 0.266 0.283 0.450 0.159 0.365 0.086 0.280 

Other Qualification 0.057 0.231 0.115 0.320 0.152 0.359 0.050 0.217 0.124 0.329 0.205 0.404 

No Qualification 0.169 0.375 0.280 0.449 0.152 0.359 0.186 0.389 0.278 0.448 0.195 0.396 

London 0.094 0.293 0.545 0.498 0.471 0.499 0.089 0.285 0.566 0.496 0.446 0.497 

North East 0.058 0.233 0.009 0.095 0.027 0.163 0.065 0.246 0.008 0.088 0.016 0.124 

North West 0.145 0.352 0.080 0.271 0.085 0.280 0.139 0.346 0.070 0.254 0.091 0.288 

York and Humber 0.101 0.302 0.072 0.259 0.089 0.284 0.108 0.310 0.061 0.240 0.087 0.281 

East Midland 0.095 0.293 0.060 0.238 0.080 0.272 0.089 0.284 0.063 0.244 0.080 0.271 

West Midland 0.107 0.309 0.101 0.301 0.081 0.274 0.102 0.303 0.095 0.293 0.080 0.271 

East England 0.102 0.302 0.049 0.216 0.042 0.200 0.104 0.306 0.047 0.211 0.073 0.260 

South East 0.146 0.354 0.066 0.249 0.089 0.284 0.140 0.347 0.068 0.251 0.098 0.297 

South West 0.094 0.292 0.010 0.101 0.026 0.159 0.095 0.293 0.014 0.119 0.022 0.147 

Wales 0.058 0.233 0.007 0.081 0.011 0.102 0.069 0.253 0.008 0.090 0.008 0.090 

Observations 6920 - 6932 3653 - 3658 1508 - 1511 8594 - 8605 4263 - 4268 1348 - 1350 


