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ABSTRACT 

In this paper new and detailed empirical evidence on the impact of family on 

individuals’ stock market participation decision is provided. Since influence is likely 

to vary systematically over different types of individuals the heterogeneous effect of 

social interaction, in a setting including both community as well as within-family 

effects, is further examined. The main results indicate that individuals’ likelihood for 

subsequent participation increases (decreases) following positive (negative) parental 

and partner stock market experiences. The effect of social interaction is further 

found to be of relatively greater importance for individuals with relatively lower 

levels of financial literacy and for individuals with an on average higher level of 

interpersonal trust. In terms of gender, both male and female participation is 

positively affected by family influence, while community effects mainly pertain to 

males.  
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SOCIAL INTERACTION is an important channel through which individuals’ financial behavior is 

influenced. This is, for example, indicated by the survey data reported in Van Rooij et al. (2011), 

where individuals respond that parents, friends, and acquaintances are one of the most essential 

sources for advice concerning important financial decisions. For the decision to own stocks a 

number of papers have confirmed this statement on revealed preference data.
1
 For example, Duflo 

and Saez (2000), Hong et al. (2004), and Brown et al. (2008), all find that the behavior among 

peers in an individuals’ community affect the individual’s stock market participation decision.
2
 

While there is a growing body of literature studying community effects and stock market 

participation, less is known about within-family influence. The only detailed study, to the authors’ 
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knowledge, is Li (2013), who studies and finds effects of information sharing within extended 

families.  

Given the potential importance of social interaction for individuals’ financial decision making, 

the objective of the current paper is to enhance the understanding of the role of family in an 

individual’s stock market participation decision. This is today a largely unexplored area, but the 

results of Li (2013) indicate its potential significance. Li (2013) does, for example, find that the 

likelihood of stock market entry for a household investor is about 20 to 30 percent higher if his or 

her parents had entered the stock market during the previous five years. A novelty in our study is 

that the analysis of social interaction includes both community, as well as, within-family effects. 

This is potentially important since ideas have been put forth that in societies where people are 

raised to trust their close family networks, they are also taught to distrust people outside the family 

(Fukuyama, 1995). This then, implies a possible trade-off between the use of within-family and 

community shared information. Studying these effects separately, as in the existing literature, may 

therefore give a biased view of the different components’ relative role in affecting individuals’ 

financial decisions. A second novelty in the paper is the inclusion of an individuals’ partner in its 

social network. This is an extension to Li (2013) and may be of potential interest since one’s 

partner usually is one of the most central parts of an individual’s social environment.  

Another objective of the paper is to study who among individuals is the most affected by social 

interaction (including both family and community) or uses socially shared information in their 

decisions to own stocks. This is today an unexplored question since the earlier literature has 

mainly focused upon identification of social interaction effects for an average individual. The 

question is important since heterogeneity in information usage (both with regard to type of 

information used, and in terms of how it is analyzed) is a potential central factor in the 

understanding of heterogeneity in individuals’ expectations governing financial decisions, e.g. 

regarding expectations about equity returns (Manski, 2004; Dominitz and Manski, 2011).
3
 That 

social interaction may be of different value for different individuals is also, in a broad sense, of 

interest in the understanding of effects from diffusion of financial information among individual 

investors (see e.g. Shiller and Pound, 1989; Ivkovic and Weisbenner, 2007), herding behavior 

among individuals (see e.g. Devenow and Welch, 1996; Choe et al., 1999; Kim and Wei, 2002; 

Kumar and Lee, 2006; Barber et al., 2009), as well as in the understanding of external effects from 

financial educational initiatives
4
. Knowing who among individuals are likely to be affected by 

social interaction then also indicates through whom financial information is likely to be spread, 

mimicking behavior is likely to be adopted, and who in a financially educated individuals’ social 

environment are likely to be affected by knowledge spillovers.  

The analysis in the paper is performed on an extensive data set including Swedish individuals 

and information about their parents, partners, as well as a large number of controls, e.g. detailed 

information about financial holdings, personal income, wealth, family situation, and education. In 

the study we focus on identifying social interaction effects both in terms of family effects (parents 

and partners), as well as community effects in a joint framework. To identify social interaction 

effects we utilize our detailed data of individuals’, parents’, and partners’ holdings of stocks. In the 

outcome based approach
5
, e.g. Kaustia and Knüpfer (2012), one-year-lagged portfolio outcomes 

among family and community members are assumed to form a time-varying family and a 

community sentiment towards stock investments, shared or observed by individuals through social 

interaction. Recent positive experiences (portfolio outcomes) among parents, partners or 

                                                           
3 Dominitz and Manski (2011) and related literature therein find substantial heterogeneity in individuals’ expectations about 

equity returns. 
4 During recent years a number of educational initiatives directed towards increasing individuals’ financial literacy have 

been pursued, e.g. the Dodd-Frank Wall Street Reform and Consumer Protection Act of 2010. Since the value of such 

programs potentially are not only restricted to the educated individual, but also possibly affect others through the 
individuals’ social network, the above results may indicate in what contexts knowledge spillovers are most likely to occur. 
5 Outcome-based social learning has theoretically been modeled by e.g. Ellison and Fudenberg (1993, 1995), McFadden 

and Train (1996), Persons and Warther (1997), Banerjee and Fudenberg (2004), and Cao et al. (2011). Empirical research 
on the issue is still, however, limited. Munshi (2004) and Kaustia and Knüpfer (2012) are two exceptions. 
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community members are then assumed to encourage, while negative experiences (portfolio 

outcomes) discourage, individuals’ subsequent participation. Given that the identification is 

conditioned upon whether parents owned stocks during the individuals’ adolescence and on the 

total community participation rate, the within-family and community effects are considered to 

capture recent family and community sentiments, rather than effects driven by inherited 

similarities in family preferences, both through biological and social influence (e.g. Kimball et al., 

2009), or common community values (e.g. Guiso et al., 2004). 

In terms of within-family social interaction effects, the results from the study indicate significant 

effects from parents and partners on an individual’s decision to own stocks. In particular, a 

positive (negative) portfolio performance among mothers, fathers and partners in the previous 

period, increases (decreases), on average, participation among adult individuals.
6
 These results are 

interesting since they extend those in Li (2013). Li measures the effect of previous stock market 

entry by extended family members on individuals’ likelihood of participation, but does not 

discriminate between whether family members encounter positive or negative experiences after 

entry. Our results point towards the fact that family members’ stock market entry alone may not be 

sufficient in influencing individuals to participate, but it rather depends on family members’ 

experiences after entry. For partner influence tentative evidence is found indicating effects on 

participation from information sharing, as well as from influence by a partner with a relatively 

larger bargaining power within the household.  

In regards to community effects, these are found to be significant for increasing proportions of 

positive portfolio outcomes in a community, but are not affected by increasing proportions of 

portfolios with negative outcomes. These results support the findings in Kaustia and Knüpfer 

(2012) in that positive stock market outcome experiences are more likely to be shared within the 

community than negative. This also highlights a difference in information sharing between 

individuals and their family compared to that with peers in the community. Negative stock market 

experiences seem to be shared (and have an adverse effect upon participation) within family, but 

not with the outside community. 

In terms of who among individuals are affected by social interaction or information sharing, this 

is investigated in relation to gender, level of financial literacy and interpersonal trust. The focus 

upon gender is motivated by the growing interest in underlying reasons to why males and females 

differ in their financial decision making, the later observed in numerous papers, e.g. Haliassos and 

Bertaut, (1995), Jianakoplos and Bernasek (1998), Sundén and Surette (1998), Bajtelsmit et al. 

(1999), Barber and Odean (1999), Dwyer et al. (2002), Eckel and Grossman (2008), Van Rooij et 

al. (2011), Halko et al. (2012). In particular, a possible differing impact of social interaction upon 

males’ and females’ decisions to own stocks is then an indication about whether they place a 

differing relative weight to information obtained casually or that they process this type of 

information differently (see the Selectivity Model proposed by Meyers-Levy, 1989). Taken 

together our empirical results indicate that both females and males are positively affected by 

family members’ portfolio outcomes, while community effects mainly pertain to males.  

For financial literacy, which has been a central factor in the discussion about individuals’ 

financial market participation during recent years (e.g. Van Rooij et al., 2011), results, in general, 

indicate that social interaction (here, parental and community effects) is of significant importance 

mainly for individuals with medium and low levels of financial literacy, but not for individuals 

with a relatively higher level of financial literacy.
7
 This result supports the idea that highly 

financially literate non-participating individuals may have a larger number of additional sources of 

financial information, as well as, a better knowledge to process information in comparison with 

                                                           
6 Even if the partner effect (correlation) is likely to be driven by a mix of different mechanisms, e.g. matching of partners 

with similar preferences or financial decisions taken by a partner with a high bargaining power, tentative evidence is also 
found for social interaction or information sharing driven effects. 
7 With respect to partners, there is no systematic pattern based on financial literacy, instead individuals of all levels of 

financial literacy is significantly positively correlated with partner portfolio outcome. This is, as discussed within the paper, 
most likely driven by that the within household decision is more complex and driven by other mechanisms. 
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individuals with low financial literacy. Thus, the relative importance of socially shared 

information becomes lower among highly financially literate individuals. The results are further in 

line with results in Van Rooij et al. (2011), where individuals with lower levels of financial 

literacy state a relatively higher importance to advice from parents, friends, or acquaintances when 

making important financial decisions.  

The evidence concerning the role of trust indicates tentatively that social interaction effects are 

stronger among individuals with an on average higher level of interpersonal trust. These results are 

interesting since they extend the general role of trust in explaining stock market participation. 

While the earlier literature, e.g. Guiso et al. (2008) and Georgarakos and Pasini (2011), mainly 

emphasizes the direct effect of trust (or mistrust) on non-participation, the results in this paper 

indicate that trust may also have an indirect role in either strengthening or weakening effects of 

social interaction or socially shared information.  

The empirical study of the paper gives new and more detailed evidence about within-family 

social interaction and is the first to consider the full picture including both within-family and 

community effects, as well as, regarding heterogeneous impact of social interaction upon 

individuals’ stock market participation decision. The results have throughout been challenged by 

various robustness tests and been found to hold.  

The rest of the paper is organized as follows. In Section I we develop motivations and discuss 

the empirical identification of family and community effects before considering heterogeneous 

effects of social interaction. In Section II the data is presented along with the empirical model and 

details about the measurement of variables. Section III contains our empirical analysis, as well as 

robustness testing of our results. Section IV concludes. 

I. Motivations and identification of family and community effects  

Social interaction is, in general, thought to serve as a mechanism for information sharing, either 

by means of word-of-mouth communication or through observational learning (Banerjee, 1992; 

Bikhchandani et al., 1992; Ellison and Fudenberg, 1993, 1995). A link between individuals’ stock 

market participation decision and the level of participation in its social environment may then be 

motivated by (i) a lowering of fixed non-monetary participation costs (see e.g. Vissing-Jorgensen, 

1999) through social learning, (ii) a desire to be included in a social context (e.g. Hong et al. 

2004), and (iii) a “keeping/catching up with the Joneses” effect for individuals striving to maintain 

a similar level of consumption as their social group (Abel, 1990; Gali, 1994; Bakshi and Chen, 

1996; DeMarzo et al., 2004). A main challenge when studying social interaction effects
8
 is to find 

an appropriate identification strategy to establish causality. As Manski (1993, 1995) among others 

has stated there is a clear identification problem with measuring effects of social interactions due 

to endogeneity. For example, communities are most likely systematically formed, and solely 

measuring the correlation in participation between individuals and their community may lead to 

incorrect conclusions because it could in fact reflect various unobservable influences. Spurious 

correlation may consequently occur even after controlling for observable characteristics. In terms 

of family effects, measures of correlations between e.g. parental ownership and individuals’ 

ownership, are likely to capture both inherited behavior driven by similarity in risk preferences, 

behavioral learning during adolescence, as well as effects driven by information sharing.
9
 For 

partner effects observed ownership correlations are likely to be driven by the matching process, 

e.g. if there is a systematic matching on risk preferences, by a common financial household 

                                                           
8 Effects from social interaction is labeled differently in different literature, e.g., as peer effects, community effects, 
neighborhood effects, network effects, herding, mimicking, conformity, observational learning and outcome-based 

learning.   
9 Identification problems associated with endogenous sorting and matching are not likely to be an issue when studying 
correlation between individuals and their parents since the relationship is purely biological and hence, exogenous. In our 

data parents may not be biological parents, but instead a partner of a biological parent living in the same household as the 

individual during adolescence. However, there is no reason to believe that this will induce any additional matching 
concerns.  
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decision maker, and/or by influence through information sharing. In light of this, we focus in this 

section on issues related to the empirical identification of family and community information 

sharing driven effects, along with motivations for these. Lastly, heterogeneous effects of social 

interaction are discussed. Because data is limited to parents with whom the individual grew up and 

individuals’ partners, i.e. excluding siblings
10

, we consider the issue related to these groups. 

A. Parental influence 

The parental influence upon an individual is multidimensional and complex. An individual is 

born, inherits common genetic features, and throughout life is affected by their parents through 

their role in the social environment. In early life an individual is likely affected by parents’ 

behavior, experiences, values and attitudes, while later in life through their role in an individuals’ 

social network. To systematically study the parental effect upon the decision to own stocks, we 

have broadly divided parental influence between inherited or learnt behavior during the pre-adult 

period and the influence through the parents’ role in the adult individuals’ social micro 

environment.  

An individual’s contemporary relationship with its parents is thought to include sharing of 

information and experiences, as well as, involve discussions leading to confirmation or rejections 

of possible actions.
11

 Few studies have so far studied parental social interaction effects in the 

financial context. One exception is Li (2013), who studies the sequential correlation between 

parental and individuals’ entry in the stock market. Parental entry later in life (assumed to be 

driven by an exogenous factor not affecting individuals’ later entry) is then thought to influence 

individuals’ entry through information sharing.
12

 The results indicate that the likelihood of stock 

market entry for a household investor is about 20 to 30 percent higher if their parents or children 

had entered the stock market during the previous five years. Since stock market experiences 

acquired by parents after entry may not necessarily be positive, e.g. if parents experience large 

losses, we hypothesize that parental performance in stock markets is even more informative than 

parental entry itself. Changes in past parental portfolio values capture either positive or negative 

stock market experiences, assumed to be shared within the family.
13

 This is in contrast to Li 

(2013), where parental entry is thought to uniformly encourage individuals’ sequential entry in the 

stock market regardless of whether the parental post-entry performance renders a positive or 

negative experience. While the literature on community effects, i.e. Kaustia and Knüpfer (2011), 

only finds information sharing effects as a reaction to positive portfolio performances (not for 

negative), it seems a priori more likely that negative experiences are also shared within family.  

To establish that the performance measures actually capture a contemporaneous relationship it is 

important to condition upon inherited behavior since the existing literature provides ample 

evidence upon intergenerational relationships between parents and adult children, e.g. Solon 

(1992), Charles and Hurst (2003) and Charles et al. (2007). Thus, one has to take into account that 

children can “inherit” their parents’ risk preferences both through social and biological influence 

(e.g. Kimball, Sahm and Shapiro, 2009; Cesarini et al., 2010). In line with Chiteji and Stafford 

(1999), who study the cross-generational influence on young adults’ portfolio choice and find that 

the likelihood of young families to hold transaction accounts and stocks is affected by whether 

parents held these assets or not, we include variables measuring the behavior of parents during the 

adult child’s adolescence. The included variables pertain to parents’ education, salary, as well as, 

                                                           
10 Li (2013) included sibling in his study but found no significant effect upon an individuals’ decision to own stocks. The 

exclusion of siblings in this study may therefore, based on this earlier evidence, be of smaller importance.  
11 Based on the findings in Li (2013), the effect of family influence on stock market participation goes in both directions. 
However, since we have less background information pertaining to parents we consider in the main analysis the parental 

effects upon an individual’s decision to own stocks. The reverse relationship is investigated in a reduced model presented at 

the end of the paper. 
12 A similar approach has been tried within the current paper, but since the number of parents entering later in life (in our 

observational period) is small we did not follow that route.   
13 The use of the lagged portfolio outcome is in line with e.g. Brown et al. (2008) and Kaustia and Knüpfer (2011). This 
avoids capturing correlations due to mutual reactions to new information. 
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parental financial market participation (stock and/or mutual fund markets) during the individual’s 

youth. In particular, the latter is an important conditioning variable since the likelihood that an 

individual is familiar and aware of stocks as a financial instrument is higher growing up in a home 

with actively participating parents. Guiso and Jappelli (2005), in a survey of Italian households, 

document that lack of financial awareness is an important factor explaining household investor 

non-participation, as well as, that proxies for social interaction (in our context within family) are 

positively correlated with financial awareness.  

Since it is possible that unobserved factors, e.g. ability, may be correlated between parents and 

an individual and ability have been shown to be associated with both higher participation rates and 

superior portfolio performance (e.g. Christelis et al., 2010; Grinblatt et al., 2011), there is a risk 

that correlation between positive and negative parental portfolio performance and sequential 

individual entry may be driven by unobserved factors. To control for this we also include random 

individual specific effects in the econometric model to control for possibly missing factors. The 

combined inclusion of both parental control variables connected to an individual’s adolescence 

and random individual specific effects then enables us to establish that correlations between 

(lagged) parental portfolio outcome and an individual’s stock market participation are driven by 

social interaction and information sharing. 

B. Partner influence 

Household financial decision making is often modeled using a unitary framework treating 

households as a single decision-making unit with a common utility function with pooled income.
14

 

There is, however, evidence indicating that risk preferences of individual members in a household 

(significant determinants of household portfolio choice) are heterogeneous between partners, e.g. 

Barsky et al. (1997), Charles and Hurst (2003), Mazzocco (2004) and Kimball et al. (2008). A 

large and growing amount of literature in economics further provides evidence that household 

saving and investment decisions are significantly affected by how bargaining power is allocated 

within the household, e.g. Thomas (1990, 1994), Hoddinott and Haddad (1995), Browning (2000), 

Duflo (2003), Armendariz de Aghion and Murdoch (2004). Apart from this, there also exists 

substantial sociological literature acknowledging the above, but also the role of information and 

communication in intra-household decision-making (see e.g. Dwyer and Bruce, 1988; Zelizer, 

2005). Given the objective of the current paper, this indicates that information sharing between 

partners may be an important aspect of social interaction which can influence individuals’ decision 

to own stocks.  

To study the effect of social information sharing within a household, i.e. between partners, is, 

however, as indicated above, a daunting task. An observed correlation between individuals’ and 

partners’ stock market participation may, apart from information sharing and observational 

learning, also be driven by a partner with a large bargaining power. Friedberg and Webb (2006) 

do, for example, find, by analyzing survey data, that households tend to invest more heavily in 

stocks as the husband’s bargaining power increases. Elder and Rudolph (2003) and Friedberg and 

Webb (2006) further find that bargaining power is positively correlated with financial knowledge, 

educational level, and wage, irrespective of gender. In lack of direct measures of how decisions are 

made in a household, proxy measures such as relative income is often applied (e.g. Lyons and 

Yilmazer, 2007). Another main concern in the identification of intra-household information 

sharing effects, as pointed out by Li (2013), is that unlike families, which are formed by 

exogenous biological reasons, most households are endogenously created. An observed positive 

correlation between individuals’ and partners’ decisions to own stocks may then be driven by 

matching of individuals with similar preferences for stock market participation.  

Given the difficulty in identifying the effect of intra-household information sharing upon 

participation, we approach this in a practical way. In the main analysis the possible correlation 

                                                           
14 Alternatively, individuals are modeled separately without concern to other members of the household. 
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between individuals’ decisions to own stocks and the partners’ lagged portfolio outcome is 

modeled. Given that a positive correlation is found, we interpret this to be driven either by intra-

household information sharing, a positive matching on preferences, and/or by a household member 

with a dominating bargaining power. To shed light upon whether social interaction or information 

sharing within the household is a significant factor in explaining individuals’ participation, we 

then perform a more detailed study on a smaller sub-sample. This sample consists of non-

participating singles in period t becoming partners in the following period (t+1). This allows us to 

study the separate influence of meeting a participating partner on a non-participating individual. 

The focus on non-participating individuals is chosen to avoid matching on similar preferences, i.e. 

to avoid capturing a correlation driven by a matching of participating individuals. To further 

separate the effect of information sharing we use an interaction variable between partner portfolio 

outcome and an indicator of bargaining power within the household. The indicator variable is 

based on the individual’s and the partner’s incomes, and captures the effect of equal partners, i.e. 

of a couple with similar disposable incomes.
15

 The use of the interaction variable will then 

separate the correlation (between a participating partner’s portfolio outcome and a non-

participating individual’s likelihood to participate) between households with a dominating partner 

and households with non dominating partners. The information sharing effect within a household 

affecting participation for the non-participating individual is then captured by the later. 

C. Community effects 

A number of papers (e.g. Hong et al., 2004; Brown et al., 2008; Grinblatt et al., 2011; Kaustia 

and Knüpfer, 2011) have linked the behavior of neighbors and colleges, or more broadly 

individuals’ behavior in one’s community, to individuals’ participation decision. In this literature a 

main concern is the identification of casual community effects, e.g. Manski (1993, 1995) and 

Brown et al. (2008).  

Given our detailed data on stock holdings community effects are identified, in line with our 

parental and partner effects, using the portfolio outcomes among peers.
16

 The return of peer 

portfolios is thought to generate either positive or negative stock market experiences at the 

individual level forming, at the aggregate, a community sentiment towards stock market 

participation. The outcome based approach is similar to Kaustia and Knüpfer (2011)
17

, but differs 

because the proportions of peers with positive and negative portfolio outcomes, respectively, are 

separated within the same community and time period. This is in contrast to Kaustia and Knüpfer 

(2011), who aggregate direct stock holdings at the zip code level, and measure the average returns 

of the zip code portfolios, giving either a positive or negative sentiment among neighbors in a 

given period.
18

 Since Kaustia and Knüpfer (2011) do not find evidence of information sharing for 

past negative community portfolio outcomes, it is of interest to test whether this holds true in this 

more detailed specification. Psychological theories in motivated cognition, self-deception, and 

attribution, as well as results from experiments, confirm that people have a self-serving bias in 

recalling and interpreting the factors involved in their successes and failures.  A discrepancy 

between one’s action and self-image is argued to cause discomfort according to the cognitive 

dissonance theory, and thus, people try to act in ways that reduce this discomfort (Festinger, 1957; 

Akerlof and Dickens, 1982). In Bénabou and Tirole (2002), an economic model is presented in 

which agents protect their self-esteem by engaging in self-deception through selective memory and 

awareness. Furthermore, Han and Hirshleifer (2011) develop a model where investors are more 

likely to discuss their profitable investments than their losing ones, and people fail to adjust for 

this bias when choosing investment style. Discussing favorable outcomes may also simply be more 

                                                           
15 A relationship is categorized as equal if the relative income is ranging between 0.9 and 1.1.  
16 An approach following Brown et al. (2008) have also been used in the testing of the robustness of our results yielding 

similar conclusions as in our main analysis. 
17 A thorough discussion of the outcome based approach in the research literature is given by Kaustia and Knüpfer (2011). 
18 Note here that our approach separating the strength of the positive, respectively, the negative sentiment in a given period 

varies across communities at a given point in time. Thus, even if individuals’ in two communities mainly experience a 
dominating positive sentiment of differing level, there may be a stronger negative pressure in one of the communities.  
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enjoyable than discussing bad ones and private benefits can also be gained from appearing as a 

competent investor.  

To ensure that community effects are not driven by common community values (Guiso et al. 

2004), a variable measuring the proportion of individuals in the community participating in the 

stock market is also included along with community fixed effects controlling for unobserved 

community heterogeneity.   

D. Heterogeneous effects of social interaction  

    The effect of social interaction or shared information, both within-family and within the 

community, on an individual’s financial decisions is likely to differ between individuals. 

Informational constraints or bounded rationality imply that individuals may use different sources 

of information, heterogeneously processed and analyzed (e.g. Weber et al., 2005), in the formation 

of expectations about return and risk. Manski (2004, p. 1354) do, for example, state the following: 

“The empirical existence of such strong heterogeneity in investments expectations runs counter to 

the usual rational expectations assumption that all persons access and process public information 

in the same way”. This proposition is supported by earlier work by, for example, Harris and Raviv 

(1993), Kandel and Pearson (1995) and Morris (1995), but also by more recent in behavioral 

finance, see e.g. Daniel et al. (2002). Thus, it is plausible to assume that individuals in their 

formation about expected return and risk from stock market participation at differing degrees are 

affected by information obtained through social interaction. If the individual, for example, trusts 

the information, i.e. finds it highly reliable, it is more likely that it affects the individual’s 

subsequent decisions. To what extent word-of-mouth information is found reliable is likely to 

depend on, among other factors, the nature of the information, the individual’s availability of other 

information, and the ability to process such information. In the paper we consider the possible 

heterogeneous effect of social interaction upon an individual’s stock market participation decision 

along three main dimensions. One, we consider possible differences based on gender; two, based 

on an individual’s level of financial literacy; and three, based on the individual’s level of 

interpersonal trust.  

The examination of to what extent there is a difference based on gender is motivated by the large 

number of papers that have found systematical differences in observed choices of risky assets 

between males and females, e.g. Haliassos and Bertaut, (1995), Jianakoplos and Bernasek (1998), 

Sundén and Surette (1998), Bajtelsmit et al. (1999), Barber and Odean (2001), Dwyer et al. (2002), 

Eckel and Grossman (2008), Van Rooij et al. (2011), Halko et al. (2012). A possible, but largely 

unexplored, explanation to these observed differences, apart from possible differences in risk 

aversion, concerns systematical differences in expectations of return and risk. A first indication of 

this may be given by observing systematical differences in information processing and usage 

between genders. The fact that males and females process information in different ways is, for 

example, suggested in the Selectivity Model by Meyers-Levy (1989). A finding of systematical 

differences in impact from social interaction between genders may then be taken as tentative 

evidence that differences in usage of (socially obtained) information, leading to systematical 

differences in perceptions of return and risk, may explain part of the observed gender differences 

in financial choices. In the empirical analysis, possible gender differences in effects from social 

interaction is tested by interacting gender dummies with the parental, partner, and community 

outcome variables. 

 Given the importance and focus on financial literacy in the participation literature, e.g. Van 

Rooij et al. (2011), this is a natural dimension to consider. Highly financially literate non-

participating individuals may have a larger number of additional sources of financial information, 

as well as a higher ability to process information obtained through social interaction in comparison 

with individuals with low financial literacy. It is, thus, likely that the relative importance of 

socially shared information differs depending on an individual’s level of financial literacy. This is, 
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for example, indicated by data from the DNB Household Survey
19

, reported by Van Rooij et al. 

(2011). On the question “What is your most important source of advice when you have to make 

important financial decisions for the household?” about 40 percent of individuals in the lowest 

quartile of financial literacy answered parents, friends and acquaintances. The corresponding 

figure for individuals in the highest quartile of financial literacy was about 20 percent. These 

survey results then imply that the effect of social interaction, both within family and community, 

should be relatively larger for individuals with relatively lower levels of financial literacy. Another 

argument in favor of this expectation is that highly financially literate individuals may have better 

access to and understanding of financial information and further be more likely to be trusted in 

spreading this type of information. Thus, highly financially literate individuals are, on average, 

more likely to be providers, while low financial literate individuals are more likely to be receivers, 

of financial information through social interaction. It is, however, also likely that individuals’ with 

relatively higher levels of financial literacy to a larger extent function in social contexts where 

stock market related issues are more frequently discussed. This would then motivate a 

contradictory hypothesis where highly financially literate individuals are affected to a relatively 

larger extent through their larger exposure to casually spread financial information. In the 

empirical analysis we test the possible heterogeneous effect of social interaction by use of 

interaction variables between indicators of financial literacy and the variables capturing within-

family and community interaction, respectively.  

Individuals’ level of interpersonal trust is the third dimension along which heterogeneous effects 

of social interaction are examined. A high trusting individual is more likely to believe and act upon 

information received from social interaction with family members or members of the community 

than an individual with a low level of interpersonal trust. Trust may then either strengthen or 

weaken the impact of social interaction upon an individual’s financial decisions. Guiso et al. 

(2008) and Georgarakos and Pasini (2011) have previously demonstrated the direct effect from 

trust upon individuals’ decision to participate. In these studies trust, or rather mistrust, in financial 

markets has been shown to affect individuals’ participation decision. Individuals can also become 

more confident in taking financial decisions if peers, whom they trust, take similar decisions. 

Thus, an individual with a relatively higher level of interpersonal trust, all else equal, will then 

place a greater value on peer participation, i.e. they are to a greater extent affected through 

observational learning. Since measures of interpersonal trust are not readily available for 

individuals, we utilize in this study aggregated measures of trust. In this broad approach we 

compare differences in social interaction effects between individuals with different cultural 

upbringing. A justification for this approach is given by Guiso et al. (2004), who suggest that the 

social capital of an individuals’ region of birth can have long lasting effects on its future financial 

decisions. Since our data includes individuals born in foreign countries, we make use of data from 

the World Value Survey 1999-2008. This data displays the average level of interpersonal trust for 

individuals belonging to different geographical regions. The possible effects of differences in 

interpersonal trust are then tested by use of interaction variables combining social interaction 

variables and dummies indicating whether an individual belongs to a family from a culture with 

an, on average, high or low level of interpersonal trust.  

II. Data, empirical methodology, and variable measurement 

A. Data  

   We use data pertaining to all Swedish residents born in 1963 and 1973, observed between the 

years 1999 and 2007. Data on individuals’ stockholdings are collected both from tax records by 

Statistics Sweden, as well as from the Nordic Central Securities Depository Group (NCSD).
20

 The 

                                                           
19 The DNB Household Survey covers a representative sample of Dutch households. 
20 As an official securities depository and clearing organization, NCSD (www.ncsd.eu) plays a crucial role in the Nordic 

financial system. NCSD currently includes VPC and APK, the Swedish and Finnish Central Securities Depositories, to 
which all actors on the Nordic capital markets are directly or indirectly affiliated. NCSD is responsible for providing 
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latter maintains an electronic database on the ownership of all Swedish stocks. For each investor, 

this data set include the ownership records of all stocks owned at the end of December and at the 

end of June each year, i.e. the data is recorded at 6-month intervals. The high quality of our data is 

best illustrated by the fact that the NCSD stockholdings data is the (only) official record to prove 

ownership of the stock of Swedish firms. Data on individuals other wealth (mutual funds, bank 

holdings, real estate, and investments in debt securities), and taxable income are drawn from the 

Swedish tax authorities, and are reported on an annual basis from December 1999 to December 

2007, while individual characteristics for the same period have been collected from Statistics 

Sweden.
21

 In addition to this, data belonging to individuals’ parents, both during the observational 

period 1999 to 2007, as well as to the individuals’ adolescence (age 17-19), along with data for 

possible partners during 1999 to 2007 has also been collected.  

As within-family social interaction effects are being examined, all selected individuals have a 

partner in the main analysis, and their parents, not necessarily their birth-parents, are observed in 

the data set.
22

 Parents are identified as observed adults registered on the same address as the 

individual, between 1980-1982 for individuals born in 1963, and between 1990-1992 for those 

born in 1973 (when the individual was 17-19 years old). The proportion of individuals with a 

registered partner, spouse, or cohabite, increases from 22.9 to 60.6 percent during the observed 

time period, one potential explanation being the cohorts’ relatively young age. Furthermore, a 

partner is a registered partner with whom the individual live, i.e. including cohabiters. If an 

individual change marital status to single they are no longer included in the sample. However, they 

can reenter in a later time period if they get a partner later on. In total, the selected sample consists 

of 366,897 observations, divided on 88,730 individuals, where the older cohort represents 51.8 

percent of the observations.  

In Table 1 stock market participation rates for the aggregated sample are displayed.  

[Table 1 about here.] 

  The participation rates increase slightly over the years for both cohorts (the rate is ranging from 

13.4 in 2001 to 19.2 percent in 2007).
23

 A noticeable feature is that individuals born 1963 are, on 

average, participating in the stock market to a higher extent in comparison to those born in 1973. 

One possible explanation for this difference may be age and consequently, the fact that older 

individuals, on average, earn more and have a more stable income. In Table 2, Panel A, descriptive 

statistics for the selected sample is displayed.  

[Table 2 about here.] 

   In the considered sample, the average stock market participation rate over the considered years is 

28.9 percent, approximately 50 percent of the individuals are females, slightly less than 50 percent 

of the individuals own mutual funds, and about 66 percent of the individuals are married. The 

average disposable income over the sample period is 180,000 Swedish kronor (SEK) and the 

average net wealth is 364,400 SEK.
24

 The average disposable income is slightly lower in our 

sample compared to the total Swedish population, which is 231,000 SEK. The average net wealth 

for the total Swedish population is 874,157 SEK and thus, considerably larger than the sample 

average.
25

 A possible explanation for these discrepancies is the relatively young age of our sample.   

                                                                                                                                                                          
services to issuers, intermediaries and investors, as regards the issue and administration of financial instruments as well as 

clearing and settlement of trades on these markets. 
21 Individual characteristics are collected from the LISA database, Statistics Sweden. 
22 The sample with single individuals, i.e. those who lack a partner during the considered period, is analyzed in the 

robustness testing section at the end of the paper.  
23 The overall household participation rate in Sweden was 22.5 percent in 2002 and 14.9 percent in the end of 2012 

(Statistics Sweden). 
24 The average SEK/US dollar exchange rate during the years 1999 to 2007 is 0.1232 SEK per USD. 
25 Statistics comes from Wealth Statistics and Household economy (HEK) from Statistics Sweden (SCB). 
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    Communities are defined using Swedish municipality codes extracted from individual home 

addresses, and community members are those from the same cohort as the individual, as well as all 

registered partners. This enables us to study effects of community members from same generation 

which are most likely part of the individual’s peer group. A municipality may be seen as too large 

of a group to be considered a peer group for a single individual. Our data is extensive and rich, and 

therefore additional categorizations of community peer groups have been tested; individuals in a 

community were divided into income, wealth, and work sector quantiles. Results did not, however, 

display any significant differences between specifications. In addition, communities are of 

adequate size which enables the vast majority of one’s social interactions to be captured. The 

communities are also comparable, but smaller in size, to MSAs (Metropolitan Statistical Areas) 

which are often applied in similar studies based on US data (e.g. Brown et al, 2008). Municipality 

areas also provide well-defined and non-overlapping communities, and contain a sufficient amount 

of individual observations to give reasonable estimates. In Table 2, Panel B, summary statistics 

pertaining to community statistics are displayed.  

B. Econometric model, variable measurement, and control variables 

    To study the effect of social interaction upon an individual’s stock market participation decision 

a panel data probit model with random effects is employed. The dependent variable takes the value 

one if an individual, i, participate in the stock market at time t, zero otherwise. A linear probability 

model is further estimated in each step providing a reference. The random effects specification is 

motivated since the within-variance in the dependent variable
26

 is not sufficient for a fixed-effects 

approach and numerous of the control variables are time-invariant, e.g. controls for inherited 

behavior from parents. Henceforth, stock market participation is analyzed by estimating the 

following random-effects probit model: 

                          

    The      function is an indicator function that equals one if the     function takes a value 

greater than zero. The     function is defined as 

                   
   

              
       

     
                      

    The main coefficients of interest are those measuring effects of family and community stock 

portfolio outcomes    and      for j=mother, father and partner and k= positive and negative, 

where SPO measure parental and partner one-year lagged stock portfolio outcomes and CP the 

one-year lagged community proportions of positive and negative portfolio outcomes in community 

c. Individual demographic and economic characteristics, as well as, average background 

characteristics of the mother and father are found in   
  (for variable definitions, see Table A6 in 

Appendix A). Time-variant and time-invariant community characteristics are contained in vector 

  
   

 and     , and time fixed effects in   . Random effects are captured by   , and     is the error 

term.  

    The main variables of interest, i.e. the measures of parents, partners, and community members 

stock portfolio outcomes, are retrieved from actual stock portfolio values collected from tax 

records by Statistics Sweden. The variables are then constructed by taking the difference in percent 

from one year to another. In the analysis the portfolio outcomes are lagged one year to avoid 

capturing spurious correlations due to reactions to similar information or shocks at time t. If 

parents, partners, or community members are not participating the value is set to zero, since no 

changes occur. An important aspect to consider, since we are interested in measuring successful 

and unsuccessful portfolio performance leading to either a positive or negative sentiment towards 

the stock market, is that portfolio values also change due to alterations in the composition of the 

                                                           
26 In the sample we observe that once an individual has entered the stock market they are not very likely to exit during the 
observed time period. 
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portfolio. To account for this possibility we perform our analysis on two separate samples. In the 

main analysis (denoted Panel I in the results section) trading individuals are included. Results are 

then validated in the robustness testing of our findings by repeating the analysis on a reduced 

sample (Panel II) excluding individuals buying or selling stocks between two observed points in 

time (individuals who trade are identified using the data from NCSD). In Table 3 the proportions 

of family members buying or selling stocks during the observed period is displayed.  

[Table 3 about here.] 

    Overall, trading is more frequent in the beginning of our sample period, highest for fathers, and 

mostly lowest for mothers. In Figure 1, the average portfolio outcomes for mothers, fathers, and 

partners are shown. 

[Figure 1 about here.] 

    The yearly portfolio outcomes are, in general, slightly lower for mothers than for fathers, while 

highest for partner portfolios during the observed time period.  

    Alternative mechanisms besides social interaction may affect results and thus, numerous control 

variables are included in all specifications. Summary statistics of control variables were shown in 

Table 2 with variable definitions in Appendix A, Table A6. The richness of our data enables us to 

add time-variant and time-invariant control variables at the individual level, for example, cohort 

belonging, income, net wealth, gender, educational attainment, number of children (divided into 

age groups), and an indicator variable for whether the individual has obtained a higher degree in 

business administration and/or economics. Information about partners’ yearly disposable incomes 

and education levels are also added. To ensure that the outcome based measures capture effects 

from contemporaneous social interaction, we control for potential inherited behavior from parents 

by including average background characteristics for mothers and fathers connected to the 

individual’s adolescence. These parental controls include variables capturing parents’ educational 

levels, incomes, as well as financial market participation indicators based on whether parents’ 

acquired capital income during individuals’ pre-adult years. To ensure that the portfolio outcome 

based community variables capture social interaction effects the proportion of individuals in the 

community participating in the stock market is further included to capture common community 

values. Since the general development of the stock market may affect individuals’ behavior 

through general media exposure, time fixed effects have been added to control for 

contemporaneous influence. To control for one-year lagged effects an aggregated average portfolio 

outcome measure based on the entire sample is also included.     

    Two variables of particular interest in the analysis of heterogeneous interaction effects are the 

individual’s level of financial literacy and level of interpersonal trust. Since we lack good 

measures of these, we use proxy variables. The level of financial literacy is defined with an 

indicator variable constructed based on the individual’s level of education and subject major. 

Individuals with 9 years of schooling or less are considered to be low financial literates, whereas 

high financial literates are those that have acquired at least 3 years of university education within 

economics and/or business administration. Medium financial literates are then individuals that do 

not have 3 years or more of university studies within economics and/or business administration, 

but at least 9 years of schooling. To capture individuals’ level of interpersonal trust, average trust 

levels based on country of origin are constructed from the World Surveys from 1999-2008.
27

 Data 

on trust in people that live in the individual’s neighborhood and for people they know personally is 

collected and averaged for people of European origin and Non-European origin. Here an 

individual is categorized to have a Non-European origin if the person or anyone of his/her parents 

is born outside of Europe. A drawback with this approach is that only 3.1 percent of the sample is 

categorized as Non-Europeans, while the advantage is that there is a marked variation in levels of 

trust between the groups. The level of trust in people a person knows personally is 1.1 for Non-

                                                           
27 For a more detailed description see: www.worldvaluessurvey.org 
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Europeans and 2.4 for Europeans, while the level of trust in one’s neighborhood is, on average, 1 

for Non-Europeans and 2.1 for Europeans. Thus, people of Non-European origin have, on average, 

a significantly lower inter-personal level of trust in both people in their neighborhood and people 

they know personally. 

    Apart from the rich number of control variables, time-invariant community fixed effects and 

lagged values, eliminate concerns about spurious correlation, common unobservables (such as 

financial sophistication), and reversed causality. Time fixed effects are included to capture 

potential time trends
28

, and a large set of time-variant community controls are added to minimize 

potential problems of unobservables and spurious correlation (e.g. information about composition 

of industry and occupation, community-level mean income, and share of highly educated are 

controlled for).  

III. Empirical analysis 

In this section we report the findings of the empirical analysis. The results are throughout 

reported in terms of marginal effects for the probit model specification along with estimates for the 

linear probability model as a reference.  

A. Evidence on parental influence 

    To measure the effect of social interaction between parents and their grown-up children the 

effect from the father and mother is separately estimated. In Table 4 results are reported for lagged 

parental portfolio outcomes with no separation between positive and negative outcomes, while 

results in Table A2 in Appendix A display results where positive and negative effects are divided.  

[Table 4 about here.] 

    The results in Table 4 indicate significant (at the 1 percent level) within-family social 

interaction effects from both mothers and fathers on an individual’s decision to own stocks. A full 

presentation, including results for control variables, is presented in Table A1, Appendix A. The 

probit and linear probability models indicate a positive social interaction effect, i.e. if one parent 

performs well they will through social interaction increase the likelihood that their adult child 

participate in the stock market the following year. Interestingly, the magnitude of these effects is 

quite comparable in size indicating that both parents are of importance in adult individuals’ 

contemporary social environment. An equality test of the effects cannot be rejected, and hence the 

mother and father effects are not statistically significant from each other. In terms of control 

variables those belonging to individuals’ adolescence used to condition upon inherited behavior, 

i.e. the mother and father’s average salary and indicators of capital income during the individuals 

youth, indicate that there is a positive correlation between parental financial market participation 

(both mothers and fathers) during the individual’s youth (indicators based on whether parents 

received capital income in 1990-1992) and the adult individual’s decision to own stocks. This 

result is in line with Chiteji and Stafford (1999), who find a positive correlation between young 

families’ likelihood to hold stocks and parental ownership. Results for the average salaries of 

parents during individuals’ youth are mixed, displaying significance at the 5 percent level for the 

probit model, but insignificance for the linear probability model. 

    In Table A2 in Appendix A, results are presented for the additional model specification 

examining the effect of positive compared to negative parental stock market experiences. The 

results indicate that positive portfolio performances among parents, both for mothers and fathers, 

increase on average participation among adult individuals in the subsequent period. For negative 

portfolio performances, that of mothers decreases, on average, individuals’ participation in the 

subsequent period, while this effect is weaker for fathers. The negative effect on individuals’ 

likelihood for participation is significant both in the probit and the linear probability model for 

mothers, while insignificant in both models for fathers. These results are interesting since they 

                                                           
28 Brown et al., 2008; Kaustia and Knüpfer, 2012 also include time fixed effects. 
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extend those in Li (2013). Li measures the effect of previous stock market entry by extended 

family members on individuals’ likelihood of participation, but do not discriminate based on 

whether family members encounter positive or negative experiences after entry. Our results points 

toward the fact that family members’ stock market entry alone may not be sufficient in influencing 

individuals to participate, but it rather depends on family members experiences after entry. The 

results also support the interpretation of the portfolio outcome measures as capturing 

contemporaneous within-family sharing of experiences, given that the effects differ depending 

upon recent portfolio performance among parents in an expected way.  

B. Evidence on partner influence 

    Results with respect to partner influence are presented in a similar fashion as for parents. In 

Table 4, results for partner portfolio outcome, with no separation of effects for positive and 

negative portfolio performance, imply a positive significant (at the one percent level) correlation 

between partner outcome and participation among individuals. This result is further confirmed in 

Table A2 in Appendix A, where a positive portfolio performance for the partner is positively 

correlated with the individual’s participation in the subsequent period. For negative partner 

portfolio performances the individual’s likelihood of participation in the following period is 

negatively correlated at the one percent level. These results imply a possible central role for the 

partner in individuals’ participation decisions. The correlations are, however, challenging to 

interpret from a social interaction or information sharing point of view, because other within-

household mechanisms may generate this outcome.    

    To test for evidence regarding the role of social interaction and information driven partner 

effects, a more detailed study (as outlined in Section I) on a subsample of non-participating singles 

becoming partners is performed. In each period non-participating singles that are observed as 

partners in the following period are chosen. We then study the effect of meeting a partner with (or 

without) previous stock ownership on the singles likelihood for participation in the following 

period. An indicator of the relative strength of household members bargaining power, classifying 

households as equal or not equal, is constructed based on the partners’ disposable incomes. An 

interaction of this indicator with a dummy indicating the partner’s participation status will then 

split the possible partner effect between households that are likely to have a common financial 

decision maker (unequal bargaining power) and those likely to have more individual or equal 

responsibility for financial decisions. The results from the analysis of the non-participating singles 

decision to participate in light of meeting a partner are presented in Table 5. 

[Table 5 about here.] 

    The results indicate that the likelihood of participation, for a non-participating single becoming 

a partner in the following period, on average, increases significantly (at the one percent level) if 

meeting a partner already participating in the stock market. This result holds both for households 

with equal and unequal bargaining power. This is interesting because it indicates that both social 

interaction (information sharing), as well as a common household member with a high bargaining 

power are part in explaining individuals’ observed participation in stock markets. The social 

interaction effect is further found to be relatively larger for households that are relatively more 

equal in terms of bargaining power. These results are taken as evidence of that the previously 

found positive correlation between individuals’ likelihood for participation and partners’ 

participation (portfolio outcome) is, at least, partly driven by social interaction or sharing of 

information and experiences.  

C. Evidence on community effects 

Results referring both to the lagged proportion of community members with positive and 

negative portfolio outcomes, as well as, to the total lagged proportion of individuals in a 

community owning stocks (to condition upon common community values) are displayed in Table 

4. A higher proportion of peers with positive portfolio performances in the previous period are 
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found, on average, to significantly increase individuals’ likelihood of participation. Results are 

significant at the one percent level based on the estimates from the linear probability model, but 

insignificant when estimating the probit models. In all, we take this as tentative evidence that 

positive portfolio outcomes among peers form a positive community sentiment, shared through 

social interaction, affecting individuals’ participation decisions positively. In regard to the 

proportion of negative peer portfolio outcomes, results indicate no significant effect. Thus, a 

negative community sentiment toward participation does not seem to form due to increasing 

negative portfolio performances among community members. One possible explanation is that 

community members are more reluctant to share misfortune in the stock market. These results are 

in line with Kaustia and Knüpfer (2011) and are consistent with related psychological theories 

(e.g. Festinger, 1957; Akerlof and Dickens, 1982; Han and Hirshleifer, 2011). 

Focusing on the total proportion of community members participating in the stock market, which 

is included as a control, results indicate a significant (at the one percent level) positive correlation 

with individuals’ likelihood of participation for both the probit and linear probability model 

(estimation results for all included variables can be found in Table A1 in Appendix A). This is 

taken as verification of the existence of common community values toward participation (e.g. 

Guiso et al., 2004), either formed within the community, or by the formation of communities by 

individuals with similar preferences. The aggregated average portfolio outcome measure used to 

control for the general lagged stock market development result in a positive significant effect at 

five percent in the linear probability model, but insignificance based on the estimates of the probit 

model (Table A1 in Appendix A). This tentatively indicates that previous market performance, 

through for example media exposure, affects participation.  

D. Other explanatory variables 

    In terms of other explanatory variables (reported in Table A1 in Appendix A), most have 

expected signs. An individuals’ likelihood for participation increases in disposable income and net 

wealth, which is consistent with theory and previous empirical findings. For our broad measures of 

financial literacy and awareness, i.e. dummies for whether individuals have a university education 

within business administration/economics (dummy = 1) and own mutual funds (dummy = 1), the 

results indicate (as expected) a positive significant effect on participation. The gender dummy 

indicates that females, significantly, to a lower degree participate, as do individuals with children 

older than 7 years. Education (regardless of subject), that is likely correlated with, for example, 

cognitive ability, has an expected significant positive effect upon participation. An important 

factor that could possibly bias the interpretation of our outcome based measures of social 

interaction concern the general development on the stock market. In good times it is likely that 

both the general market and individual portfolios perform well. It is thus important to control for 

possible effects driven by, for example, media exposure connected to the general development of 

the market. The aggregated average portfolio outcome measure used to control for this general 

lagged stock market development result in a positive significant effect at five percent in the linear 

probability model, but is insignificant in the probit model. This tentatively indicates that previous 

market performance affects participation. 

E. Heterogeneous effect of social interaction 

  In the earlier analysis social interaction with family and community have been found to influence 

an individual’s decision to participate, but the effect is likely to differ between different types of 

individuals. In Table 6, results are reported when gender is interacted with parental, partner, and 

community portfolio outcomes. 

[Table 6 about here.] 

    Results indicate that both male and female participation is positively affected by family effects. 

A test of equal effects based on the estimates from the linear probability model indicates a 

significant (at the one percent level) lower effect for females from the lagged portfolio outcome of 
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the father. In terms of partner, the estimates imply a significantly (at the one percent level) higher 

effect for males. Positive community proportions affect participation significantly, at the one 

percent level for males based on the linear probability model estimates, and at the five percent 

level when estimating the probit model. For females the estimates are smaller in size compared to 

that for males, and show significance at the five percent level only in the linear probability model. 

Overall, the results indicate a positive effect from family on both male and female individuals, 

while stronger evidence of community effects is found for males. A possible explanation to this 

result may be that females, on average, are less active in social contexts where stock market issues 

are discussed, possible due to a relatively lower participation rate among females.  

  In terms of how individuals with different levels of financial literacy are affected by social 

interaction, this is tested by use of interaction variables between the indicators of financial literacy 

and parental, partner, and community portfolio outcomes. The results (based on the Panel I) from 

this regression are presented in Table 7. 

[Table 7 about here.] 

    The estimated effects imply that individuals with a high degree of financial literacy (at least 3 

years of education within economics and/or business administration at the university level) do not 

seem to be affected by parents, except for weak evidence of a significant effect at the ten percent 

level for lagged portfolio outcomes of fathers for the linear probability model estimates. The 

surrounding community do not seem to affect those with a high financial literacy either. 

Nonetheless, a positive effect is found (significant at the one percent level) for the partner at all 

level of financial literacy. For individuals with medium levels of financial literacy parental, 

partner, and positive proportion community effects all have a positive and significant effect. For 

individuals with a low level of financial literacy there is evidence of a positive significant effect 

for positive community proportions (at the five percent level). Overall, these results support the 

idea that highly financially literate non-participating individuals may have a larger number of 

additional sources of financial information, as well as a higher ability to process information 

obtained through social interaction in comparison with individuals with low financial literacy. 

Thus, the relative importance of socially shared information is lower among highly financially 

literate individuals. This is also in line with the argument that highly financially literate individuals 

have a higher access and understanding of financial information and thereby, on average, are more 

likely to be providers, while low financial literate individuals are more likely to be receivers, of 

financial information through social interaction. The results are further in line with survey results 

in Van Rooij et al. (2011), where individuals with lower levels of financial literacy indicate a 

relatively higher importance to advice from parents, friends, or acquaintances when making 

important financial decisions. Two results worth noting are: (i) that the effects of the partner seem 

to be unrelated to the individuals’ level of financial literacy. This indicates that the intra-household 

decision mechanism is of relevance for individuals of all levels of financial literacy and deserves 

to be scrutinized in more detailed
29

; (ii) that community effects do not affect individuals with high 

and low levels of financial literacy. This is an indication that in order to be affected by community 

shared information a certain level of financial literacy must be achieved (or that the amount of 

financially shared information is less frequent in social contexts where low financial literate 

individuals reside in), while for higher levels of financial literacy the importance of shared 

information becomes lower. 

  The third dimension along which heterogeneous effects of social interaction is examined 

concerns interpersonal trust. Variations in trust may lead to a heterogeneous valuation of socially 

shared information. A high trusting individual, all else equal, is more likely to believe and act upon 

information obtained through social interaction. Individuals can also gain a higher confidence in 

financial matters if peers, whom they trust, participate, i.e. through observational learning, which 

                                                           
29 This issue is, however, referred to a parallel paper, Zetterdahl (2013), considering the modeling of intra-household 
financial decision making in more detail. 
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in the end may lead to participation. To examine the impact of an individual’s interpersonal trust 

upon the impact of social interaction, parental, partner, and community portfolio outcome 

variables are interacted with the geographical based measure of trust. In Table 8 results for a 

model including the average level of trust in neighbors as an interacting variable are reported.
30

 

[Table 8 about here.] 

    The results indicate that, while parental effects (mother and father) are not significant for 

individuals with lower levels of interpersonal trust (individuals with Non-European origin), they 

are significant at the one percent level for individuals with an on average higher level of trust 

(individuals with a European origin). Thus, this is a tentative indication about that high trusting 

individuals are more prone to be affected by social interaction than low trusting individuals. The 

result further indicates that partner effects (correlations) are significant for both low and high 

trusting individuals, and show no significant difference in magnitude. This is most likely explained 

by that levels of trust in partners are different from trust in neighbors, which is unlikely to be 

captured by our broad measure, and in that the partner correlation capture, as previously discussed, 

a mix of different within-household mechanisms. Furthermore, community effects are significant 

for both groups of interpersonal trust at the one percent level, and a test of equality in magnitudes 

cannot be rejected. Albeit the crudeness of the interpersonal trust measure, the results indicate, at 

least tentatively, a role of interpersonal trust in either strengthening or weakening effects of social 

interaction or socially shared information. These results are interesting because they extend the 

general role of trust in explaining stock market participation. While the earlier literature, e.g. 

Guiso et al. (2008) and Georgarakos and Pasini (2011), mainly emphasize the direct effect of trust 

on non-participation the results in this paper indicate that trust may also have an important indirect 

role in determining the strength of effects from social interaction. 

F. Adult child influence on parent’s participation 

In the earlier analysis, within-family social interaction effects are analyzed as parental effects 

upon children’s decision to own stocks, but the effect is most likely going both ways, i.e. children 

also influence their parents’ decision to participate. This is, for example, indicated by the results in 

Li (2013) when it comes to extended families. In particular, the reverse effect may be likely if 

children have a high financial literacy or an experience of stock markets (for example through 

education or earlier investments). Although this mechanism may affect the contemporaneous 

relation between participation and outcome, it does not, however, explain the relation between 

one-year-lagged parental outcomes and individuals’ participation (as examined in the main 

analysis). Nonetheless, to further evaluate social interactions between grown-up children and their 

parents an additional analysis is performed to test for this reverse relationship.
31

 The analysis is 

performed in a similar way as before, i.e. we study the effect of grown-up children’s lagged 

portfolio outcomes and stock market participation of parents (mothers and fathers separately) the 

following period. Individual controls are added (salary, educational attainment, and capital 

income), as well as, yearly fixed effects.
32

 The results, presented in Table 9, indicate that the 

likelihood of participation both for mothers and fathers increase significantly for increasing 

portfolio outcomes among adult children (at the one percent level for mothers and fathers for the 

probit model estimates, and five percent for mothers when estimating the linear probability 

model).  

[Table 9 about here.] 

                                                           
30 A model including the average level of trust in friends and family as an alternative interacting variable gave in terms of 

signs and significance similar results, as shown in Appendix A, Table A5. 
31 This analysis is performed separately from the earlier modeling since less data are available pertaining to the modeling of 

parental stock market participation. 
32 Community controls and fixed effects cannot be included since no such information is observed for parents in our data 
set. 
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    This indicates that the effect of social interaction is going both ways, i.e. children’s portfolio 

outcomes also affect the likelihood of parental participation, and is in line with Li (2013). 

 

G. Robustness of results 

  To test the robustness of the results a number of issues have been addressed. First, the main 

analyses have been performed on the full sample (Panel I). To test to what extent this affects our 

results the two main models (presented in Table 4 and A2 in Appendix A) have been re-estimated 

on a sample (Panel II) where portfolio outcome variables pertain to individuals that do not change 

the composition of their holdings between observational points in time. The results from these 

regressions, reported in Appendix A, Table A3 and A4, show similar results as those reported 

earlier in the paper.  

Second, a possible problem in the modeling of the longitudinal data is that most individuals that 

enter the stock market continue to own stock throughout the observational period. In fact, about 1 

percent of the individuals in the sample enter the stock market sometime during 1999-2007, whilst 

1.3 percent leaves the market. Thus, at a given point in time, t, there are individuals previously not 

in the market (zeros) that becomes participants (ones), but also participants (ones) that continue to 

be participants (ones). In principle, one could argue that the decision to participate at t is different 

for these two groups of individuals. The previous non-participants need to take an active decision 

to become participants (e.g. acquire knowledge about how to start a brokerage account), while the 

previous participants can be passive (do nothing) and continue to be owners of stocks. Hence, it is 

arguably two different decision processes. In the main analysis within the paper the results then 

pertain to both types of decisions. Since the main interest in the paper is on non-participants 

decision to participate (or in fact reasons for non-participation) robustness testing of the main 

results has been performed to ensure that results apply to non-participants decision to participate 

and are not driven by participants continuing to participate. In the first test a sample containing 

individuals entering the market each period (zeros becoming ones) and a control sample of non-

participants (zeros continuing to be zeros) are considered. Since the number of individuals entering 

each period is relatively low, a corresponding number of non-participants is random drawn from 

the larger observed set of non-participants. Analysis of this sample then correspond to non-

participating individuals decision to participate, excluding already participating individuals’ 

decision to continue to participate.
 33

 The analysis based on this sample confirms many of the 

previous results. In Table 10 estimation results for a model corresponding to that reported in Table 

4 are shown. 

[Table 10 about here.] 

    The results are quite similar and confirm the within-household interaction effects. A notable 

difference, however, is that community effects become insignificant. This cast some doubt about 

the previous results. One possible explanation is that community effects are significant in 

explaining participants decision to continue to participate, but not non-participants decision to 

become participants. Notable, the family effects are stronger in Table 10 (compared to those 

reported in Table 4) possible indicating that family effects are relatively more important and 

condition out the effect of community effect in the analysis of only non-participants. This is an 

interesting finding. A second approach to consider the issue of modeling only non-participants’ 

decision have also been tested. In this approach the models used within the main analysis 

presented in the paper have been extended to include a lag of the dependent variable, i.e. an 

indicator about whether the individual were a participant or a non-participant in the previous 

                                                           
33 The motivation to why this approach is not chosen in the main analysis reported within the paper is the fairly small 

sample size and that the nature of this data, a repeated cross-sectional structure, makes it harder to apply the rich tools of 

panel data analysis. Since it is important to control for unobserved heterogeneity in studies of individuals’ behavior, this 
choice was made.  
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period. This will then condition the analysis separated between these groups. Results from this 

analysis indicate similar results as that reported in Table 10, i.e. a significant influence from 

parents and partners but insignificant from the community. This further strengthens the indication 

that family effects possible are dominating community effects in the non- participants decision to 

participate.  

Third, a large part of the initial sample contains single-person households which were excluded 

in the main analysis within the paper. Individuals that have no registered partner were excluded 

from the main analysis to focus upon the effect of the behavior of the partner. A potential problem 

then is that results may not pertain and generalize to all types of households. To verify our results 

models excluding the partner effect on the sample consisting of single-person households were 

also considered.
34

 The results corresponding to the model reported in Table 4 are shown in Table 

11. 

[Table 11 about here.] 

    The results are similar to those for the sample considered within the main analysis, i.e. 

excluding single-person households, apart from the result for the positive community proportions 

that show insignificant effects. In general, the analysis of single-person households confirms that 

the main conclusions within the paper also extent to other types of households. 

Fourth, the analysis of heterogeneous social interaction effects based on interpersonal trust was 

performed with a trust measure based on the average level of trust in the individual’s geographical 

place of birth. This analysis is then built on variations in the interpersonal trust measure pertaining 

to differences at an average country level. Given that this is a broad approach an alternative 

analysis has also been performed. In this second approach, survey data concerning average 

interpersonal trust at the community level within Sweden is utilized, i.e. all individuals in a 

community are assumed to have the same level of trust. The data comes from a yearly conducted 

national survey at the municipality level, where information about the level of trust is retrieved.
35

 

The variable is measured as the percentage of the municipality population which state that they are 

experiencing low trust in their surrounding community. Due to missing observations for some 

municipalities in the survey, the main sample is reduced in size.
36

 In Table 12, results from a 

model including interaction variables between the interpersonal trust measure for low trust 

communities and the variables capturing parental, partner, and community portfolio outcomes are 

presented. 

[Table 12 about here.] 

    The results indicate some tendencies to that low interpersonal trust weaken the impact of within-

family, i.e. the impact from the partner becomes significantly lower for low trusting individuals. 

This then support the tentative conclusion that interpersonal trust is a potentially important factor 

in determining the strength of social interaction effects. Further studies based on more precise 

measures of interpersonal trust, i.e. measuring at the individual level, are here, however, 

warranted. 

IV. Conclusions 

The main contributions of the paper concern within-family effects. Stock market experiences 

among parents and partners seem to be shared within the family, indicating that within-family 

information sharing is an important driver for stock market participation. Given that the results 

linked to the outcome based measures indicate that an individual’s likelihood for participation 

increases following positive, and decreases following negative stock portfolio outcomes, this is 

                                                           
34 The stock market participation rate is 18.4 percent for the sample of individuals with no partner. 
35Data is collected from a yearly survey of social relations at municipality level conducted by the Swedish National Institute 

of Public Health. 
36 N=262,590, n=65,587. Notable also, is that the variance across communities for the trust variable is fairly small (17-37 
percent). 
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strong evidence for within-family information sharing driven effects. Portfolio outcomes among 

family members form their sentiment toward the stock market, which is later shared within family 

and subsequently affect individuals’ participation. Results are an extension of those in Li (2013), 

who study the subsequent effect of entry among extended family members on participation, and 

further imply that entry alone is not sufficient, but rather the experience after entry. A noticeable 

difference between community and within-family shared information upon participation decisions 

are also found. Negative stock market experiences do not seem to be shared within communities, 

c.f. Kaustia and Knüpfer (2011), but within the family. Thus, family members seem more open in 

sharing negative stock market experiences, while community members keep up appearance. The 

results for partner influence are of interest since they indicate that part of the observed 

participation among individuals may be explained by social interaction or information sharing, but 

also by decisions taken by a partner with a high bargaining power. This later result emphasizes the 

importance of including the full household in studies of participation decisions, since for some of 

these individual decisions are heavily influenced by the partner. Finally, results indicate, in line 

with Li (2013), that children also have an effect on parents’ participation decisions. Thus, social 

interaction effects seem to go in both directions. 

Given that research in the financial literature has begun to focus upon heterogeneity in 

individuals financial expectations as a potential explanation for differences in observed behavior 

(e.g. Manski, 2004), an important question concern how these expectations are formed. The main 

results in the current paper give evidence that the effect of social interaction on the stock market 

participation decision is heterogeneous and to a larger extent affect individuals with a relatively 

lower financial literacy and with a higher level of interpersonal trust. This may be an indication 

that individuals form expectations using information obtained through social interaction to 

differing degrees, either in terms of what information they use or how it is processed.  

The empirical results with respect to gender differences in social interaction effects indicate that 

both females and males are positively affected by family members’ portfolio outcomes, but that 

males to a larger extent are affected by community. These results support the relatively large 

amount of studies documenting gender differences in financial choices. A possible explanation to 

this result may be that females, on average, are less active in social contexts where stock market 

issues are discussed possible due to a relatively lower participation rate among females. The result 

that individuals with lower financial literacy to a larger extent are affected by social interaction is 

in line with the survey reported in Van Rooij et al. (2011). This is of interest, especially in light of 

the recent focus on financial literacy in trying to engage low literacy individuals in financial 

market participation. Given that recent research, e.g. Kivat and Morduch (2012), indicate financial 

literacy as necessary, but often not sufficient, in order for individuals to turn ideas into action, i.e. 

in our context to decide to purchase stocks, the results in the current paper indicate that social 

interaction may be a complementary channel through which individuals with low levels of 

financial literacy may be reached. Hence, financial educational initiatives directed toward 

individuals with lower levels of financial literacy should then be combined with activities enabling 

individuals’ creation of supporting social networks. That interpersonal trust is a determinant of the 

heterogeneous effect of social interaction extends the general role of trust in explaining stock 

market participation. While the earlier literature, e.g. Guiso et al. (2008) and Georgarakos and 

Pasini (2011), mainly emphasize the direct effect of trust on non-participation, results in this paper 

indicate that trust may also have an indirect role in either strengthening or weakening effects of 

social interaction or socially shared information. 



21 
 

REFERENCES 

Abel, A. B. (1990). Asset prices under habit formation and catching up with the Joneses. The 

American Economic Review, 80(2), 38-42. 

Akerlof, G. A., & Dickens, W. T. (1982). The economic consequences of cognitive 

dissonance. The American Economic Review, 72(3), 307-319. 

Bajtelsmit, V. L., Bernasek, A., & Jianakoplos, N. A. (1999). Gender differences in defined 

contribution pension decisions. Financial Services Review, 8(1), 1-10. 

Bakshi, G. S., & Chen, Z. (1996). The spirit of capitalism and stock-market prices. The American 

Economic Review, 133-157. 

Banerjee, A. V. (1992). A simple model of herd behavior. The Quarterly Journal of 

Economics, 107(3), 797-817. 

Banerjee, A., & Fudenberg, D. (2004). Word-of-mouth learning. Games and Economic 

Behavior, 46(1), 1-22. 

Barber, B. M., & Odean, T. (2001). Boys will be boys: Gender, overconfidence, and common 

stock investment. The Quarterly Journal of Economics, 116(1), 261-292. 

Barber, B. M., Odean, T., & Zhu, N. (2009). Systematic noise.  Journal of Financial 

Markets, 12(4), 547-569. 

Barsky, R. B., Juster, F. T., Kimball, M. S., & Shapiro, M. D. (1997). Preference parameters and 

behavioral heterogeneity: An experimental approach in the health and retirement study. The 

Quarterly Journal of Economics, 112(2), 537-579. 

Bénabou, R., & Tirole, J. (2002). Self-confidence and personal motivation. The Quarterly Journal 

of Economics, 117(3), 871-915. 

Bertrand, M., Luttmer, E. F., & Mullainathan, S. (2000). Network effects and welfare cultures. The 

Quarterly Journal of Economics, 115(3), 1019-1055. 

Bikhchandani, S., Hirshleifer, D., & Welch, I. (1992). A theory of fads, fashion, custom, and 

cultural change as informational cascades. Journal of Political Economy 100(5), 992-1026. 

Brown, J. R., Ivković, Z., Smith, P. A., & Weisbenner, S. (2008). Neighbors matter: Causal 

community effects and stock market participation. The Journal of Finance, 63(3), 1509-1531. 

Browning, M. (2000). The saving behaviour of a two‐person household. The Scandinavian Journal 

of Economics, 102(2), 235-251. 

Cao, H. H., Han, B., Hirshleifer, D., & Zhang, H. H. (2011). Fear of the Unknown: Familiarity and 

Economic Decisions. Review of Finance, 15(1), 173-206. 

Cesarini, D., Johannesson, M., Lichtenstein, P., Sandewall, Ö., & Wallace, B. (2010). Genetic 

Variation in Financial Decision‐Making. The Journal of Finance, 65(5), 1725-1754. 

Charles, K. K., & Hurst, E. (2003). Intergenerational Wealth Correlations. Journal of Political 

Economy, 111(6), 1155-1182. 

Chiteji, N. S., & Stafford, F. P. (1999). Portfolio choices of parents and their children as young 

adults: Asset accumulation by African-American families. The American Economic Review, 89(2), 

377-380. 

Choe, H., Kho, B. C., & Stulz, R. M. (1999). Do foreign investors destabilize stock markets? The 

Korean experience in 1997. Journal of Financial Economics, 54(2), 227-264. 

Christelis, D., Jappelli, T., & Padula, M. (2010). Cognitive abilities and portfolio choice. European 

Economic Review, 54(1), 18-38. 

Charles, K., Danziger, S., Li, G., & Schoeni, R. (2007). Studying consumption with the Panel 

Study of Income Dynamics: Comparisons with the consumer expenditure survey and an 

application to the intergenerational transmission of well-being. Finance and Economics Discussion 

Series 17, Federal Reserve Board. 



22 
 

Cocco, J. F., Gomes, F. J., & Maenhout, P. J. (2005). Consumption and portfolio choice over the 

life cycle. Review of Financial Studies, 18(2), 491-533. 

Daniel K, Hirshleifer D, & Teoh S. (2002). Investor psychology in capital markets: evidence and 

policy implications. Journal of Monetary Economics 49, 139–209. 

De Aghion, B. A., & Morduch, J. (2004). Microfinance: where do we stand.Financial development 

and economic growth: explaining the links. 

DeMarzo, P. M., Kaniel, R., & Kremer, I. (2004). Diversification as a public good: Community 

effects in portfolio choice. The Journal of Finance, 59(4), 1677-1716. 

Devenow, A., & Welch, I. (1996). Rational herding in financial economics. European Economic 

Review, 40(3), 603-615. 

Dominitz, J., & Manski, C. F. (2011). Measuring and interpreting expectations of equity 

returns. Journal of Applied Econometrics, 26(3), 352-370. 

Duflo, E., & Saez, E. (2002). Participation and investment decisions in a retirement plan: The 

influence of colleagues’ choices. Journal of public Economics, 85(1), 121-148. 

Duflo, E. (2003). Grandmothers and Granddaughters: Old‐Age Pensions and Intrahousehold 

Allocation in South Africa. The World Bank Economic Review,17(1), 1-25. 

Duflo, E., & Saez, E. (2003). The role of information and social interactions in retirement plan 

decisions: Evidence from a randomized experiment. The Quarterly Journal of Economics, 118(3), 

815-842. 

Dwyer, D. H. (1988). A home divided: Women and income in the Third World. Stanford University 

Press. 

Dwyer, P. D., Gilkeson, J. H., & List, J. A. (2002). Gender differences in revealed risk taking: 

evidence from mutual fund investors. Economics Letters, 76(2), 151-158. 

Eckel, C. C., & Grossman, P. J. (2008). Differences in the economic decisions of men and women: 

Experimental evidence. Handbook of experimental economics results, 1, 509-519. 

Elder, H. W., & Rudolph, P. M. (2003). Who makes the financial decisions in the households of 

older Americans?. Financial Services Review, Greenwich, 12(4), 293-308. 

Ellison, G., & Fudenberg, D. (1995). Word-of-mouth communication and social learning. The 

Quarterly Journal of Economics, 110(1), 93-125. 

Ellison, G., & Fudenberg, D. (1993). Rules of thumb for social learning. Journal of Political 

Economy, 612-643. 

Festinger, L. (1957). A theory of cognitive dissonance. Evanston, Ill: Row Peterson. 

Friedberg, L., & Webb, A. (2006). Determinants and consequences of bargaining power in 

households (No. w12367). National Bureau of Economic Research. 

Fukuyama, F. (1995). Trust: The social virtues and the creation of prosperity (pp. 457-457). New 

York: Free Press. 

Gali, J. (1994). Keeping up with the Joneses: consumption externalities, portfolio choice, and asset 

prices. Journal of Money, Credit, and Banking 26, 1–8. 

Georgarakos, D., & Pasini, G. (2011). Trust, sociability, and stock market participation. Review of 

Finance, 15(4), 693-725. 

Grinblatt, M., Keloharju, M., & Linnainmaa, J. (2011). IQ and stock market participation. The 

Journal of Finance, 66(6), 2121-2164. 

Guiso, L., Sapienza, P., & Zingales, L. (2008). Trusting the stock market. The Journal of 

Finance, 63(6), 2557-2600. 

Guiso, L., & Jappelli, T. (2005). Awareness and stock market participation. Review of 

Finance, 9(4), 537-567. 

Haliassos, M., & Bertaut, C. C. (1995). Why do so few hold stocks?. The Economic Journal, 

1110-1129. 



23 
 

Halko, M. L., Kaustia, M., & Alanko, E. (2012). The gender effect in risky asset holdings. Journal 

of Economic Behavior & Organization, 83(1), 66-81. 

Han, B. & D. A. Hirshleifer (2012). Self-enhancing transmission bias and active investing. 

Working paper, University of California, Irvine, The Paul Merage School of Business. 

Harris M, & Raviv A. (1993). Differences of opinion make a horse race. Review of Financial 

Studies 6, 473–506. 

Hoddinott, J., & Haddad, L. (1995). Does female income share influence household expenditures? 

Evidence from Côte d'Ivoire. Oxford Bulletin of Economics and Statistics, 57(1), 77-96. 

 

Hong, H., Kubik, J. D., & Stein, J. C. (2004). Social interaction and stock‐market 

participation. The Journal of Finance, 59(1), 137-163. 

 

Ivković, Z., & Weisbenner, S. (2007). Information diffusion effects in individual investors' 

common stock purchases: Covet thy neighbors' investment choices. Review of Financial 

Studies, 20(4), 1327-1357. 

Jianakoplos, N. A., & Bernasek, A. (1998). Are women more risk averse?. Economic 

inquiry, 36(4), 620-630. 

Kandel E, & Pearson N. 1995. Differential interpretation of public signals and trade in speculative 

markets. Journal of Political Economy 103, 831–872. 

Kaustia, M., & Knüpfer, S. (2012). Peer performance and stock market entry. Journal of Financial 

Economics, 104(2), 321-338. 

Kim, W., & Wei, S. J. (2002). Foreign portfolio investors before and during a crisis. Journal of 

international economics, 56(1), 77-96. 

Kimball, M. S., Sahm, C. R., & Shapiro, M. D. (2008). Imputing risk tolerance from survey 

responses. Journal of the American Statistical Association, 103(483), 1028-1038. 

Kimball, M. S., Sahm, C. R., & Shapiro, M. D. (2009). Risk preferences in the PSID: individual 

imputations and family covariation (No. w14754). National Bureau of Economic Research. 

Kivat, B. & Morduch, J. (2012). From Financial Literacy to Financial Action. Working paper. 

Robert F. Wagner Graduate School of Public Service, New York University. 

Kumar, A., & Lee, C. (2006). Retail investor sentiment and return comovements. The Journal of 

Finance, 61(5), 2451-2486. 

Li, G. (2013). Information Sharing and Stock Market Participation: Evidence from Extended 

Families. Review of Economics and Statistics. Forthcomming. 

Lyons, A. C., and Yilmazer, T. (2007). Marriage and the allocation of assets in women’s defined 

contribution plans, Working paper, West Lafayette, IN, Purdue University. 

Mankiw, N. G., & Zeldes, S. P. (1991). The consumption of stockholders and 

nonstockholders. Journal of Financial Economics, 29(1), 97-112. 

Manski, C. F. (1993). Identification of endogenous social effects: The reflection problem. The 

Review of Economic Studies, 60(3), 531-542. 

Manski, C. F. (1995). Identification problems in the social sciences. Harvard University Press. 

Manski, C. F. (2004). Measuring expectations. Econometrica, 72(5), 1329-1376. 

Mazzocco, M. (2004). Saving, risk sharing, and preferences for risk. The American Economic 

Review, 94(4), 1169-1182. 

McFadden, D. L., & Train, K. E. (1996). Consumers' evaluation of new products: learning from 

self and others. Journal of Political Economy, 683-703. 

Meyers-Levy, J. (1989). "Gender Differences in Information Processing: A Selectivity 

Interpretation," in Cognitive and Affective Responses to Advertising, ed. Patricia Cafferata and 

Alice Tybout, Lexington, MA: Lexington. 



24 
 

Morris S. 1995. The common prior assumption in economic theory. Economics and Philosophy 

11: 227–253. 

Munshi, K. (2004). Social learning in a heterogeneous population: technology diffusion in the 

Indian Green Revolution. Journal of Development Economics,73(1), 185-213. 

Persons, J. C., & Warther, V. A. (1997). Boom and bust patterns in the adoption of financial 

innovations. Review of Financial Studies, 10(4), 939-967. 

Shiller, R. J., & Pound, J. (1989). Survey evidence on diffusion of interest and information among 

investors. Journal of Economic Behavior & Organization,12(1), 47-66. 

Shive, S. (2010). An epidemic model of investor behavior. Journal of Financial and Quantitative 

Analysis, 45(1), 169. 

Simon, H. A. (1957). Models of man: Social and rational; mathematical essays on rational human 

behavior in a social setting. New York: John Wiley and Sons, Inc.  

Solon, G. (1992). Intergenerational income mobility in the United States. The American Economic 

Review, 393-408. 

Sundén, A. E., & Surette, B. J. (1998). Gender differences in the allocation of assets in retirement 

savings plans. The American Economic Review, 88(2), 207-211. 

Thomas, D. (1990). Intra-household resource allocation: An inferential approach. Journal of 

Human resources, 635-664. 

Van Rooij, M., Lusardi, A., & Alessie, R. (2011). Financial literacy and stock market 

participation. Journal of Financial Economics, 101(2), 449-472. 

Vissing-Jorgensen, A. (1999). Limited stock market participation and the equity premium puzzle, 

Working paper, University of Chicago. 

Weber, E.U., Siebenmorgen, N. & Weber, M. (2005). Communicating Asset risk: How name 

recognition and the format of historic volatility information affect risk perception and investment 

decisions. Risk Analysis 25, 597-609. 

Woittiez, I., & Kapteyn, A. (1998). Social interactions and habit formation in a model of female 

labour supply. Journal of Public Economics, 70(2), 185-205. 

Zelizer, V. A. (2005). The Purchase of Intimacy. Princeton, NJ: Princeton University Press. 



25 
 

TABLES 

Table 1: Descriptive statistics of stock market participation 

Year 
Stock market 
participation 

SD 

2001 25.6% 0.436 

2002 24.7% 0.432 

2003 23.1% 0.421 

2004 25.4% 0.435 

2005 24.5% 0.430 

2006 26.1% 0.439 

2007 25.7% 0.437 

Stock market participation, over all time periods 

Main  panel Born 1963 Born 1973 
28.9 % 21.2 % 25.2 % 

Notes. Panel I where trading family and community members are 
included. N= 366,955, n= 88,746. 53.89 percent of the observations 

belong to cohort 1 (born 1963), and 46.11 percent belong to cohort 

2 (born 1973). 
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Table 2: Summary statistics, Panel I 

 

 

 

 

Variable Mean SD Min Max 

Panel A: 

    

Stock market participation 0.252 0.434 0 1 

Disposable income* 1800 1887 0 1086052 

Gender 0.526 0.500 0 1 

Educational attainment 4.154 1.311 1 7 

Education within economics and/or business 0.124 0.330 0 1 

Children, age 0-3 0.515 0.664 0 4 

Children, age 4-6 0.351 0.541 0 4 

Children, age 7-10 0.410 0.615 0 4 

Children, age 11 or older 0.603 0.869 0 6 

Mutual funds 0.512 0.500 0 1 

Net Wealth* 3644 15986 -306221 2801000 

Married 0.665 0.472 0 1 

Equal relationship 0.208 0.406 0 1 

Low financial literacy 0.073 0.260 0 1 

Medium financial literacy 0.898 0.303 0 1 

High financial literacy  0.029 0.168 0 1 

Mother, salary* 25365 30412 0 359633 

Father, salary * 50340 57748 0 1194000 

Mother, indicator for capital income 0.431 0.495 0 1 

Father, indicator for captial income 0.286 0.452 0 1 

Partner, disposable income* 1820 0.883 0 1076762 

     
Panel B:     

Community average disposable income* 1927 1.171 1282 5966 

Community average high educational level 0.293 0.081 0.089 0.554 

Community proportion participating in the stock market 0.223 0.194 0.091 0.478 

Community proportion working in sector 1 0.020 0.021 0 0.210 

Community proportion working in sector 2 0.098 0.059 0 0.404 

Community proportion working in sector 3 0.056 0.041 0 0.320 

Community proportion working in sector 4 0.061 0.019 0.013 0.166 

Community proportion working in sector 5 0.125 0.026 0.031 0.243 

Community proportion working in sector 6 0.067 0.023 0.007 0.198 

Community proportion working in sector 7 0.138 0.050 0.023 0.295 

Community proportion working in sector 8 0.220 0.032 0.125 0.362 

Community proportion working in sector 9 0.038 0.011 0.006 0.155 

Community proportion with low trust 0.261 4.040 0.170 0.370 

Lagged mean portfolio outcome ( percent) 4.134 3.249 -2.028 9.571 

Community proportion trading 0.113 0.044 0.012 0.436 

     
Panel C:     

Mother, portfolio outcome 0.016 0.153 -1 1.484 

Father, portfolio outcome 0.031 0.230 -1 2.837 

Partner, portfolio outcome 0.060 0.381 -1 5.398 

Community proportion of positive portfolio change 0.114 0.062 0 0.214 

Community proportion of negative portfolio change 0.065 0.043 0 0.173 

Notes. * measured in hundreds of SEK. 
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Table 3: Descriptive statistics: Proportions of sample buying/selling stocks 

Year Mother Father Partner 

1999-2000 0.258 0.365 0.243 

2000-2001 0.137 0.231 0.169 

2001-2002 0.160 0.262 0.206 

2002-2003 0.087 0.157 0.117 

2003-2004 0.103 0.190 0.141 

2004-2005 0.123 0.207 0.137 

2005-2006 0.108 0.186 0.143 

2006-2007 0.116 0.197 0.141 

Notes. N= 366,955, n= 88,746. 

 

 

 Table 4: Stock market participation, Panel I 

 Panel I 

Variable 
Marginal Effect 

(Probit) 

Coefficient 

(OLS) 

Mother, lagged portfolio outcome 
0.009*** 

(0.004) 

0.011*** 

(0.002) 

Father, lagged portfolio outcome 
0.006*** 

(0.002) 

0.007*** 

(0.002) 

Partner, lagged portfolio outcome 
0.010*** 

(0.004) 

0.015*** 

(0.001) 

Community proportion of positive  portfolio outcomes 
0.019 

(0.023) 

0.082*** 

(0.029) 

Community proportion of negative portfolio outcomes 
-0.008 

(0.029) 

0.002 

(0.038) 

Individual controls Y 

Partner and parental controls Y 

Community fixed effects Y 

Community controls Y 

Time fixed effects Y 

Memo 
N= 366,897, n= 88,730, 

 Pseudo R2=0.523, OLS R2= 0.111  

Notes. Dependent variable: Stock market participation. Bootstrapped standard errors in parentheses for probit regressions and 

cluster robust standard errors at municipality level for OLS. Equality test of the effect of social interaction for mother and father: 

Test statistic (Prob>chi2): 1.29(0.2569). Significance levels:  ***p<0.01 **p<0.05 *p<0.10. 
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Table 5: Stock market entry for singles who meet a partner 

Variable 
Marginal Effect 
 (Probit) 

Coefficient  
(OLS) 

Partner participate in stock market 
0.007*** 
(0.001) 

0.006*** 
(0.001) 

Equal relationship* Partner participate in stock 

market 

0.009*** 

(0.002) 

0.012*** 

(0.004) 

Individual controls Y 

Partner and parental controls Y 

Community fixed effects Y 

Community controls Y 

Time fixed effects Y 

Memo 

N= 61,850, n= 59,028, 

Pseudo R2=0.023,  
OLS R2= 0.013 

Notes. Dependent variable: Stock market entry. Bootstrapped standard errors in 
parentheses for probit regressions and cluster robust standard errors at municipality level 

for the linear probability estimation (OLS). Significance levels:  ***p<0.01 **p<0.05 

*p<0.10. 

 

 

Table 6: Gender differences  

 (1) Women (2) Men 
Test of equal 

effects 

Variable 
Marginal Effect 
(Probit)  

Coefficient 
(OLS) 

Marginal Effect 
(Probit) 

Coefficient 
(OLS) 

Test statistic 
(Prob > chi2) 

Mother, lagged portfolio outcome 
0.011*** 
(0.003) 

0.010*** 
(0.003) 

0.008*** 
(0.003) 

0.012*** 
(0.004) 

0.17 
(0.6836) 

Father, lagged portfolio outcome 
0.004*** 

(0.002) 

0.004** 

(0.002) 

0.007*** 

(0.002) 

0.012*** 

(0.003) 

6.90*** 

(0.0086) 

Partner, lagged portfolio outcome 
0.007*** 
(0.001) 

0.008*** 
(0.001) 

0.016*** 
(0.002) 

0.032*** 
(0.003) 

71.99*** 
(0.0000) 

Community proportion of positive  portfolio 

outcomes 

0.036 

(0.024) 

0.058** 

(0.029) 

0.050** 

(0.025) 

0.106*** 

(0.029) 

22.81*** 

(0.0000) 

Community proportion of negative portfolio 

outcomes 

-0.033 

(0.032) 

-0.069 

(0.038) 

0.034 

(0.032) 

0.089** 

(0.040) 
. 

Partner and parental controls  Y 

Y 

Y 
Y 

  

Community fixed effects    

Community controls    
Time fixed effects    

Memo 
N= 366,897, n= 88,730, 

Pseudo R2=0.523, OLS R2=0.115 
 

Notes. Dependent variable: Stock market participation. Social interaction variables are interacted with gender dummies. Bootstrapped standard errors in 

parentheses for probit regressions and cluster robust standard errors at municipality level for OLS. Significance levels:  ***p<0.01 **p<0.05 *p<0.10. 
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Table 7: Financial literacy 

 

(1)  High  

Financial 

Literacy 

(2) Medium 

Financial 

Literacy 

(3) Low  

Financial 

Literacy 

Variable 
Coefficient 
(OLS) 

Coefficient 
 (OLS) 

Coefficient 
(OLS) 

Mother, lagged portfolio outcome 
0.028 

(0.016) 

0.010*** 

(0.002) 

0.011 

(0.012) 

Father, lagged portfolio outcome 
0.023* 
(0.011) 

0.007*** 
(0.002) 

0.011 
(0.009) 

Partner, lagged portfolio outcome 
0.026*** 

(0.006) 

0.014*** 

(0.001) 

0.021*** 

(0.005) 

Community proportion of positive  portfolio outcomes 
0.071 

(0.045) 

0.086*** 

(0.029) 

0.078** 

(0.032) 

Community proportion of negative portfolio outcomes 
0.401** 
(0.086) 

-0.009 
(0.038) 

-0.016 
(0.045) 

Individual controls Y 
Partner and parental controls Y 

Community fixed effects Y 

Community controls Y 

Time fixed effects Y 

Memo 
N= 366,897, n= 88,730, 

OLS R2= 0.115 

Notes. Dependent variable: Stock market participation. Results for interaction variables between social interaction variables and 

level of financial literacy are presented.  High financial literates are individuals with at least 3 years of university education within 

economics and/or business administration (2.9 percent of the sample). Low financial literates are those with 9 years of schooling or 
less (7.3 percent of the sample). Medium financial literates are individuals with more than 9 years of schooling and those that do 

not have at least 3 years of university education within economics and/or business administration. Cluster robust standard errors at 

municipality level in parentheses. Significance levels:  ***p<0.01 **p<0.05 *p<0.10. 
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Table 8: Average trust level in neighborhood 

 
(1)    Non-

European origin 

(2) European 

origin 

Test of equal 

effects 

Variable 
Coefficient 

(OLS) 

Coefficient 

(OLS) 

Test statistic  
(Prob > chi2) 

Trust level*Mother, lagged portfolio 

outcome 

0.002 

(0.007) 

0.005*** 

(0.001) 
. 

Trust level*Father, lagged portfolio 

outcome 

0.003 

(0.006) 

0.003*** 

(0.001) 
. 

Trust level*Partner, lagged portfolio 

outcome 

0.006** 

(0.003) 

0.006*** 

(0.0004) 

0.01 

(0.9230) 

Trust level*Community proportion of 

positive  portfolio outcomes 

0.052*** 

(0.020) 

0.033*** 

(0.012) 

1.88 

(0.1700) 

Trust level *Community proportion of 

negative portfolio outcomes 

0.021  

(0.030) 

0.001 

(0.016) 
. 

Individual controls Y   

Partner and parental controls Y   

Community fixed effects Y   

Community controls Y   

Time fixed effects Y   

Memo 
N= 366,897, n= 88,730, 

OLS R2= 0.111 
  

Notes. Dependent variable: Stock market participation. Results for interaction variables for people with Non-

European and European origin, respectively. Portfolio outcomes are interacted with average yearly trust level 

in neighborhood. Information of yearly trust level in ones neighborhood (1-7) is collected from World Surveys 

(WVS) for 1999-2008. (1): Interaction results for people with Non-European origin. (2): Interaction results for 

people with European origin. Cluster robust standard errors at municipality level in parentheses. Significance 

levels:  ***p<0.01 **p<0.05 *p<0.10. 

 

Table 9: Participation of parents and children’s portfolio outcome 

 
(1) Mother 

Participation 
 

(2) Father 

Participation 

Variable 
Marginal Effect  

(Probit) 

Coefficient 

 (OLS) 
 

Marginal Effect  

(Probit) 

Coefficient  

(OLS) 

Child, lagged portfolio 

outcome 

0.024*** 

(0.005) 

0.004** 

(0.002) 
 

0.041*** 

(0.007) 

0.003 

(0.002) 

Partner, lagged portfolio 

outcome 

0.037*** 

(0.004) 

0.012*** 

(0.002) 
 

0.187*** 

(0.009) 

0.027*** 

(0.004) 

Individual controls Y  Y 

Partner and parental controls Y  Y 

Community fixed effects N  N 

Community controls N  N 

Time fixed effects N  N 

Memo 
N=115,017, n=38 058, Pseudo R2=0.533,  

OLS R2=0.045 
 

N=115,017, n=38,058, Pseudo R2=0.573,   

OLS R2=0.023 

Notes. (1) Dependent variable: Stock market participation of mother. (2) Dependent variable: Stock market participation of father. 

Individual controls: Income and indicator variable for whether the individual acquired capital income during individuals’ 

adolescence (indicator for participation in financial markets). Cluster robust standard errors at municipality level in parentheses for 

the linear probability estimation (OLS) and bootstrapped standard errors for probit regressions. Community controls and fixed 

effects are excluded since no geographical position is observed for parents. Significance levels:  ***p<0.01 **p<0.05 *p<0.10. 
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Table 10: Stock market entry 

Variable 
Marginal Effect 
 (Probit) 

Coefficient  
(OLS) 

Mother, lagged portfolio outcome 
0.040** 
(0.018) 

0.039* 
(.020) 

Father, lagged portfolio outcome 
0.034*** 

(0.013) 

0.034*** 

(0.013) 

Partner, lagged portfolio outcome 
0.018** 

(0.007) 

0.016* 

(0.009) 

Community proportion of positive  portfolio 

outcomes 

0.138 

(0.316) 

0.010 

(0.309) 

Community proportion of negative portfolio 

outcomes 

-0.271 

(0.420) 

-0.246 

(0.452) 

Individual controls Y 

Partner and parental controls Y 
Community fixed effects Y 

Community controls Y 

Time fixed effects Y 

Memo 
N= 21,687, n= 17,983, 

Pseudo R2=0.021, OLS R2= 0.088 

Notes. Results for a sub-sample of individuals changing their behavior during the observed 
time period and genuine non-participants. Dependent variable: Stock market participation. 

Bootstrapped standard errors in parentheses for probit regressions and cluster robust 
standard errors at municipality level for the linear probability estimation (OLS). 

Significance levels:  ***p<0.01 **p<0.05 *p<0.10. 

 

 

Table 11: Single-person households 

Variable 
Marginal Effect  
(Probit) 

Coefficient  
(OLS) 

Mother, lagged portfolio outcome 
0.008*** 

(0.002) 

0.008*** 

(0.003) 

Father, lagged portfolio outcome 
0.007*** 

(0.001) 

0.007*** 

(0.002) 

Community proportion of positive  portfolio outcomes 
0.046 

(0.034) 

0.045 

(0.032) 

Community proportion of negative portfolio outcomes 
0.017 
(0.041) 

0.058 
(0.034) 

Individual controls Y 

Partner and parental controls Y 

Community fixed effects Y 

Community controls Y 

Time fixed effects Y 

Memo 
N=303,705, n= 80,366, 

Pseudo R2=0.492, OLS R2= 0.121 

Notes. Dependent variable: Stock market participation. Cluster robust standard errors at 

municipality level. Significance levels: ***p<0.01 **p<0.05 *p<0.10. 

 

  



32 
 

Table 12: Trust at community level 

Variable 
Marginal Effect 

(Probit) 

Coefficient 

(OLS) 

Low trust*Mother, lagged portfolio outcome 
-0.001 

(0.0004) 

-0.001 

(0.001) 

Low trust*Father, lagged portfolio  
outcome 

-0.0001 
(0.0002) 

0.00004 
(0.001) 

Low trust*Partner, lagged portfolio outcome 
-0.0002 
(0.0001) 

-0.001** 
(0.0002) 

Low trust*Community proportion of positive  portfolio 

outcomes 

0.0001 

(0.001) 

0.001 

(0.001) 

Low trust*Community proportion of negative portfolio 

outcomes 

-0.004** 

(0.002) 

-0.007*** 

(0.002) 

Individual controls Y 

Partner and parental controls Y 

Community fixed effects Y 

Community controls Y 
Time fixed effects Y 

Memo 
N= 262,590, n=65,587, 

Pseudo R2=0.520, OLS R2= 0.114 

Notes. Dependent variable: Stock market participation. Low trust is an indicator variable 
based on a municipality average of trust in people you know personally. Data is collected 

from a yearly national survey conducted by the Swedish National Institute of Public Health 

(Folkhälsoinstitutet). Bootstrapped standard errors in parentheses for probit regressions and 

cluster robust standard errors at municipality level for the linear probability estimation 

(OLS). Significance levels:  ***p<0.01 **p<0.05 *p<0.10. 
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FIGURES  

Figure 1: Average portfolio outcomes, over family members 
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APPENDIX A 

Table A1: Full presentation of estimation results: Panel I 

 Panel I 

Variable 
Marginal Effect 

(Probit) 

Coefficient 

(OLS) 

Mother, lagged portfolio outcome 
0.009*** 

(0.004) 

0.011*** 

(0.002) 

Father, lagged portfolio outcome 
0.006*** 

(0.002) 

0.007*** 

(0.002) 

Partner, lagged portfolio outcome 
0.010*** 

(0.004) 

0.015*** 

(0.001) 

Community proportion of positive  portfolio outcomes 
0.019 

(0.023) 

0.081*** 

(0.029) 

Community proportion of negative portfolio outcomes 
-0.008 

(0.029) 

0.001 

(0.038) 

Mother, average salary  

 

0.0001** 

(0.0001) 

-0.000 

(0.000) 

Father, average salary  

 

0.001** 

(0.0002) 

0.000 

(0.000) 

Mother, capital income  

 

0.019** 

(0.010) 

0.063*** 

(0.003) 

Father, capital income  

 

0.006 

(0.007) 

0.063*** 

(0.004) 

Partner, income 
0.001 

(0.0004) 

0.000 

(0.001) 

Net wealth . 
0.001** 

(0.000) 

Cohort 1973 
0.054*** 

(0.018) 

-0.015** 

(0.007) 

Log disposable income 
0.009** 

(0.004) 

0.007*** 

(0.001) 

Female 
-0.050** 

(0.024) 

-0.150*** 

(0.003) 

Educational attainment 
0.013** 

(0.007) 

0.036*** 

(0.002) 

Education within business administration/economics 
0.023** 

(0.014) 

0.054*** 

(0.005) 

Children, age 0-3 
0.001 

(0.001) 

-0.001 

(0.001) 

Children, age 4-6 
-0.001 

(0.001) 

-0.002 

(0.001) 

Children, age 7-10 
-0.003*** 

(0.001) 

-0.003*** 

(0.001) 

Children, age 11 or older 
-0.004** 

(0.002) 

-0.005*** 

(0.001) 

Married 
0.001 

(0.001) 

0.001 

(0.002) 

Mutual funds 
0.039** 

(0.016) 

0.054*** 

(0.003) 

Log community average disposable income 
-0.009 

(0.008) 

-0.019 

(0.012) 

Community proportion with high educational level 
-0.088** 

(0.045) 

-0.079 

(0.081) 

Lagged mean portfolio outcome 
0.011** 

(0.006) 

0.006  

(0.006) 

Lagged community proportion of stock market participants 
0.061*** 

(0.021) 

0.067*** 

(0.011) 

Community proportion working in sector 1 
-0.042 

(0.076) 

-0.015 

(0.125) 
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Community proportion working in sector 2 
-0.073 

(0.057) 

-0.119 

(0.073) 

Community proportion working in sector 3 
-0.198*** 

(0.077) 

-0.191** 

(0.076) 

Community proportion working in sector 4 
-0.109 

(0.073) 

-0.104 

(0.111) 

Community proportion working in sector 5 
-0.085 

(0.060) 

-0.150 

(0.083) 

Community proportion working in sector 6 
-0.007 

(0.064) 

0.002 

(0.101) 

Community proportion working in sector 7 
-0.086 

(0.055) 

-0.160 

(0.091) 

Community proportion working in sector 8 
-0.073 

(0.056) 

-0.124 

(0.079) 

Community proportion working in sector 9 
-0.072 

(0.080) 

-0.164 

(0.122) 

Community fixed effects Y 

Time fixed effects Y 

Memo 
N= 366,897, n= 88,730, 

Pseudo R2=0.523, OLS R2= 0.114 

Notes. Dependent variable: Stock market participation. Bootstrapped standard errors in parentheses for probit regressions and cluster 

robust standard errors at municipality level for OLS. Significance levels:  ***p<0.01 **p<0.05 *p<0.10. 

 

 

Table A2: Positive and negative portfolio outcomes, Panel I 

   Panel I 

Variable  
Marginal Effect  

(Probit) 

Coefficient 

 (OLS) 

Mother, positive lagged portfolio outcome  
0.014*** 

(0.002) 

0.015*** 

(0.003) 

Mother, negative lagged portfolio outcome  
-0.025*** 

(0.007) 

-0.024*** 

(0.009) 

Father, positive lagged portfolio outcome  
0.008*** 

(0.002) 

0.008*** 

(0.002) 

Father, negative  lagged portfolio outcome  
-0.008 

(0.006) 

-0.001 

(0.009) 

Partner, positive  lagged portfolio outcome  
0.012*** 

(0.001) 

0.016*** 

(0.001) 

Partner, negative lagged portfolio outcome  
-0.017*** 

(0.005) 

-0.018*** 

(0.005) 

Community proportion of positive  portfolio outcomes  
0.041 

(0.026) 

0.080*** 

(0.029) 

Community proportion of negative portfolio outcomes  
0.013 

(0.034) 

-0.000 

(0.038) 

Individual controls  Y 

Partner and parental controls  Y 

Community fixed effects  Y 

Community controls  Y 

Time fixed effects  Y 

Memo  Y 

  
N= 366,897, n= 88,730, 

Pseudo R2=0.523, OLS R2= 0.115 

Notes. Dependent variable: Stock market participation. Bootstrapped standard errors in parentheses for probit regressions and cluster 

robust standard errors at municipality level for OLS. Significance levels:  ***p<0.01 **p<0.05 *p<0.10. 
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Table A3: Stock market participation, Panel II 

 Panel II 

Variable 
Marginal Effect 

(Probit) 

Coefficient 

(OLS) 

Mother, lagged portfolio outcome 
0.004*** 

(0.001) 

0.032** 

(0.008) 

Father, lagged portfolio outcome 
0.004*** 

(0.001) 

0.028** 

(0.005) 

Partner, lagged portfolio outcome 
0.006*** 

(0.001) 

0.056** 

(0.005) 

Community proportion of positive  portfolio outcomes 
0.004 

(0.005) 

0.077* 

(0.037) 

Community proportion of negative portfolio outcomes 
0.008 

(0.010) 

0.068 

(0.078) 

Individual controls Y 

Partner and parental controls Y 

Community fixed effects Y 

Community controls Y 

Time fixed effects Y 

Memo 
N= 226,702, n= 70,274, 

Pseudo R2= 0.471, OLS R2= 0.111 

Notes. Results for the Panel II, i.e. trading individuals are excluded. Dependent variable: Stock 

market participation. Bootstrapped standard errors in parentheses for probit regressions and 

cluster robust standard errors at municipality level for OLS. Significance levels:  ***p<0.01 

**p<0.05 *p<0.10. 
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Table A4: Positive and negative portfolio outcomes, Panel II 

   Panel II 

Variable  

Marginal 

Effect  

(Probit) 

Coefficient 

 (OLS) 

Mother, positive lagged portfolio outcome  
0.010*** 

(0.001) 

0.071*** 

(0.008) 

Mother, negative lagged portfolio outcome  
-0.017*** 

(0.003) 

-0.127*** 

(0.024) 

Father, positive lagged portfolio outcome  
0.006*** 

(0.001) 

0.041*** 

(0.007) 

Father, negative  lagged portfolio outcome  
-0.004* 

(0.002) 

-0.020 

(0.167) 

Partner, positive  lagged portfolio outcome  
0.010*** 

(0.001) 

0.081*** 

(0.005) 

Partner, negative lagged portfolio outcome  
-0.015*** 

(0.002) 

-0.131*** 

(0.013) 

Community proportion of positive  portfolio outcomes  
0.003 

(0.006) 

0.090** 

(0.037) 

Community proportion of negative portfolio outcomes  
0.004 

(0.011) 

0.058 

(0.081) 

Individual controls  Y 

Partner and parental controls  Y 

Community fixed effects  Y 

Community controls  Y 

Time fixed effects  Y 

Memo  Y 

  

N= 226,702, n= 70,274, 

Pseudo R2= 0.460, OLS R2= 

0.116 

Notes. Results for the Panel II, i.e. trading individuals are excluded. Dependent variable: 

Stock market participation. Bootstrapped standard errors in parentheses for probit 

regressions and cluster robust standard errors at municipality level for OLS. Significance 

levels:  ***p<0.01 **p<0.05 *p<0.10. 
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Table A5: Average trust level in friends and family 

 

(1)    Non-

European  

origin 

(2)   European 

origin 

Test of 

equal 

effects 

Variable 
Coefficient 

(OLS) 

Coefficient 

(OLS) 

Test statistic 

(Prob > chi2) 

Trust level*Mother, lagged portfolio outcome 
0.002 

(0.007) 

0.005*** 

(0.001) 
. 

Trust level*Father, lagged portfolio outcome 
0.003 

(0.006) 

0.003*** 

(0.001) 
. 

Trust level*Partner, lagged portfolio outcome 
0.007** 

(0.003) 

0.007*** 

(0.0004) 

0.00 

(0.9973) 

Trust level*Community proportion of positive  portfolio 

outcomes 

0.053*** 

(0.020) 

0.036*** 

(0.013) 

1.54 

(0.2143) 

Trust level *Community proportion of negative portfolio 

outcomes 

0.019 

(0.030) 

-0.002 

(0.017) 
. 

Individual controls Y  

Partner and parental controls Y  

Community fixed effects Y  

Community controls Y  

Time fixed effects Y  

Memo 
N= 366,897, n= 88,730, OLS 

R2= 0.108 
 

Notes. Dependent variable: Stock market participation. Results for interaction variables for people with Non-European 

and European origin, respectively. Portfolio outcomes are interacted with average yearly trust level in people you know 

personally. Information of yearly trust level in ones neighborhood (1-7) is collected from World Surveys (WVS) for 

1999-2008. (1): Interaction results for people with Non-European origin. (2): Interaction results for people with 

European origin. Cluster robust standard errors at municipality level in parentheses. Significance levels:  ***p<0.01 

**p<0.05 *p<0.10. 
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Table A6: Variable definitions  

Variable Variable definition 

Dependent  
Stock market participation 1=participate in stock market, 0=otherwise 

Controls  
Disposable income Yearly disposable income, hundreds of SEK 

Gender Gender, 1=female, 0=male 

Educational attainment Educational attainment, (level 1-7) 
Education within business 

administration/economics 

1=Education within economics or business administration  (upper secondary and/or higher 

education) 

Children, age 0-3 Nr of children, age 0-3 
Children, age 4-6 Nr of children, age 4-6 

Children, age 7-10 Nr of children, age 7-10 

Children, age 11 or older Nr of children, age 11 or older 

Mutual funds 1=participate in mutual fund market, 0=otherwise 

Net wealth Net wealth, hundreds of SEK 

Married 1= if married, 0=otherwise 

Equal relationship 
Indicator variable for equal partners, i.e. relative income is between 0.9-1.1. 1= if equal 

partners, 0=otherwise. 

Low financial literacy 1= Low financial literates are those with 9 years of schooling or less.  0=otherwise 

Medium financial literacy 

1=Medium financial literates are individuals with more than 9 years of schooling and those that 

do not have at least 3 years of university education within economics and/or business 
administration. 0=otherwise 

High financial literacy 
1=high financial literates are those individuals with at least 3 years of university education 

within economics and/or business administration. 0=otherwise 
Partner, income Partners’ yearly disposable income, hundreds of SEK 

Mother, salary Mother, average yearly salary during individuals’ adolescence, hundreds of SEK 

Father, salary  Father, average yearly salary during individuals’ adolescence, hundreds of SEK 
Mother, capital income Mother, 1= received capital income during individuals’ adolescence, 0=otherwise 

Father, captial income Father, 1= received capital income during individuals’ adolescence, 0=otherwise 

Mother, lagged portfolio outcome Stock portfolio outcome of mother between time period t-2 and t-1, raw ratio 
Father, lagged portfolio outcome Stock portfolio outcome of father between time period t-2 and t-1, raw ratio 

Partner, lagged portfolio outcome Stock portfolio outcome of partner between time period t-2 and t-1, raw ratio 

Community proportion of positive 
portfolio outcome 

Community, log share of community inhabitants with a positive stock portfolio change between 
t-2 and t-1 

Community proportion of negative 

portfolio outcome 

Community, log share of community inhabitants with a negative stock portfolio change 

between t-2 and t-1 
Community average disposable income Community, average disposable income,  hundreds of SEK 

Community proportion with high 

educational level 
Community, share of highly educated individuals, raw ratio 

Lagged community proportion 

participating in the stock market 
Community, share of community inhabitants that participate in the stock market 

Community proportion working in sector 1 Community, proportion  working within sector 1 (farming, hunting) 
Community proportion working in sector 2 Community, proportion  working within sector 2  (forestry and service to forestry) 

Community proportion working in sector 3 Community, proportion working within sector 3 (manufacturing of electric and optics products) 

Community proportion working in sector 4 Community, proportion working within sector 4 (electricity, gas, heating and water supply) 

Community proportion working in sector 5 
Community, proportion working within sector 5 (wholesale trade and retail, reparation of 

vehicles, and other personal equipment) 

Community proportion working in sector 6 Community, proportion working within sector 6 (transportation, storage and communication) 
Community proportion working in sector 7 Community, proportion working within sector 7 (real estate and renting, business service) 

Community proportion working in sector 8 Community, proportion working within sector 8 (education) 

Community proportion working in sector 9 Community, proportion working within sector 9 (societal and personal service) 

Community proportion with low trust 
Community, proportion of individuals which are experiencing low trust in their surrounding 

community 

Lagged mean portfolio outcome Aggregated average portfolio outcome based on the whole sample 

 

 


